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Foreword

An essential part of a textbook are the exercises that accompany each
chapter. It is impossible to master the material of a new topic without
consulting some of the problems. The student, scholar, researcher may
just glance at them to see how they tie up with the text, or figure out an
approach, or see if she knows the solution, or sketch a proof, or solve some
problem completely — all according to her previous background knowledge
and degree of interest in the particular topic.

While writing “Scheduling and Control of Queueing Netowrks” I have
solved most of the exercises, as an integral part of writing the text, and in
this solution manual I have included solutions to all of them. The purpose
of this manual is not to teach the solutions, but rather to serve as an aid for
the reader in solving the problems on his own. The reader may find that the
style and level of the solutions is somewhat uneven — I solved some easy
problems at great length and am more terse on some other, possibly harder,
problems. Also, I was less careful in the writing, the student may find many
typos and slight errors, which I hope she will ignore. Furthermore, the
reader may find that I am completely wrong on some of the problems, or
even better, find a new shorter, easier, or more insightful solution to some.
I will be most happy to incorporate and acknowledge such contributions in
revising this manual.

Many of the exercises are extensions of the material in the text. For exer-
cises which require more work, in particular when an exercise summarizes
the results of an entire research paper, a reference is given at the end of the
problem formulation in the text. For a few of these exercises I do not pro-
vide the solution here, and the student will then have to consult the original
research paper.

Enjoy!

Gideon Weiss,

Haifa and San Mateo, September 2021
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The Single Queue






1.1

1.2

1.3

Queues and their Simulations, Birth and
Death Queues

Exercises

Use Excel to simulate the following 2 queueing systems, using the same
pattern as in example (1.1):
(1) A single queue with two servers. Arrivals are Poisson rate 0.2, service
is exponential with mean m = 8.
(ii)) Two servers in tandem. Arrivals are Poisson rate 0.25, each arrival
visits server 1 and then server 2. Service requirements are exponential,
with average m = 3
Find an analog to Lindley’s equation for M servers, under FCFS service.
Solution:
Define a vector V,, = (Vy,.1, ..., Vu ) to be the vector of remaining work-
loads on the M servers just before the arrival time of customer n at time A,;,
ordered so that V,, 1 < ... <V, p. This means that all the M servers will
complete the work that arrived before customer 7, under FCFS policy, at the
times (V.1 +An, Vo +An, - .., Vaur + Ay). Notice that the workload vector
is ordered from small to large, so V,, x is not necessarily on machine k.
If customer 7 requires service for a duration X,,, and customer » + 1 arrives
after interarrival time T, = A,4+1 — A,, then:

Visl = R(Vy +eX, — i),

where: e = (1,0,...,0),i=(1,1,...,1) and R(-) is the operator that returns
its arguments sorted from smallest to largest.
Derive the waiting and sojourn times for customers in a stationary M/M/s

queue.
Solution:
Let arrival rate be A, each server has processing rate y, and denote p = %

A\ 1

pi= (—) —po, i=0,...,5—-1,
ul g
k K k
A AV 1 (A
Ps+k = (_) Ps = (_) o (_) po, k=01, 5
Sy w) st \su



Queues and their Simulations, Birth and Death Queues

and ne needs to calculate numerically the value of py,

s—1 J s
A\ 1 ANV 1 s
w2 ) 7 G)
S\ j! ul o stsu—2

Then one has, expected number of busy servers:

o)

S Pl Pl
B = Zmln(l,S)Pi = Z —pi-1 = —,
P M M

i=1
where the second equality holds term by term, as is easily checked.
Probability that a customer has to wait:

S SH Ps
Iy = Zps+k =pPs—— S =7 —»
— su—4 1-p

expected number of waiting customers:

Ly = Z kpsik = PsP =Iw P s
k=0

(1-p)? l-p

and expected waiting time (by Little’s law), number in system, and sojourn
time:

Wy=Lg/d, L=Ly+B, W=L/A=W,+1/u.

Calculate the average number of busy servers in an M/M/K/K queue.
Solution:
Using similar calculations to Exercise[L.3]one obtains

A
B=(1-pg)—.
u

A taxi rank is modeled as follows:

- The rank has space for waiting taxis and for waiting passengers

- Maximal number of taxis in the rank: 2

- Maximal number of passengers in the rank: 3

- Taxis arrive in a Poisson stream of rate 4 = 1/6 cabs per minute.

- Passengers arrive in a Poisson stream of rate 4 = 1/8 passengers per
minute.

- A passenger that arrives when there are cabs in the rank leaves immediately
with a cab. If there is no cab he joins the queue of waiting customers if
there is space for waiting, otherwise he leaves without service.

- A cabthat arrives when there are passengers at the rank leaves immediately
with a passenger. If there are no passengers the cab joins the queue of other
cabs, if there is space in the rank, otherwise It leaves without a passenger.

Suggest a Birth and Death description of this system, and calculate the

following:
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Exercises 7

(i) Make a diagram of states and of the transition rates.

(i) Calculate the stationary distribution of the state of the system. In par-
ticular, the probability that the rank is empty, has 1 or 2 or 3 passengers,
or has 1 or 2 cabs.

(iii) What fraction of the passengers depart with a cab immediately.

(iv) What fraction of the passengers do not receive service.

(v) What is the distribution of the waiting time of passengers that receive
service.

Solution:

Define state of the system as Q(¢) = x, x = =2,-1,0,1,2,3 where x > 0
is number of waiting passengers, x < 0 is number of waiting taxi cabs, and
x = 0is empty rank. Q(7) is a birth and death process.

A K machines, M repairmen queueing system: A workshop has a total of K
machines, with operating time between failures (MTBF) exponential with
rate . When a machine fails it needs service by a repairman for exponential
rate u repair time. There are M < K repairmen. Describe this system as a
birth and death queue, illustrate its state and transition rates diagram, and
derive its stationary behavior. Performance measures for this system are the
fraction of time that machines are operational, and the fraction of time that
each repairman is busy. For /A = 4, prepare a table of these two performance
measures for K =3,...,7and M =1,... K.

Solution:

The K machine M repairmen states and transition rates for Q(¢), the number
of machines that are down, are illustrated by:

KA (K-DA (K-2)A4 24 A
N
Q@) @ ¢ 2 K &
uoo2u MU MU MU
A, = (K —n)A,
. . . nyu, n<M,
Birth and death rates for K-machines M-repairmen  y, = My, n>M

n=0,1,2,...,K.

These can be used to calculate the stationary distribution of Q(r), that is
e =P(Q(t) = k).

Fraction of time that machine is operational is K — E(Q(?))/K.

The number of busy repairman is R(¢) = max(M, Q(¢)), and the fraction of
time that each repairman is busy is E(R(t))/M.
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For example, if K = 5 and M = 2, the probabilities for k machines down are:

k 0 1 2 3 4 5
P(k) 031 0.39 0.20 0.074 0.018 0.0023

Table of machine and repairmen utilization:

K M 1 2 3 4 5 6 7
3 utilization K 0.732 0.797 0.800 0 0 0 0
utilization M 0.549 0.299 0.200 0 0 0 0
4 utilization K 0.689 0.791 0.800 0.800 0 0 0
utilization M 0.689 0.395 0.267 0.200 0 0 0
5 utilization K 0.641 0.781 0.798 0.800 0.800 0 0
utilization M 0.801 0.488 0.333 0.250 0.200 0 0

6 utilization K 0.589 0.769 0.796 0.800 0.800 0.800 0
utilization M 0.883 0.576 0.398 0.300 0.240 0.200 0

7 utilization K  0.536 0.753 0.793 0.799 0.800 0.800 0.800
utilizationM  0.937 0.658 0.463 0.350 0.280 0.233 0.200

1.7 A gas station is modeled as follows:

- There are two pumps, and space for a total of 4 cars.

- Cars arrive in a Poisson stream of rate 4 = 20 cars per Hour.

- Time to fill up at the pump is exponential with mean 10 minutes.
- A car that finds the station full leaves without service

Suggest a Birth and Death description of this system, and calculate the
following:
(i) Make a diagram of states and of the transition rates.
(ii) Calculate the stationary distribution of the state of the system.
(iii) What fraction of the cars are lost ?
(iv) What is the distribution of the sojourn time of cars that receive service,
and what is its average.
Solution:
(i) The states are k = 0, 1, 2, 3, 4 the number of cars in the station

20 20 20 20
6 12 12 12

. _ 27 _ 45 _ 75 _ 125
(ii) p1 =373 P2 = 3735 P3= 373> P4 = 375+
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1.9

Exercises 9

(iii) Lost are py = 12 ~ 1/3.
(iv) Waiting time is 0 with probability p +p2 = 27722, Exp(6) with probability
p3 and Erlang(2,6) with probability p4. Average waitis: O+ p3 S5+ pg 10 =
% = 6 minutes.
For the gas station of the previous example, simulate the system (you can use
excel or any other code) under the following alternative sets of conditions:

(i) The fill up time is exponential with mean 10.

(ii) The fill up time is distributed uniformly with mean ~ U (8, 12).
In either case simulate the system for 1100 cars, discard the first 100, and
present the following analysis of the results:

(i) What is the fraction of cars that abandon without service.

(ii)) What is the mean and standard deviation of the sojourn time of cars

that get service.

(iii) Plot a histogram of the sojourn times.
A queue with abandonments: In a single server queue customers arrive at rate
A, service is at rate y, but customers have patience with mean 1/6 and leave
the system without service (abandon, or renege) if their waiting time exceeds
their patience. Assume Poisson arrivals, and exponential service and patience
times. Present this as a Markovian birth and death queue, and calculate its
stationary distribution, and the average waiting time of customers that get
served.

Solution:
A A A A //_”t\
VAAD QR

u  u+6 u+26 u+n-160 u+néb

The stationary distribution is:

2 A
Tp = o _
" B/H(J—I)G

The average queue length:
(o) n /1
E(Q(0)) =m0 —
;) g p+ (-1
and by Little’s law,
E(Sojourn) = E(Q(c0)) / 1

1.10 A queue with balking: In a single server queue customers arrive at rate A,

service is at rate u, but a customer that sees a queue of n customers in the
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system only joins the queue with probability p” (otherwise he balks). Assume
Poisson arrivals, and exponential service times. Present this as a Markovian
birth and death queue, and calculate its stationary distribution, the fraction
of customers that balk, and the average waiting time of customers that join

the queue.
Solution:
A Ap  ap?
(o) (1) Qte co .
Lo u

© "
P(balk) = m Z (—) p D2 (1 - pny.
n=1 H
The Israeli queue: This describes a typical scenario in a queue for cinema
tickets in Israel on the weekend in the 1950’s. In a small country any two
people know each other with probability p. When a person arrives at an
M/M/1 queue he scans the customers waiting in queue from first to last and
joins with the longest waiting customer, to be served jointly with him (at no
extra service time), or if he does not find one he joins the end of the queue.
Assume Poisson arrivals at rate A, exponential service at rate u. Present this as
a Markovian birth and death queue, and calculate the stationary distribution
of the queue length, the percentage of customers that find an acquaintance to
join, and the distribution of the waiting time.
Solution:
The transition rates for this model are:

From these we obtain the stationary distribution:

A n
Ty = Mo (—) (1-p)"n=brz,
u

Note that it decays much faster the geometric.
To calculate the waiting time we recall that by PASTA arrivals see time aver-
age, so an arriving customer will see n people in the queue with probability
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Exercises 11

7. If the queue is empty his sojourn is Exp(u) If there are n in the queue
on his arrival he will join in place k with probability (1 — p)*~!p and his
sojourn will be Exp(u)** (convolution of k exponentials), i.e. Erlang(y, k).
Conditional on 7 in the system:

n B kxk—l _
@) = Y p(1 = pr e e,
& (k=1)!

and
fwx) = ﬂ'Olue_'uX + Z ﬂ'anln(x)-
n=1

(*) A queue with vacations: In an M/M/1 queue the server goes on a vacation
of duration ~ Exp(#) whenever the queue becomes empty. Describe the queue
length for this system as a Markov chain, and find its stationary distribution
[Servi and Finn|(2002)].

Solution:

This is not a birth and death queue. The states and transitions can be repre-
sented in two ways:

Transition probabilities from the beginning to the end of a vacation are

__0 (Y
Pon =70 \1va/

In the two row transition diagram, the top line is the state of the queue during
vacation time.



12

Queues and their Simulations, Birth and Death Queues

It can be shown (see |Servi and Finn (2002)) that the stationary distribution
is:

plae) =) =v(1- )G+ 0 -n(1- 255) (%)

where y = ——.
A+0—-pu

Note that when @ > y — Atheny > 1 and (1 —y) <0, and when 6 < pu — A
then y < Oand (1 —y) > 1. When 6 = u — A, the stationary distribution is

n
- (- 2)(2a
just that of M/M/1: (1 #)(#) .

In the derivation one obtains the generating function of the stationary distri-
bution:

1-4 _ 4
P(z) = /{‘%
l—pzl—mz

which is product of the generating functions of two geometric distributions,
so the queue length itself is the sum of two independent geometric random
variables. The first is the queue length of the M/M/1 without vacations, and
the second is the number of arrivals during the vacation.

This is a special case of the decomposition property for queues with vacations,
that occurs for various more general single server models with vacations, see
Doshil(1986).
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The M/G/1 Queue

Exercises

2.1  Take Figure 2.4 and, similar to Figure 2.5, plot the contributions to workload
of each job under preemptive LCFS, and under PS (for the latter assume that
Q(0) =2, with equal processing times for both.
Solution
The figure for LCFS-preemptive and for PS are:

w(1)
A

LCFS Preemptive

X X
X3\
Previous
b 12 I3 4
W(t}k
PS
| X X X; 5

X ) 4

h Iy ty I I t
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The M/G/1 Queue

Prove that the renewal function satisfies m(t) < oo for all ¢ > 0, that A(r) <
oo for all ¢+ > 0, and that m(¢) — oo, as well as A(t) — oo almost surely, as
t — oo,

Solution

By P(T,, = 0) < 1 there is an x¢ and pg such that P(7,, > x¢) > po. Define

7o 0 ifT, <xg
ne xo ifT, > xo

and let A(r) be the renewal process formed by 7,,, with renewal function

m(t). Then T, < T, n = 1,2,..., and A(t) = A1), t = 0. But m(r) =

LOI_XL0 + 1] < o0, hence m(t) < oo and so also P(A(t) < c0) = 1.

Iflim; e A(t, w) = K < oo then there exists n < K such that 7,, = oo, which

has probability 0. Hence P(lim;_,o, A(?, w) = co0) = 1, which also implies

lim; o m(t) = 0.

Derive the following steps towards the proof of the elementary renewal

theorem, by the use of Wald’s equation:

(1) Show that A() + 1 is a stopping time for the sequence 7,,, n = 1,2,.. .,
while A(t) is not.
(ii) Use Wald’s equation to calculate E(A #(;)+1) and obtain a lower bound

onm(t)/t.

(iii) Obtain an upper bound for bounded 7},, and prove the theorem for
bounded 7,,.

(iv) Consider the renewal process with truncated inter-event times T, =
min(7,, a), to upper bound m(z)/¢t, and complete the proof.

Solution

(1) A(t) + 1 is a stopping time for 77, T», . . .: once we see that A, <t < A,

we know that A(f) = n—1and so A(¢)+1 = n. Hence, A(z) + 1 is determined

by T1, ..., Ta()+1 as required.

A(t) is not a stopping time: if we observe A, < t all we know is that

A(t) > n, but we need to observe more than A,, to determine A(t) = n.

(ii) By Wald’s identity,

E(A )=E ﬂ%‘HT _B(A) + DET,) = MO+
A()+1) = - nl|= n) = 4 5

but: Az, <t < Azm()+1,and we can write A 741 =t +Y (¢), where Y (1)
is the remaining time of 77 ;)41 from # to A #(;)+1 (excess time). So

(m(1) + 1)/, =1 +E(Y (1)),

or:

m() _ pEY@0) 1
=u+ R
1t 1 t
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Exercises 15

Because Y (1) > 0, we have @ > u-— % and so we have alower bound:

and in the limit:

Which completes the proof for bounded 7,.
(iv) For general Ty, consider the renewal process A(t) formed by T, =
min(b, T,,), with renewal function #7i(¢). Then T}, < T},, so A(r) < A(¢), and
we get:

(1) m() _ 1

m
<lim — <1 = )
K = T T B(min(b, 7))

which holds for any b. Letting b — oo completes the proof.

Derive the following steps towards the proof of the elementary renewal

theorem, by showing that A(¢)/t, t > 0 are uniformly integrable:

(i) Obtain a random variable 7}, with values O or a that is less or equal to
Ty.

(i) Calculate the renewal function of the renewal process ﬁ((t) of Ty, to
show it is bounded above by ¢ + o2, for some constant ¢y, ¢3.

(iii) Use Markov’s (Chebyshev’s) inequality to show that for all r > 1,
P(A()/t > x) < % and therefore A(r)/t, t > 0 are uniformly
integrable to complete the proof.

Solution

(i) Choose a such that 0 < F(a) < 1, define a sequence of truncated, smaller,

random variables T, = al(T, > a), and let A(¢) be the corresponding

renewal process, with renewal function 7 (t).

(ii) A () has batch arrivals occurring at times which are multiples of a, and

the batches are i.i.d. of sizes K ~Geometric, with parameter p = 1 — F(a).

L¢/a]
A <A = ) K;.
j=1

J
We estimate A (¢), sum of i.i.d. geometric random variables.

E(A®) = [1/a]E(K),  Var(A(1)) = |t/a|Var(K),

E(A(1)?) = (Lt/a]B(K))* + [t/a|Var(K) = c1t + car*.
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2.5

2.6

The M/G/1 Queue
(iii) We now use Markov’s (Chebyshev’s) inequality:

P(A(1)/t > x) <P(A(1)/t > x) = ]P((ﬁ[(t)/t)2 > x?)
7 2
S%S#, c=ci+cy, t=>1,

which shows that A(t), ¢ > 0 are uniformly integrable. Therefore
tlim m(t)/t = tlim E(A()/t) = E(tlim A()]1) = p.

Prove the renewal reward theorem.
Solution
(1) We write:

cty AW I Cu E(Cy)
r 1 Al ET) “¥

by the elementary renewal theorem and by the SLLN.

(ii) Consider C(1)/r < Y (1) = L 3V |C, . Recall that A1) + 1 is a
stopping time for the sequence (7,,, Cpp)n=12....

E(ICal)

E(Tw)

B (1)) = TB(AW) + DE(Ca)

by Wald’s equation and the elementary renewal theorem. In particular, this
implies that Y (¢), ¢ > 0 are uniformly integrable, and this implies also that
C(t)/t, t > 0 are uniformly integrable, and so

. c(t) _ 5 E(C(1) _
m = um —[ =

t—oo f t—0o0

E 1im S _ E(Cn)

im — = ——.

im0 f E(T,)

Obtain the conditional probability P(Excess> y | Age= x), and use it to derive
the joint distribution of age and excess.

Solution

Theorem: In the stationary renewal process with interval distribution F,
p-d.f. f and expected value 1/, the joint p.d.f. of age A(t) and excess Y (t)
is: fay (x,y) = uf(x+y).

Proof We calculate first P(Y(¢) > y | A(t) = x):
PY(r) > y[A@t) =x) =
= P( no renewals in (x,x +y) | A(¢) =x)

= P( no renewals in (x,x +y) | no renewals in (0, x) )

P( Interval exceeds x + y ) /P( interval exceeds x )
_1=-F(x+y)
T 1-F(x)

But for a stationary renewal process, the p.d.f. of A(7) is fa(x) = u(1-F(x)).
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29

Exercises 17

Hence the joint probability/density that Y () > y and A(¢) = x is
1-F(x+y)
1 -F(x)

and taking derivative with respect to y and reversing the sign we have:

Xp(l=F(x)) =pu(l = F(x+y)),

L1 P ) = x4 ).

Note — Sanity check: integrating w.r.t. y we get the age p.d.f. and integrating
w.r.t. x we get the excess p.d.f. O

Derive the joint distribution of age and excess directly from the renewal
reward theorem, by considering the length of time that excess > x and also
age > y, within an interval of length 7.

Solution

IP(TFwd(z) > X, Tde(t) > y)
measure of 7 € (0, ¢) that have forward recurrence > x and age > y

= tlim ;
BT -x-y)* _ C o
=T ED u/m(z x = y)dF(z)

= ,u/ (1 -F(z))dz.
x+y
Taking derivative w.r.t. x:

P(Tgwa(t) >y, Trwa(t) = x)dx = u(1 = F(x +y)),

and taking derivative w.r.t. y and reversing the sign:

Srwd,Bwa(x,y) = uf(x +y).

Prove that when you observe a stationary renewal process at an arbitrary time
t, t is uniformly distributed along the interval that includes ¢.
Solution
For the stationary distributions of age and excess, we calculate the conditional
density:

f(Age=xNExcess=z-x) uf(z) 1

Age = x|Age+E =z)= - T
f(Age = x|Age+Excess = 2) f(Interval = z) uzf(z)  z

so Age ~ Uniform(interval).

A bus arrives at your station according to a stationary renewal process, with
interarrival time distributions 7 ~ F. You arrive at some arbitrary time.
Calculate the distributions of: (1) the length of the interval in which you
arrived, (2) the time since the last bus arrived, (3) your waiting time for the
next bus, in the following cases:



18

2.10

2.11

2.12

2.13

The M/G/1 Queue

(i) Tisuniform, T ~ U(a,b),ie. fr(t) = 7=, 0<t<b.

(ii) T is exponential, T ~ exp(A), i.e. fr(t) = e, t>0.
(iti) Tis Edang 2, T ~y(2,1),ie. fr(t) = 2te™, 1> 0.
Use (2.11) to obtain the average number of customers in the queue, the
average number of customers waiting for service, and the average number of
customers at the server, for an M/G/1 queue.
Solution
Use Little’s law: Average number at the server is p = ﬁ, average number

_ 2 2
.. . »* l+c: . . .
waiting for service: AV = l/—_p ==, average number in queue is their sum.

Calculate the average waiting time for an M/G/1 system with given p, when
the service time is distributed as (i) Exp(1), (ii) Erlang(k, k), (iii) Determin-
istic =1 (iv) fx(x) = A= Le ¥/ 4 Toae .

1+a a
Note: the last distribution is a called a hyper-exponential distribution and has
a large c.o.v.
Solution:

Recall the Pollaczek—Khinchine formula: V = m l’j—p HZCE . The only part that

depends on the service time distribution is it c.0.v. Hence

(1) Exp(1): c? =1, (ii) Erlang(k, k): c? = 1/k (iii) Deterministic cf =0

(iv) Hyper-exponential: The expected value is 1. The variance is 2a —3+2/a,
hence cz =2a - 3 +2/a, which is always > 1 with the minimum for a = 1,
i.e. exponential.

Consider a stationary M/M/1 queue at an arbitrary time ¢, and calculate the
remaining length of the busy period. This will be the waiting time of a so
called standby customer, who only starts service when the queue is empty.
Solution:

A standby arrival at an arbitrary time ¢ will see the stationary workload,
w = ‘W (r) and he will then need to wait for the length of an EFSBP starting
with w, so the conditional time for his start will be %. Unconditioning by
Pollaczek-Khinchine formula will give:

v _ w P 1+c2
standby ~ 1-p - (1 _,0)2 2

In particular for M/M/1 we get: Vstandby = m(lfw
Derive the following equation for the Laplace transform of the distribution
of the length of a busy period of the M/G/1 queue:

BP*(s) = G* (s + 1 — ABP*(s)),

where G*(s), BP*(s) are the Laplace transforms of the service time distribu-
tion and the length of busy period distribution [Abate et al. (1995); |Kendall
(1964)].

Solution:

Let X be the processing time of the first customer, and N(X;) the number
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of arrivals during his service, and let BP; be the length of busy period of the
Jj th arrival during that service. Then:

BP*(5) = B(e™*PP) = E(e XL BPy)

— Exl (e—sxl EN(X]) (e*s ZjN:(]X]) BP_,'))

N (X))
= EX1 (E_SXIEN(X]) (]E (E_SBRf) l ))

= Ex, (e_SX‘]EN(Xl) (BP*(s)N<X1>))
- Ex, (e—le e—ﬂxl(l—BP*(s)))
=G"(s+1—-ABP*(s)),

where we use the non-standard notation Ex (-) = E(E(:|X)).

2.14 Derive the variance and the second moment of the length of an M/G/1 busy
period [ (Cohen| (1982), Section I1-2.2].
Solution:

Method 1

Take derivatives of the equation for the Laplace transform and solve.
Method 2

Let m, 02 be the mean and variance of the service times, and p the traffic
intensity. Denote by U? the variance of a busy period.

Condition on first customer of length x. The conditional expectation of the
busy period is ﬁ. We calculate the conditional variance, which we denote
by U2: U? = Var(x + Zj.\’:(lx) BP;) where N(x) is the number of arrivals
in x which is Poisson(Ax), and the BP; are the busy periods started by the
arrivals, which are independent. Hence

N (x) m>
U2 =Var(x+ > BP;) = /lx(Uz + —)
* JZ:; ! (1-p)?
Hence:
X m? o?
U2=E(U2)+Var(—)=p(U2+ )+ ,
X 1-p (1-p»)/)  (1-p?)
from which we get:
2, .2
Var(BP) = U? = P22
(1-p)
2, .2 X2
E(BPZ):m +o” E(X~)

(1-p3* (1-p)3*
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Derive the Laplace transform of the length of a busy period for an M/M/1
queue. Use it to obtain the p.d.f. of the length of a busy period of an M/M/1
queue.

Solution:

We need to solve:

BP*(s) = G*(s + 1 — ABP*(s)),
where G*(s) =

u

BP*(s) = ,
) = S+ 1-1BP(s)

so PB*(s) is a root of the equation
(A+ i+ 8)x = p+ Ax>.

We need the root that is < 1, so

1
BP*(s)=ﬁ(/l+y+s— \/(/l+,u+s)2—4/ly .

The probability density function of the busy period is obtained by inverting
the Laplace transform:

fep(t) = — \/— e” L (21 \[ap),

where /; is the modified Bessel function of order one:

(x/2)2k+1
1o = Z kl(k+ 1)1

The main lesson from this is that although the mean busy period equals in
length to the mean sojourn time, the distributions are very different. One can
obtain closed form expressions most performance measures of M/M/1, but
they are not always simple expressions.
Verify the derivation for the generating function of the M/G/1 embedded
Markov chain, given by equation (2.16).
Solution:
We have:

i+l

7Ti=7TOki+Z7Tjki+j—ly i=0,1,...,
j=1



2.17

2.18

Exercises 21

so we have:
oo ) oo i+]
H(Z) = Zﬂizl = Zﬂ'okizl + Z Zﬂjki—jﬂzl
i=0 i=0 i=0 j=1
1 co i+]
=noK(z) + — Z Z ﬂjzjki_j+1zl_j+]
<%0 A

1 (&9 (&9
. it
= ﬂoK(Z) + - Z ﬂjZ‘] Z ki_j.,.lzl 7t
A= i=j-1

=moK(z) + l Z 71'ij Z k7!
LA 1=0
= oK (2) + %(H(z) 1)K (2).

from which we get:

K@ -2) _(1-p)K(E)1A-2)

M@ =m0 =2 K@) -z

Prove that the equation @ = E(a®") has a unique solution in (0, 1) if and
only if 1 > mp > 0 and E(B,,) > 1.

Solution:

f(z2) =B() = PIP n;z/ satisfies f(0) = mo > 0, and f(1) = 1. Also, if
7o < 1 both f(z) and f’(z) are strictly increasing, with f’(0) = 71 < 1, and
finally, we have f’(1) = E(B,).

If E(B,) > 1 then f(x), 0 < x < 1 starts above 0, with slope < 1 and ends
at 1, with slope > 1, so it must cross the line g(x) = x at least once, and
because f’(x) is increasing it will cross no more than once, so there is a
unique solution. On the other hand, if E(B,,) < 1, then it starts at f(0) = 0,
ends at f(1) = 1 and has derivative < 1 throughout, so it cannot cross the
line g(x) = x, and there is no solution.

Use equations (2.17), (2.19), to show that M/G/1 queue has the resource
pooling property: when service is speeded up s fold, and arrivals are speeded
up s fold, the queue length distribution remains exactly the same, while
waiting and sojourn times are improved by a factor of s.

Solution:

Consider (2.17), let G " (x) be the distribution function of service time under
n speedup. Then G (x) = G(nx), and we have for the Laplace transform:

G(n)*(n/l(l ~2) :/ " 1-2)x g5 (m) (x) = / eﬂ(l—z)nxdG(nx)
0 0

=G (A(1 - 2)).
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Hence T1(z) is unchanged, i.e. the queue length distribution of the speeded
up system equals that of the original system. This immediately implies that
the waiting times are shorter by a factor of n.

Explain why the sojourn time of a job under preemptive LCFS equals the
length of a busy period. In particular, use this to explain why in the M/M/1
queue, the expected busy period equals the expected sojourn time of a cus-
tomer under any non-predictive work conserving policy.

Solution:

Clearly, the sojourn time of a customer under LCFS preemptive equals the
length of a busy period: he starts service immediately on arrival, but will not
depart until all customers arriving after him are all gone. On the other hand,
for any non-predictive policy, in the M/M/1 system, the departure process
while the server is busy is always Poisson with rate y, so looking at departures
minus arrivals in a busy period, the distribution of the total is independent
of the policy. So the expected sojourn times for M/M/1 are indeed equal to
the expected length of the busy period. Note: this is only true for M/M/1.
Note also: the sum of the sojourns is independent of the policy, but not the
individual processing times, so while expected sojourn time equals expected
busy period, the distribution of sojourn time depends on the policy.

Derive the expected length of a busy period for an M/G/1 queue with vaca-
tions, where the vacation time has distribution H.

Solution:

At the end of a vacation, there will be 0, 1, or more customers waiting, and
(assume FCFS) their processing will constitute an exceptional first service.
We include the case of 0, with a busy period of length 0 in the calculation,
i.e. we define BP as time batween two vacations. So the exceptional first
service will consist of Y = ), ;V: | X; where N is the number of arrivals during
the vacation, and X their processing times. Conditional on Y the BP will

be expected to last 1%,)* so BP = ]Ei(T);) (the remainder of BP is independent
of the exceptional first service). But, by Wald’s equation, E(Y) = E(N)m.
Furthermore, conditional on the vacation length being Z, E(N | Z) = AZ
(Poisson arrivals), and (again by Wald), E(N) = Ak where 4 is the expected

length of the vacation. So: BP = ’Vim = ]’)Th
P P
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Exercises

Prove that SPT minimizes the flowtime of a batch of N jobs scheduled on M
parallel identical machines [Lawler et al.|(1993))].

Solution:

On the M parallel machines we can put up to M jobs as last on their machines,
so that delay only themselves, up to M jobs as before last, that delay 2 jobs
each and so on. By the same argument as for a single machine, we want the
longest jobs to go last on their machines, the next longest to go second to last
and so on. But this is exactly using FCFS, starting with the shortest job, and
putting the k shortest job on the first machine that is free after scheduling
the first k — 1 jobs. See the following figure to convince yourself that jobs
are ordered from shortest to longest and are then assigned to the machines in
order 1,2, ..., M repeatedly, until all are assigned.

What is the non-preemptive schedule that will minimize the flowtime for a
batch of N jobs, on parallel machines that are working at different speeds,
S1,...,8y so that job j with processing requirement X;, performed on
machine 7 will need processing for a duration X /s; [Lawler et al.| (1993))].
Solution:

Construct the following schedule: Take the valuesof k /s; fork = 1,...,N, i =
1, ..., M as weights, and sort them from smallest to largest. Match the small-
est weights to the longest jobs. Then put each job on the machine it was
matched to in the kth to last position.

A more general problem is when job j on machine i requires processing time
X;,;. Then one can formulate the problem of scheduling the N jobs on M
machines as the following integer programming problem (it is actually an

23
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assignment problem): Find values for u; ; x such thatu; ; x = 1 indicates that
job j is scheduled on Machine 7 in the position of kth to last, such that

min 3 kX iuj ik,

s.t. Zi,kuj,i,kzl j=1,...,N,
Sjuik <1 =1, M, k=1,..N,
ik €01} i=1,....M, jk=1,...N.

This can be solved in polynomial time, by bipartite weighted matching.
The SPT-savings parameter of a distribution measures the amount by which
knowing the values of the job processing times and using SPT is better than
scheduling them in random order. For jobs with processing time distribution
G, it is defined as d€ = =22 where m is the mean, o the standard
deviation, and m ., the mean of the smaller in a sample of 2, drawn from G.
Calculate d© for the following distributions:

(i) Exponential,

(i1)) Normal,
(iii) Uniform.
Solution:
In general one needs to calculate:

i =2 / / xf (O f()dydx =2 / xf (01 = F(x))dx.

The value of d for X is the same as for (X — a)/b.
(a) For X ~ Exp(1),m =1/4,0 = 1/A and m1., = 1/22, hence:
_1/a-1/22

dgxp =~ = 1/2

(b) For X ~ N(u, o) it is the same as for Z ~ N (0, 1). The value then is:

00 00

dNormal =-m2 = -2 [ 0001 - @) =2 [ xom@w)ds

—00 —00

= \/I =0.564.
b

(c) For X ~ U(a,b) we can look at Y ~ U(0, 1), for which: m = 1/2,
o2 = 1/12, and because P(Y12 > y) = (1 — y)?, we have: m, = /01(1 -
v)2dy = 1/3, so:

1/2-1/3 _

1
dyin: = \/j =0.577.
Uniform /12 3

Consider the policy of preemptive LRPT (longest remaining processing time).
Describe how this policy works, and show that it maximizes the number of
customers in the system at all times.
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Solution:

We start on the longest, then when its remainder reaches the size of the
second longest, we work on both, splitting the server, till the remainder of
both reaches the size of the third longest and we now work on all three splitting
the server equally, and so on. By the end we will work on all N jobs splitting
the server equally between all N, and all jobs will depart simultaneously
at time X; + - + X. Since there are N jobs in the system at all times, it
maximizes the number of customers in the system at all times.

Show that in a G/G/1 queue LCFS non-preemptive maximizes the vari-
ance of the sojourn and of the waiting time among all non-predictive, non-
preemptive, work conserving policies.

Solution:

The proof follows the same ideas as in the proof of Theorem 3.7 that FCFS
maximizes the variance.

We know that in each busy period, arrivals willbe A} < Ay < --- < Ay (not
under our control) and departures willbe D; < Dy < --- < Dy, determined
by i.i.d. service times also not under our control, and so mean service time
will be independent of the policy, and all we control is the permutation in
which order we assign arrivals to the server, so as to control Z;\/: 1As;Dj
where s, ..., sy isapermutation of 1, ..., N, and we start the arriving jobs
in the order sy, ..., sy. By Hardy-Littlewood-Polya inequality this will be
maximized, and the variance of sojourn times minimized, if we use s; =
Jj, j =1,...,N. To maximize variance we should minimize Z?’: 1 AS_,.D s
which would be achieved by s; = N — j +1, j =1,..., N, but this may be
infeasible, since we may then have D;_| < As; . So we need to minimize
S A D for given Ay < Ay < --- < Ay, Dy < Dy < --- < Dy, under
the added constraint that A;, < D ;_; (where we let Do = A1). We now show
that LCFS assignment achieves that.

Assume that we have chosen an assignment that is not LCFS. Than for some
k < I, we have Ay, , A, are both < Dy_1, but A5, < A, i.e. both were
available at time D_; and we assigned the earlier arrival as the kth job, so
that it will depart at D . Then we can switch the job assignments, and because
As, < Ag, and Dy < D; we would have Ag, Dy + Ag, D < A Dy + A, Dy
We can in this way improve every feasible permutation that is not LCFS and
because there are only N! permutations, LCFS is minimizing.

In a multi-type M/G/1 queue under priority scheduling policy, show that the
longterm average amount of relevant work that a customer of type k finds on
arrival, is given by (3.4).

Solution:

By work conservation, for non-preemptive policy, the total workload for a
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busy period of Ny jobs of type k = 1,..., K consists of

T K Nk
/0 Wydr = 5" (ViaXpu+X2,/2).
k=1 j=1

Taking long term average, dividing by 7', and multiplying and dividing by
A(T), and multiplying and dividing by Ay (T):

: 2 K N,
1/T AT 1 SEX, Lam 1 &
— | Wdr =3 LR > Vi X; ko
T Jo T A(T) =4 2 4T Ar(T) 4 JkAj

so for the long time average, recalling that V; x and X; ; are independent:

W = AE(XZ)

K

+) oV,
k=1
which is the total amount of work that an arriving customer of type k sees, by
PASTA. Furthermore, the amount of work consisting of waiting customers
of type j is p j\_/j. Hence, the amount of relevant work that a customer of
priority k will see upon arrival is

koo E(X?)
ij,'+/l .

Z g 2

Jj=1

Prove by induction the formula (3.5) for waiting time of customers of type k
under priority scheduling policy.

Solution:

Clearly by Exercise 3.6} for k = 1

Vi = p1Vi + AE(X?)/2,

S0, as required,
_ AB(X?)/2
Vi= ——.

1 - pi
Consider now V,. Assume that the amount of work that he sees on arrival
is x. The he will need to wait for a time x, and in addition for all the type 1
customers that arrive in time x, and their entire busy periods of customers

of type 1. his expected wait then will be, by (2.13), x/(1 — p;). Taking the
expected value of x by Exercise[3.6

7= p1Vi + paVh + AE(X?)/2
1-p ’

or

AE(X?)/2

(1—P1—pz)V2=p1\71+/lE(X2)/2= =7
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and we showed:
_ AB(X%)/2
P -pi-p2)
Consider now customer of type k. His wait under the priority policy will be

the same as his wait under a policy that serves all customers of types j < k
using FCFS. So similar to the result for Vs,

7 = AE(X?)/2
AR PR YT R

Prove that among all priority scheduling policies for M/G/1, SEPT minimizes
the average flowtime.

Solution:

Assume priorities 1, ..., K, with average waiting times for customers of all
types given by:

Vi< < Vk.

Recall that by work conservation, Zf: 1P Vj is constant.
The average waiting time V satisfies:

K K

AV =Y 4= D iV,
Jj=1 J=1

where 1 =3 4;.

Choose types k, k + 1 and switch their priorities to get new waiting times VJ’.

and objective value V’. The switch will not affect any types except k, k + 1,

and so the difference between the objectives is

ANV =V) = i (piV{ = pcVie) + ket (0k+1 Vi — Pre1 Via).
But by work conservation,

Pk‘_/;: + ,0k+1‘71:+1 = piVic + pieat Vit
= (o Vi — paVi) = = (pks1Viyy — Pis1Vis1) > 0,
SO:
AV = V) = (ur = prs) (0 Vi = picVie)-

This is < 0 if ux < ur+1, and for any static priority policy that is not SEPT
priority, switching priorities improves the objective.

Prove the formulas (3.6) (3.7) for expected waiting times in M/G/1 queue
under non-preemptive SPT.

Solution:

Letp(x) =4 fox vdG (y). Then this is the offered load of the customers with
processing times < x. Let V (x) be the average waiting time of a customer that
requires x processing time. We refer to such a customer as an x-customer.
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We first calculate the expected amount of relevant work in the system that an
x-customer finds on arrival, under SPT. We note that it is the same amount
that he would find if we had a two type priority policy that gives priority to
y-customers with y < x over y-customers with y > x. This would then be
(see Exercise[3.7):
AE(X?)/2
1-p(x)
However, if the relevant work that he finds is y, he would then need to wait for
y plus all the work of serving to exhaustion all #-customers with # < x, i.e.
an EFSBP starting with y, which has expected value y/(1 — p(x—)). Taking
expectation over y:

AE(X?)/2
(1= p()(1=p(x=))

Finally, averaging over all customer service times we get (3.7).

V(x) =

Jobs arrive at a single server station in a Poisson stream of rate 4 = 0.1 jobs
per Unit time. The processing times of the jobs are i.i.d. uniformly distributed

~U(6,12).
(i) If no information about the processing time of the jobs is available to
the server, calculate the average waiting time per job (in steady state).

(ii) If each arriving job can be classified into one of three types, ~ U(6, 8),
~ U(8,10), or ~ U(10,12), and jobs are served according to non-
preemptive SEPT, calculate the average waiting time of each type, and
the overall average waiting time.

(iii) If the processing time of each job becomes known upon arrival, cal-
culate the average waiting time of each job, and the overall average
waiting time for non-preemptive SPT.

Solution

@)
1=0.1,
E(X) = %2 =9,
E(X?)/2 = (Var(X) + (E(X))?)/2 = (3 +81)/2 = 42,
p=AE(X)=0.1%9=009.

By Khinchine-Pollaczek formulation, average waiting time is : V= % =
84/2 _

0.17555 =42

average sojourn time is 42+9 = 51.

(i1)

pr=a[ ydG(y)=0.1%1=0233,
pr=2["ydG(y)=0.1%x3=03,
p3=a [ ydG(y)=0.1% 1 =0367,



Exercises 29

5 AEX?/2 _ _0.1x42 _
V3 = T (o) = 067401 = 20>
sojourn time; = EX; +V; =9+90=99,
= AEX?)2 _ 0042 _
Vo= (I=p1)(I—p1-p2) _ 0.767+0.467 — 11.74,
sojourn time, = EXp +V, =9+ 11.74 = 20.74,
7 _ AEX?/2 _ 0.1x42 _
V)= (pn = 0767 = 5.48,
sojourn time; = EX; +V; =9+5.48 = 14.48 .

V=1V +iV,+1V3=3574.

mean sojourn time =9+ 35.74 =44.74 .
(iii) p(x) = (x* = 36)/120, so:
AE(X?)/2 0.1%42

V(x) = = ,
() (I=p(x)* (156 —x2)/120)*

42=V(6) <V(x) < V(12) =420,
_ 2]
= 2 _— —x2 2 = £ =
V = AB(X )/2/6 6/((156 )/120)% =4.2+8.19 =344 .

mean sojourn time =9+34.4=43.4.

3.11 (%) Derive the expected sojourn time of a customer with processing time x in
a stationary M/G/1 queue under SRPT (preemptive) policy, and the expected
sojourn time over all customers [Schrage and Miller (1966)), [Wolft (1989)
Example 10-5].

Solution:

Assume service time X has distribution G that is continuous with density
g(y) and mean m. Under SRPT and this assumption, there is never more than
1 customer with remaining processing time y in the system.

Consider a customer with processing time r, we refer to him as type r. The
sojourn time of a customer of type r consists of two parts: V, is his waiting
time before he starts being served. R, is his residence time from start of
service until he leaves, which includes preemptions.

We calculate E(R,) first. Once processing starts, our type r will have re-
maining processing time going down from 7 to 0, and when his remaining
processing time reaches y he can only be preempted by jobs shorter than y,
which provide offered load p(y) = A [;” tg(¢)dt. Then:

_ [ dy
E(R’)‘/o =0
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The waiting time until start of service consists of service of all customers with
remaining service time < r that are in the system on the arrival of customer
type r, which we denote by U,, and the busy period of all arrivals of types
y < r which arrive during U, (note that this is independent of the service
policy, as long as we do not serve any customer with remaining service time
> r). Relevant to customer r is all the work in the system of customers of
processing of length < r, as well as processing amount r from all customers
of length > r. Denote X, = min(X, r) the processing time of jobs relevant to
customer r. Then:

E(X,) = /0 (1-GO)dy,  B(X3)/2= /O y(1 = G(y))dy.

Note that because we would preempt any jobs longer than r, we need to
consider work in process at the server of only E(X?) rather than E(X?). By
PASTA, using the same derivation as of Khinchine-Pollaczek formula for
M/G/1:

B(U) = A (B(UB(X,) +E(XD)/2)
The offered load of jobs with remaining processing times < r is:
r r
b= a80) =a( [ sy +x(1-6() = [ (=G0

we obtain:

AE(XY) A fy y(1=G(y))dy
200=by)  1-af (1-G())dy’

EU,) =

to this we need to add processing of arrivals of types < r during U, so the
total waiting time of customer of type r before he starts processing is:

2 " (1 - G(y))d
Bv,) = AE(X2) _ [ y( (y)dy

200600 =pr) (12 f7 (1= GONdy) (1 - 4[] ye()dy)

The expected sojourn time is then:

E(Wr) = E(Vr) + E(Rr)7

and the average sojourn time over all the customers is:

E(W) = /0 B(W,)g(r)dr.

In an M/G/1 queue, under what conditions should one use preemptions or
processor splitting to shorten the expected sojourn time.

Solution:

When G has decreasing hazard rate (DHR or DFR decreasing failure rate).
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The proof is by using the Gittins index theorem, when we allow any preemp-
tive policy: For IFR we should not use any splitting, since any job we start
will immediately be better than all others, while for DFR any job we start
should be preempted as soon as possible which proves that PS is optimal for
DFR.

Prove the optimality of Smith’s rule for minimizing flow time of a batch of
N deterministic jobs, using the analogs of the three proofs for optimality of
SPT for flowtime.

Solution:

(a) Pairwise interchange: If we exchange jobs k and k + 1 in the sequence,
the new order minus old will be A = CyXg+1 — Cis1 X Which is < 0 if
Xist o Xk

Ty < G- soany non-Smith-rule pair should be interchanged.

(b) The total cost can be written in two ways:

k N N

N
v=> G X=X ) Ci,
k=1 j=1 j=1  k=j

however, this does not indicate immediately that Smith rule is optimal.

(c) We write total cost as sum of delays, with d; the indicator that jobe k is

scheduled before job I:

N

V= Z Cka + Z (5k,1Cle,

k=1 k#l

from which we see that for every pair it is best to have k before [ if Cx X; <
C; Xy which is Smith rule.
Show that Smith rule minimizes expected weighted flowtime for stochastic
jobs, where priority is given to jobs with the smallest value of E(X;)/E(C})
where (X;,C;), j = 1,...,N are N independent two dimensional random
variables.
Solution:
With the same comparison as in Exercise we get for the expectation
that k should be before / if

E(Ci X)) = E(COE(X)) < E(CXy) = E(CHE(Xy),

where we used the fact that the duration and cost of job k are independent
of those of job . So priority should be given to small E(Cy)/E(X;) which
is Smith’s rule applied to the expected values. Note, X, Cx need not be
independent.

Show that the "cu" rule minimizes expected weighted flowtime among all
static priority policies for M/G/1 with K customer types.

Solution:

We proceed as in Exercise Consider static priority order k before [ if
k < I, fortypes 1, ..., K. Denote by V the overall average cost per customer,
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and by Vj the average waiting time for type j. Use primes to denote quantities
for the policy where we switch the priorities of type k and k + 1. We have:

K
V:Zﬁc.v.
P 1 Jrie

then the difference in costs will satiisfy:
AV = V) = crpur(piV{ = piVie) + cret Hicet (Pk+1 Vg = Pre1 Vice1)-
By work conservation, as in Exercise[3.8]
iV = piVi = =(pks1 V{1 = Pr+1Vies1) > 0.
so:
AV =V) = (cxpr — Caipties1) (P Vi — px Vi)

which is negative if cx g < Ci+1Mk+1, SO We should give priority to large cu
(costly and short over cheap and long).
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Explain the difference between the sequence v, = maxo<;<n Z;‘:_jl (X; =T
and the sequence: v, 00™" = max_,<;<0 Zi_:lj (X;-T;),n=0,1,2,...,which
is used in the Loynes construction.

Solution: While v,, give the value of the waiting time of customer n when
starting from vo = 0, so for each n it relates to a different customer. In
contrast, the sequence v, o =" give an approximation to the waiting time of
customer 0, for every n.

Furthermore, the sequence v, o 67" is non-decreasing in n, because from
n to n + 1 all that changes is adding another term to the maximization, but
retaining all the previous terms, whereas in the sequence v,,, going from » to
n + 1 all the terms in the maximization change, with the addition of X,, — T,
which may be positive or negative, and so the sequence is not monotone in n.
Explain why the sequence V" is stationary, and verify that it satisfies Lindley’s
equation.

Solution: V" = sup i<n Zl'-’:‘jl(Xi — T;) expresses V" as a function of the
stationary sequence (X;,T;), —co < j < oco. It is then seen immediately that

n—1
vl = (supZ(Xi ~T))
J

JEni=j

0cf=V"00.

Because the distribution of the sequence (X;,7;), —co < j < oo is invariant
under 6, the distribution of V" is also invariant under 6.

vl = sup (X - Th)

Jj<n+l i=)

n-1

Z(Xi - T,) + (Xn - Tn)

i=j

,0

= max [sup
j<n

=max (V" + (X, — T),0) = (V" + (X, - Tp))",

where we use the convention that summation over empty range is 0.
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Use a Loynes type construction to show that the waiting time V,, process for
G/G/s is stable if p = A/su < 1 and unstable if p > 1. As before, assume
that (7, X,,) are a stationary sequence satisfying SLLN. Use the recursion
relation analogous to the Lindley’s equation for V,, (see Exercise 1.2) [Loynes
(1962); [Kiefer and Wolfowitz (1955); Brandt et al. (1990) page 165].
Solution:
Assume to start with that the system is empty at time —r. We define as in
Exercise 1.2, the ordered vector of workloads found by customer » on arrival,
as Vi = (Vy ..., V; ). Then we have a recursion for V;;:

Vi = f(Vi Xus T) = [R(Vy + e1X0) = eanTw)|”

n+l =

wheree; = (1,0,...,0), eqn = (1,...,1)7, and R is the operator that orders
the vector from small to large.

We note first that £ (V, x, r) is non-negative and it is monotone non-decreasing
in V: increasing any coordinate of V will cause all components of f(V,x, 1)
to increase (or stay the same). Therefore, V&. is non-decreasing in r for
j =1,...,s for every sample path. It follows that as we let r — oo, V&J.
converges to a limit V(‘)’f’j < o0. So far this is very similar to the single server
case.

However, we have not yet excluded the possibility that some components
of Vor’j converge to a finite limit while other components diverge. We show
now that this is cannot be. Consider G/G/s starting at time 0 with some
initial values of Vy. Let U, = X, — sT,, it is a scalar stationary ergodic
sequence. Denote Zx = ijl xj. We now look at the scalar sequence b,, =
Vi,s — ZVp, it is the sum of the differences between the largest V,, ; and the
other components. Then:

if X, < Vs —Vu1then by < by, — Xy,
if Xp > Vs —Vaithen by < (s = DX,
hence b,+1 < max(b, — X,,, (s — 1)X,,).

Letnow ¢, = b, — (s — 1)X,,, and let D,, = (s — 1) X,,—; — X,,, then:
Cn+l < (Cn +Dn)+

The recursion W,1; = (W,, + D,,)* is exactly the recursion for G/G/1 with
E(D,) < 0, so it has a unique stationary solution W,,, n € Z, and clearly
for any initial value ¢y = Wy, ¢,, < W,, will not diverge, and hence also b,
cannot diverge.

We have therefore shown that components of V,, either all of them diverge to
infinity, or they all of them do not diverge.

We return to the recursion, V,,,1 = [R(V,,+X,.e;—T,eq)]*, and the definition
U, = X,, — sT,. We then have: XV,,,; > [V, + U,]*. Using the result for
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G/G1,if E(U,) > 0 then we have that XV,, diverges for any initial conditions,
i.e. if p > 1 the G/G/s is unstable.

We now assume that p < 1, i.e. E(X, — sT,) < 0. We will show that
in that case P(lim, o Vj; < o) = 1. The events {lim, o Vj < oo}
and {lim, . Vj, = oo} are tail evants, so by ergodicity of (X, T, their
probability is either O or 1.

We use:
E(V5-VI) =BV -V H+EWV ' -v) =BV -V]) < 0. (%)
and
S S
DIV =+ Xo-To) + Y (Vi — To)*
j=1 j=2
S S
= > Vo= Ve A (T =Xo)+ D (Ve ATh)
Jj=1 j=2

To get that:

S
E|Voy A (To - Xo)+ ) (Vi ; ATo)| 0.
j=2

Now, if IP’(V&l — o0) = 1 then of course also ]P’(Zj:2 V,rl — o0) = 1, and
then the expression in the square parentheses is a.s. equal to 57y — Xo and so
divergence of V| implies E(sTy — Xp) < 0, which contradicts p < 1. This
proves that p < 1 implies V(‘)’:’l < oo0.

Show that the sequence of waiting time vectors for G/G/s, obtained by the
Loynes construction, is minimal in some sense. What else is needed to show
that it is unique ?

Solution:

It can now be shown exactly like the single server case that this sequence is
minimal among all stationary sequences that satisfy the generalized Lindley
equation.

To show that it is unique one would need to show that starting at O at some
time —r, the vector V}; is sure to reach O for some n. However this is not the
case, as the next example shows.

Consider the following sequences: a,, = 1, by, = 2, bopyp = 3/2, —00 <
n < oo, Let a G/G/2 system have interarrivals {T,, = a;}-co<n<co, and
sequence of service times with probability % givenby { X, = by }—co<n<co, and
with probability % given by {X;, = byi1}-co<n<eo. Show that the stationary
sequence of waiting times for this system is not unique. Explain why.
Solution:

let d € (1,3/2). Then the sequence V,, = (0,d), Vi1 = (1/2,1 — d) with
probability half and V,, = (1/2, 1 —-d), V41 = (0, d) wth probability half is a
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stationary sequence that satisfies the recursion, for every 1 < d < 3/2. This
is illustrated by the following figure:

The main point here is that this is different from the single server case. For a
single server queue, p < 1 implies that the queue is repeatedly empty for a
whole time interval. With many servers this is not the case, here p < 1 but
the queue is never empty.
Note that in this example, the successive processing times are not i.i.d., X;,
and X, have the same distribution, but they are not independent: X, is
completely determined by X,,.
LetY; = 1orY; = —1 with equal probabilities, and So = 0, S,, = Y1 +- - - +Y,,.
S}, is the simple symmetric random walk. The path of the random walk is at
(¢, k) if it is in position k at time ¢, i.e. S; = k.
(1) Let N; i be the number of paths that reach & in ¢ steps, and p; x =
P(S; = k). Calculate N, x and p; k.
(i) Prove the reflection principle: The number of paths from (g, ko) to
(t1, k1), both on the same side of the time axis, that cross or touch the
time axis equals the total number of paths from (79, —ko) to (1, k).
(iii) Prove the ballot theorem: For a > b, of all the paths with a positive and
b negative steps, show that the probability of paths where the number
of positives exceeds negatives at all times is ﬁ.
(iv) Calculate uy, = P(S,, = 0), the probability to return to O at time 2n.
(v) Show that the probability to return to O for the first time at time 2n,

fZH:P(SZn:O,Sj;ﬁO,j:I,...,Zn—l)

1 1 (20| 1
=Ugp—p — Uy = Uzy = —
e T T n— 1\ 22

(vi) Prove that the simple symmetric random walk returns to O infinitely
often.

(vii) Show that the expected time to return to O is infinite (use Stirling’s
formula).

Solution:

(i) Let p, g be the number of positive and negative steps respectively, so:

n=p+q,x=p-gq. Then: N, , = (”;q), and P(S; = x) = N, ,27" =

(p+q) (L)p a

p 2

(i1) Consider a path from (g, ko) to (t1, k1) (ko, ki > 0) that touches or

crosses the (z,0) line. Let T be the first time that it touches or crosses (¢, 0),

so (T, 0) is on the path. The number of paths from (¢, —k¢) to (7, 0) equals
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those from (7o, ko) to (7', 0). So there is a one to one mapping of paths from
(t0, ko) to (t1, k1) (ko, k1 > 0) that crosses the line (z,0) to all paths form
(to, —ko) to (T, 0).

(iii) Total number of paths: Nyip q—p = (“Zb ). Path where positives exceed
negatives go from (0,0) to (1,1) and then continue to (a + b, a — b) without
crossing or touching the (z, 0) line. Their number equals all paths from (1,1)
to (a + b,a — b), minus all paths from (-1,1) to (a + b,a — b). We get the
number of path where positives exceed negatives:

a+b-1 a+b-1 _ a+b\a-b
a-1 a "\ a Ja+b’

(iv) tzn = (%) (%)" ~ 1/ v/ by Stirling’s formula (n! ~ V27 (2)").

n

(v) We show first:

1 1
P(Sl >0,S2 >0,...,52n >0) = EP(Szn 20) = Euzn. (*)
or equaivalently:
P(S;1 #£0,8, #0,...,5, #0) =P(S2, =0) = uyy,. (%)

We write:

P(S; > 0,5 >0,...,8,>0)= ZP(SI >0,..., S5m0 > 0,8, =2r).
r=1
Each term in the sum is the probability of going from (0, 0) to (2n, 2r) with
positives exceeding negative at all steps, terms for » > n are 0. By the ballot
theorem:

2r( 2n \ __
P(S1 >0,...,5u2>0,8,=2r)= Z(Hr)z 2n

1

= ) (p2n—1,2r—l - Pzn—1,2r+1)

where it is useful to write it in this second way. It is now seen that the sum
above collapses, and we are left with: %pZn—l,l-

P(S1>0,...,80 > 0)= > B(S1 >0,...,8,=2r) = lpz,,_l,l.
r=1 2
But uy, is the probability of going from (0,0) to (1, +1), which is 1, and
then from (1,+1) to (2n,0), and the latter equals the probability of going
from (0, 0) to (2n — 1, £1), which is p2,-1,1, and we have proved (*).
It is also easy to see also that:

P(S1>0,5 >0,...,5, >0) =uy,.

Since (S; > 0S8, > 0,...,82, > 0) happens if we go from (0,0) to (1, 1)
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(probability 1/2), and then we have S; > 0,5, > 0, ..., S2,-1 > 0) which,
because 2n — 1 is odd, means S»,,_; > 0, so also S»,, > 0

We are now ready to show: f»,, = usp—2 — Uoy. fon is the probability of the
eventthat S #0,...,Sy # 0, for k = n — 1 but not for k = n, so:

Jon =P(S1#0,...,85,02#0)—P(S; #0,...,8, #0) =uy— —usy.

We also have:

2n - 2) 2 (Zn) S (2n —2)'n%4 — (2n)!

Upn—p — Uy =
=z Han (n—l n 227510

1 2n 1
= 22 = )
2n—1(n) m-1""

(vi) The state O is recurrent, i.e. state 0 is visited infinitely often since:

[oe) o0
Zon = Z(u2n—2 - u2n) =up = 1.
n=1 n=1

(vii) The state O is null recurrent, i.e. expected time to return to 0 is infinite:

> 2n (2n 5-2n
2n—1\n
n=1

(o)
Expected time ot return = Z 2nfon =

n=1

~ i n 1
p— 2n—1 +nn
Prove the formula (4.7) for the distribution of the stationary workload.
Solution:

When we observe the stationary G/G/1 queue at an arbitrary time ¢, then the
previous arrival was a time Tp,,4 earlier. At that time, independent of the
current interarrival, the last arrival had a waiting time V,, and an independent

service time X,,. So the workload at ¢ is W, L (Voo + X = Tpywa)™ where all

. D D
three components are independent. Recall that Tg,,g = Trwa = Teq

Find the average waiting time for the D/M/1 queue and compare it to the
Kingman bound.

Solution:

Solution of next Exercise shows that for heavy traffic we have:

W= 11
T1-y 1-p2

Find the average waiting time for a G/M/1 queue and compare it to the
Kingman bound.

Solution:(G/M/1 queue described in most queueing texts)

Take service exponential with rate 1, interarrivals 7;, distributed F with rate
p < 1 The stationary distribution of queue length found by an arrival at
the regeneration times of arrivals is geometric: P(Q47"Vals = k) = (1 —
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Y)¥*, k =0,1,.... It follows that the sojourn time for an arrival, given by
is the sum of rate 1 exponential service times, is (similar to calculation for
M/M/1): W = ﬁ Unfortunately, y cannot be obtained explicitly, it is the
< 1 solution of the equation:

y= [ e tare)

However, for p close to 1, we will have heavy traffic and also y close to 1.
We can then take Taylor expansion of the transform:

N e ) g
y—;)( D BT

= 1= (1= )BT + 5 (1 =B + 01 = )?)
We get:
2
0% 1oy (1-pEMD+ (-9 221 = (1 -y (- Lya 1yl 25
p P

muliplying by p, cancelling (1 — y) we get:

| | 1+ 6124
—p=0-y)—
and so the expected sojourn time is
2
1 1 l+c A

W: =~
-y 1-p 2

which is exactly what we would get from the Kingman bound.
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Theorems

Exercises

A sequence of stochastic processes Z,, converges in probability to a stochastic
process Z (written Z,, —, Z) if for any € > 0

P(d(Z,,Z) > €) —> 0, asn — oo,

Here D (-, -) isthe u.o.c. distance if Z, € Dand Z € C, oritis the J1 topology
distance if Z,, € D and Z € D.
Show that Z,, — Z a.s. implies Z, —,, Z.
Solution
Z, — Z means that except for a set O of measure zero, d(Z, (w), Z(w)) — 0.
Let

An= | J{w 1 d(Zp(0), Z(w) > €}.

mz2n

A,, is a decreasing sequence of states, and so Ae = (), An is well defined.
The probabilities of A,, are also decreasing, to P(As). We show that this is
0. Assume w is not in O. Then for some n,,, d(Z,(w), Z(w) < €) for all
n > Ny, SO w in not in A. Hence A, C O, and so P(A) = 0.
By the definition of A, we have {w : d(Z,(w), Z(w)) > €} C Ay, so:

P(d(Z,,Z) > €) <P(A,) — 0.

which completes the proof.

For a seqeunce of random variables X, and a constant ¢, show that if
X, —w c,then X,, —, c.

Solution

Convergence X, —,, ¢ implies

0 x<c

i < =
r}grgOP(Xn_x) {1 x>c

i.e. convergence of F, to F at all points except the discontinuity of F at c.
Hence, for € > 0:

P(X,—c>¢€)—0, Pc-X,>¢€)—0

42
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i.e. P(|X, — ¢| > €) — 0 which is the definition of X,, —, c.
For a sequence of stochastic processes Z,, with paths in D, and a deterministic
continuous function z, show that if Z, —,, z, then Z,, — z,1i.e. weak con-
vergence of a sequence of stochastic processes to a continuous deterministic
function implies convergence in probability.
Solution
Zn —w z means that we can construct a probability space in which Z;, is
distributed like Z,,, and in which almost surely for w, Z; (¢, w) — z(?) v.o.c.
as t — oo. Almost sure convergence implies convergence in probability, so
we have:

P( sup |Z,(t) —z(t)| > €) > 0, forany T asn — co

0<t<T

But for every n, Z, and Z, have the same distribution, and because z is
constant, the joint distributions of (Z;, z) and (Z,, z) are the same, so

P( sup |Z,(t) —z(t)| > €) = 0, forany T as n — oo,

0<t<T

which completes the proof. This works because if X, Y have the same distri-
bution, then for every constant ¢, (X, ¢) and Y, c¢) have the same distribution.
It would not work for Z(¢) non-deterministic, because (Z,, Z) may have a
different joint distribution than (Z;, Z’).
Show that the Strong Approximation Theorem 5.11, implies $" (¢) = %S (nt) =
mt, §"(t) = \n(S"(t) — mt) —,, oBM(t), i.e. the FSLLN (in probability
but not a.s.), and the FCLT for random walks.
Solution: We have, by the strong approximation theorem 5.11, assuming
existence of » > 2 moments, that we can construct copies S’(¢) of S(¢) and a
BM such that:

sup |S7(1) —=mt—o BM(t)| =as o(T'") asT — oo
0<t<T

We then have for any 7':

SUPg<pr <pr |S”(nt) —mnt — o BM (nt)]

—a5 0, asn — ooor:

(nT)I/r
1 sup, |S”(nt) —mnt — o BM(nt)|
Tlr = nl/r —as. 0, butn'/" < Vn, so:
SUPg<; <1 18" (nt) —mnt — o \InBM (1)|
— —a5. 0, asn— ocoor:
\n
sup | V(S (t) —mt) - BM(1)] > 0, asn — oo.

0<t<T

which proves the FCLT. Clearly also dividing by n will give

_ 1
sup [(S™(t) —mt) — —BM(t)| > 0, asn — oo.
0<t<T \n
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but clearly, supy, <7 |%BM(I)| — 0, so we have:

sup \(57’"(0 - mt)‘ — 0, asn— oo.
0<t<T
This implies that §” (1) —,, mt as n — oo, but since mt is a deterministic
function, by Exercise this implies that S§*(1) — p mt as n — oo, which
is a weaker version of FSLLN.
Complete the proof of the FSLLN for renewal processes.
Solution:

Proof of the FSLLN for renewal processes For X, > 0 ii.d., E(X,) = m,
S, = Z;’:l Xn, S(t) = Sy}, X(t) = max{n : S, < t}. We showed that
%S(nt) — mt a.s.. This means that for almost all sample paths, the lines
mt and %S(nt) get arbitrarily close in the sense of u.o.c. as n — oo. If we
reflect those lines around the 45° line we get the lines %X (nt) and %t. This
completes the proof. O

Prove the following result:

If Z,(t) - Z(t), and Y,,(¢) —,, y(z) where y(¢) is deterministic, then the
jointly distributed sequence (Z,(t), Y, (2)) = (Z(2), y(¢)).

Solution:

We can construct sequences of stochastic processes (Z;,,Y, ) that for every
n have the same distribution as the processes (Z,,Y,), and a stochastic
process Z’ distributed as Z, so that Z,(f,w) — Z’(t,w) u.o.c. a.s., and
Y, (t,w) — y(1) wo.c. as. Hence, (Z,(1,w),Y,(t,w)) = (Z'(t,w), y(1))
u.o.c. a.s., and the limit is the same whatever the joint distributions of the
(Z,.,Y;), because (Z'(t,w) and y(t)) are independent. This completes the
proof.
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Exercises

Prove by induction that the implicit conditions of the dynamics, the non-
negativity, and work conservation, uniquely determine the queue length pro-
cess.

Solution

We have Q(0), A(t), S(¢). While Q(¢) > 0, as time moves on d7 (1) = 0
so d7 (t) = 1, and we wait for the next arrival or departure at 7. At the
next event, if arrival, Q increases, if departure, Q decreases. If the decrease
reaches Q(t1) =0,

by the requirement that Q(#; +s) > 0 we must have d7 (¢1 +s) = 0 until next
arrival, so dJ (t; +s) = 1, and we wait for next arrival. This completes the
description.

Show that y(¢) = —inf{0,x(s) : 0 < s < ¢t} satisfies conditions (i) — (iii) of
the Skorohod reflection mapping.

Solution

(i) Lety(#) = —inf{0,x(s) : 0 < s < t}. Thenx(¢)+y(¢) = x(¢r)—inf{0, x(s) :
0<s<t}>0.

(ii) Since x(0) > 0, y(0) = 0. Clearly, inf{0,x(s) : 0 < s < ¢t} is non-
increasing in 7, so y(t) is non-decreasing

(iii) Assume that z(z) > O fora <t < b. Then x(a) > inf{0,x(s) : 0 < s <
a} = —y(a). Assume now than y(b) > y(a). Then inf{0,x(s) : 0 < s <
b} <inf{0,x(s) : 0 < s < a}andsoinf{0,x(s) : 0 < s < b} =inf{0,x(s) :
a < s < b} <0.We now have:

inf z(s)= inf (x(s)+y(s)) < inf x(s)+ inf y(s)= inf x(s)— inf x(s)=0
a<s<b a<s<b a<s<b a<s<b a<s<b a<s<b

which contrdicts z(z) > O fora <t < b.

Show that y(r) = —inf{0,x(s) : 0 < s < ¢} is the minimal function that
satisfies conditions (i) and (ii) of the Skorohod reflection mapping

Solution

Lety*, z* = x+y* satisfy (i) and (i) and assume y*(¢) < y(¢) for some ¢. Letzg
be the time point at whichinf{0, x(s) : 0 < s < 1} = min{x(#), limy ~, x(s)}.

45
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Note that

y'(to) < y"(1) < y(1) = y(to) = inf{0,x(s),0 < s < 10}

But this implies that min{z* (to), lim, ~, z*(s)} < 0, whichis a contradiction.
Hence, y(t) is minimal.

Show that y(t) = —inf{0,x(s) : 0 < s < ¢} is the unique function that
satisfies conditions (i) — (iii) of the Skorohod reflection mapping.

Solution

For given x assume y*, z* = x + y* are another solution satisfying (i)—(iii).
We show that (z* — z)% = 0. We have:

30202 = 3E0) = 20F + [ 6) =2l () ~2(6))]
~0+ [ (9 = 26Ndl7 () = y(5))
0

- / (2(s) — 2(5))dy* (5) + f (2(5) — = (5))dy(s)
0 0

but fot Z*(s)dy*(s) = 0 by (iii), and fot z(s)dy*(s) = 0 by (i), (ii), so the first
part of the sum is < 0, and by the same argument the second part of the sum
is < 0, s0 (z*(¢) — z(¢))> < 0 which implies it is 0.

Show that conditions (i), (ii) and (iii) of the Skorohod reflection mapping are
equivalent to conditions (i), (ii) and (iii’).

Solution

() - (iii) & y(t) = —inf{0,x(s) : 0 < s < 1} = (i) - (iii").

The first implication follows from Exercises The second follows
from Exercises

Show that for single server queue with renewal arrivals and i.i.d. service
times, under work conserving policy, the busy time 7 (#) — oo as t — oo.
Solution

For time ¢, let o = inf{s : Q(r) > 0, s < r < t} > 0 be the last time that
the system was empty. Then 77(¢) = Sy, +t — to. Then as ¢t — oo, either
tg — oo ort —ty — oo or both. If g — oo, A(ty) — oo, and so also does
Sﬂ(to), so T (1) = S‘ﬂ(to) +1—19) > 0.

Derive the fluid limit for the workload directly from the fluid limit of the
queue length.

Solution

The fluid limit of the queues is Q" (1) — [Q(0) + (1 — u)]*. Recall that
while the limit is > 0 it incorporates a very large number of customers, hence
asn — oo, 1 Zi(lm) - lll@(z).

Derive the fluid limit for the workload by scaling and using Skorohod reflec-
tion on (6.3)—(6.4).
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Solution
We need to look at %Sﬂ(m):

A(nt) A(nt)

1 1 Ant) 1 1
-S = - j = — i At— = pt.
n A(nt) n JZ:; Uj n Alnt) JZ:; vji — 4 P

This holds a.s. pointwise for all z. To complete the proof of u.o.c. convergence,
see proof of FSLLN, Theorem 5.8.
We have:

= - 1 .
w (t) = ((W (0) + ;Sﬂ(nt) - t) +7 ([)
By (6.4) this satisfies the conditions for Skorohod reflection, with x"(t) =
W"(0) + LS q () — 1, where x (1) — x(t) = W(0) + (p — 1)t s0
W'(1) > W(t) =y (x(t) = (W(0) + (p - Di)".

Show that if Q*(0)/n — 0, A" — A, and 1" — u" — 0, then Q(¢) = 0 and
T(t) =t.

Solution

Denote by U(t), V(¢) the rate 1 unscaled renewal processes of arrivals and
services (i.e. A" (1) = U(Ant), S™(t) = V(unt)). The netput is

X'(1) =Q"(0) + (A" — ")t + (U(A"1) = A"t) = (V(L"T (1)) = 1" T (1)).
and for the fluid, scaling time and space by n we have
XM(1) = Q"(0) + (A" = Mt + (U (") = A"t) = (V(" T (1)) = " T (1)).

Now, as n — oco: Q"(0) — 0, (1" — u?) — 0, A" - A,y — A, and
uniformly on compacts, almost surely: U(2"t) — 2"t — 0, since this is true
point wise, and it is true uniformly on compacts because for r € [0,7T] we
have A,,¢ € [0, AT + €] for n large enough. Similarly, because 7" (¢) < ¢, also
V(T (1)) — p"7 (1) — 0. So:

X™(1) =iioe. 0, asn — 0
But,
Q' (1) = X"(1) + Y (1) = X" (1) + " (1 = T" (1))
and these converge term by term to
QN =X +Y (1) =X (1) + A - T (1))

but, since X (¢) = 0, we have Q(¢) = (X (1)) =0, and Y (1) = ¢(X (1)) = 0,
and hence also 7 (¢) =1¢.
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6.10 Show that when Q" (0)/n — 0,4" — 1and 2" —u" — 0, then \/LE (A" (nt)-

6.11

Ant) =, (/lcf,)%BM(t) as well as %(8"(T(nt))—/lnt) S (Acg)%BM(t),
and the joint distribution of the diffusion scaled arrival and service processes
converges weakly jointly to the joint distribution of two independent Brow-
nian motions.

Solution

Denote by U(t), V(¢) the rate 1 unscaled renewal processes of arrivals and
services (i.e. A"(t) = U(Ant), S"(t) = V(unt)), and let c,, cs be the
coefficient of variation of interarrival and service times.

1 n n _L n _n _ 7( 114\ _ 1
%(ﬂ (nt) — A"nt) = ﬁ(U(/l nt) — A"nt) = Vn(UA"t) — A1)

1
—y caBM(A1) =p (Ac2)2 BM(1).

In fact, we have for the renewal process U (¢) that vn(U(t) —t) — c,BM (1),
and by time change lemma, for the deterministic series of functions ¢" (¢) =
Ant = At w.o.c., so Va(U(Ant) = A1) = caBM(At).

For 8" (7 (nt) we use in addition the time change 7, (t) — t.

Finally, the processes U(¢), V(¢) are independent, so the convergence holds
for their joint distribution, which converges to jointly distributed independent
Brownian motions.

Obtain the fluid and diffusion scaling limits of S(;).

Solution

Fluid scaling limit:

A(nt)

1 _1 A 1
Samn = Z Y= = o

A(nt) 1
Z v; — At— = pt, w.o.c.as.
= H

Diffusion scaling limit:

1 1 A 1 1 1
W(—Sﬂ(m)—pt)= V| - Z (Uj__) +‘/ﬁ(—ﬂ(nt)——/?f)
n n o u n u

lniAnr) ]
P 1\ 11
- Vi — |+ = —(A(nt) - &t
Vi JZ:; (’ #) u«/ﬁ( (nt) = 40)

1
—, TsBM (A1) + —(Ac%) 2 BM; (1)
u
1 1
= ((/u-f)WBMI(;) + (Aci)”zBMz(z)) - ;(/u-g + A 2BM(r).

Here we used time change %ﬂ(nt) — At in the first limit.

6.12  Show that for all three cases, when p > 1, when p < 1 and when p" satisfies
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the conditions of heavy traffic (6.12), we have uW"(1)/Q"(t) —» 1 (where
we let 0/0 = 1).
Solution
We will show that this is true for light traffic and for heavy traffic with p 7 1.
For p > 1 the actual result needs modification: It is true for the fluid limit
but not for the diffusion scaled deviations.
(i) Clearly, when p < 1, the limits (convergence in probability) are w (1) =
Q1) =0.
(ii) Consider next the case p ~ 1, specfically assume: p" — 1 and n(1 —
p") — 6,0 <5 < 0. Then Q" (1) = Q" (nr) and W) = W (),
We note then that ‘W" (nt) consists of the workload of exactly the customers in
Q" (nt), (except perhaps some of the work of the job in process. Furthermore,
Q" (nt) is of the order O ( v/n). So, by the SLLN (ignoring the slight effect of
the single customer in service),

W@ wran S

a0 = Q) - Q@) — 4, uo.c.,as.

(iii) When p > 1, then by the same argument,
Q" (nt)

W) _ W) = Vi
Q) Q@ @iy F e
However, the scaled deviations from the fluid limit do not satisfy qgn—((t’)) -

u~!. For example, if arrivals are deterministic and service times have mean
. 2 An .
m and variance o, then clearly Q (#) — 0 while:

W I @i mm) I ) - m)
Vn \a

(*) Obtain fluid and diffusion scaling and limits for G/G /s, fixed s, p /' 1

[Iglehart and Whitt|(1970a); Borovkov|(1965)].

Solution Iglehart and Whitt| (1970a)

It is tempting to write:

—w (A=) PoBM(t)

Q1) = [Q(0) + (A= s}t + (AW) = ) = (S; (T (1) = T (1)

Jj=1
+|u st—Z‘i}(t) =X()+Y (1)
j=1

where X (¢) does indeed converge to a Brownian motion under diffusion
scaling. However, it is not true that Y/ () increases only when the system is
empty, so we cannot present Q(¢) as the Skorohod reflection of X (z).
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Instead we use a trick of Borovkov, we define a modified s server queueing
system, Q’(t) as follows: We assume that a server never shuts off, so it has
some real and some dummy service completions (potential services), and
when a customer arrives to a server that is doing a dummy job, he will
actually depart at the end of the dummy job (as if we made him arrive a little
earlier, or as if we have made his service shorter), and also any job is assigned
to the server that will finish it earliest (join shortest workload). The modified
queue has the following two properties: jobs leave in the same order that they
arrived, and each completion of a potential service generates a departure as
long as there are any jobs in the system.

The modified system now behaves almost like a single server queue with
service su. To be exact:

Q'(1) = |Q(0) + (A= st + (A’ (1) - &) - Z(Sj(‘ﬁ'(t)) - w7} (1)

j=1
+ | u st—ZTi’(t) =X'(t)+Y' (1)
j=1

where now we have that the Y’ (¢) only increases when Q(t) = 0.

Here we wrote A’(r) for the modified arrival process, but A’(¢) — A(r) < s

for all 7, so both have the same fluid and diffusion scaling limits. Also,
;:1 S; (1) as a sum of independent renewal processes has fluid scaling limit

sut and diffusion scaling limit (s,ucé)’l/zBA_/I(t).
It follows that the fluid scaling limit for is (Q(0) — su#)*, and the diffusion
scaling limit is RBM gy, (1. 0,Ac% + sycé), where 6 = lim yn(1 - p")
Prove equation (6.18) for the auto-covariance of the diffusion limit of Q(r)
for G/D/co.
Solution
Fort > xand s < x:

Cov(Q(t +5), Q(1))

= Ac%Cov(BM(t +s) — BM(t + 5 — x), BM(1) — BM(t - x))

= Ac%Cov(BM(t +s) — BM(t) + BM(t) — BM(t + s — x),

BM(t) = BM(t +5 — x) + BM(1 + 5 — x) — BM(t — x))
0+ AciCov(BM(z) —BM(t+5—x), BM() — BM(1 + 5 — x)) +0
= /lcfl (x —s).
For ¢ > x, s > x the intervals are disjoint, so the covariance is 0, so

Cov(Q(1 +5), Q(1))

=23 (x - 9)*.
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Calculate the auto-covariance function for the stationary diffusion limit of
the queue length process Q(t) for G/Discrete/co system.

Solution
We assume arrivals are renewals A(¢) with rate Ar and c.0.v. ¢4, and pro-
cessing times are x; < ... < xgx with probabilities «, ..., ak. Then we

could have an infinite subset of servers serving each of the different process-
ing time types. We note that each of the A;(¢) is then in itself a renewal
process, and for it Q;(t) = A;(¢) — A; (¢t — x;) is a G/D/oo process. How-
ever the A;(t) are not independent. We investigate A;(r). We note that
(A1(2),..., Ar(t) ~ Multinomial (A(r), ay, ..., ak).

E(Ai(1)) = dtay,
V(A;(1) = At[a; + a2 (% - )],
Cov(A; (1), Aj (1)) = At(c? - Daja;.

We then have that the vector %ﬂ" (#) scaled with A = nA, converges to a
BM vector with drift Ae, and covariances as above.

To calculate the auto-covariance of Q(f) we need to add up covariance of
A (1) = A;(t - x;) with f;’{j(t +5)—Ai(t+s— xj), over all pairs. For i # j:

Cov(A; (1) ~A; (1=x;), A (t+5)=Aj (t+s—x})) = min(x,;—s,x;) (-1 a;a;,
and also add up the covariances:
Cov(A; (1) =A; (1=x;), A; (t+5)=A; (t+5=x;)) = (x;=s) A @t +a;(1-a;)],

In summary for s > 0,

K
Cov(Q(1), Q(t +9) = Y (x7 = )" e + a7 (¢, = 1]
i=1

+ Z min(x; — 5, x:)*A(c% - Daja;.
i#j

Give an informal derivation of the expression (6.19) for the auto-covariance
function of the stationary diffusion limit of G/G/co, using the results of
Exercise[6.13]

Solution
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For the variance:

K K-1 K K K
V(Q(1) = inai +A(c% - 1) [Z ;X Z aj+ Z QjXj Z ai]
i=1 i=1 J=i+l j=1 i=j

_ © 2 _ 7 1

—/1/0 xdG(x) + A(c; — 1) [‘/0 x(1-G(x))dG(x)
1-G(x-))dG

+ [ x-60o) (x)]
=/1l +/1(c3,—1)/ (1 - G(x))%dx.
H 0
For the covariance:
K
Cov(Q(1), Q1 +9)) = D (xi = 5)*Aai +a} (] = 1]

i=1

+ Z min(x; — s,x:)*A(c% - Daza;.
i#)

(o] K
= /l/ (x = $)dG(x) +21(c2 = 1) inai(l — G(x; +5))dx

i=1

=/l/0wxdG(x+s)+2/1(ci— 1)‘/Omx(l—G(x+s))dG(x)

—m—xsx c2—oo—xszx
_/1/0 (1-Gx+s))dx+A(c, 1)/0 (1-G(x+s))"dx.



7

7.1

Diffusions and Brownian processes

Exercises

Let X(¢) be a standard Brownian motion. Letr =ty <t < -+- <t =t+7T
and let € = ming=; __,(tx — tx—1). Show that for all ¢ and 7:

.....

n 2
DX () = X (1)) - r) =0.
k=1

lim E
€—0

In words, the quadratic variation of BM (¢) convergence in mean square to ¢
[Breiman|(1992), Section 12.8].

Solution

We write

n

DX (1) = X (1) == 3 (X (1) = X (1)) = (1 = 1)
1

k= k=1

(Xt = X (51))? = BIX (1) = X (11-1))7])
k=1

The summands above are independent, and have mean 0. Therefore:

n 2 n
E Z ((X(lk) = X(te-1))? = (tx - lk—l))) = ZE [((X(fk) — X(tr-1))? = (e — tk—l))z]
k=1 k=1

We note that (X () — X (tx—1))%/(tx — tx—1) is distributed like Z2 where
Z ~ N(0, 1), and Z* has mean and variance equal to 1. We obtain:

n 2 n
E Z(X(tk>—X<rk1>)2—r) = D B(Z = 1)(tx — 15)
k=1 k=1

n
< ZE(22 —1)(t — ty_1)€ = Te,
k=1

Which converges to 0 as € — 0. (This solution quoted from |Breiman|(1992),
Section 12.8)

53
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Let Z ~ N(0, 02) be a mean 0 normal random variable. Calculate the mean
and variance of |Z]|.

Solution

For the expectation:

2 * 2 o0 2
E(|Z]) = \/?/0 xe ™ 2dx = \/? [—e_x2/2]0 = -
T by

For the second moment:
E(1Z]) =E(Z%) =V(Z) = |
SO:

vizh=1-2

Consider a sequence of M/M/1 birth and death queues, with arrival rates
A, and service rate p,, where 4, — A and Vn(u, — 1,) — 6. let Q"(r)
be its queue length, and let Q" (t) = &\FZ” Write the decomposition into
netput and regulator, and consider the netput process as a birth and death
process. Then use Stone’s theorem to show that Q, () converges to a reflected
Brownian motion.

Solution

We are interested in:

Q" (1) = Ay = pp)t + (A (1) = At) = (S (70 (1)) = unTn (1))
Hn(t = Ta(t)) = X"(0)+Y"(1).

we will consider instead of Q" (¢) = \/ﬁ%, the process X" (1) = \/ﬁ@
asn — oo,

Q' (0) | Au(nr) - Su (nT u (1))
Vn Vn

We have 7 ,,(1) — ¢, so by time change lemma we can replace 7 (z) by ¢ to
obtain the limit. Let

X' (1) =

A, (nt) = S, (nt)
\n

This is a birth and death process, with jumps of i% that happen at rate n4d,,

Z'n=

up and ny,, down, so

1
mp(x) =ndy,—= -

N, ——
Vi
=‘/z(/1n_,un)_)9’
1
a'z(x) = n/ln; + n,unz

= A+ fp — 2.
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s0, Z(t) — 61 + V2ABM (¢), and so X (1) — Q(0) + 67 + V2ABM (t), and
Q" (1) goes to the corresponding RBM.

Obtain the reflection mapping (solution of Skorohod reflection problem) for
the following two functions (you can give a formula for ¢(x), y(x) or make
a drawing).

(@) x(t) = —0.5+cos(z), t > 0.

(b) x(¢) =t sin(z), t > 0.

Solution

(@)

(b)

Show existence, uniqueness, and minimality of the two sided regulators, and
verify the recursive equation (7.17).

Solution
‘We show existence of solutions to (7.17):
L(t) = sup (x(s) = U(s))", U(1) = sup (b —x(s) = L(s))",
O<s<t O<s<t

For given continuous x(¢), with 0 < x(0) < b, we define a sequence of L"
and U" upper and lower regulators as follows:
LO(r) =0, U%(1) =0,
L™ (1) = ¢(x = U")(1) = sup (x(s) = U"(5))",
0<s<t
U™ (t) = ¢(b—x - L") (1) = sup (b—x(s) - L"(5))".
0<s<t

Clearly, L™ (t) and U"(t) increase with n, so they converge to a limit at every
t. Furthermore, there exist 77 < 75 < ... such that for 7,, < ¢t < Ty,41,
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L(t) = L™(t) and U(t) = U"(t), where in the intervals between T,, x(¢)
crosses from lower to upper boundary, or from upper to lower boundary.
furthermore, 7,, — oo, since otherwise, if 7, — T < oo, T will be a
discontinuity point of x.

It is easy to see that these solutions indeed define the regulators.

Find the long time average limr o % fOT (t)dt for the one sided regulated
Brownian motion (reflected Brownian motion).

Solution

For BMy(t; m, o?) with m < 0, we should expect

1T -m m<0

TIL“L?/O (t)dt‘{ 0 m>0
to counter the negative drift. We can obtain this by looking at the two sided
regulator, and letting the upper bound go to infinity, i.e. from equation (7.19)
by letting b — oo.
Calculate the expectation of the stationary two side regulated Brownian
motion Z(?).
Solution
Let 0 = 2m/o2, where m is the drift and o? the diffusion coefficient of the
Brownian motion.
For m = 0, Z(t) ~ Uniform(0, b) with expectation b /2.
Form # 0

b ygety b 1
E(Z(t))=/0 D

e — 1 -1 6

The equations (7.24), (7.25) give the distributions of the regulator () and the
reflected Brownian motion Z(¢), with drift m < 0 and diffusion coeflicient
o2, starting at X (¢) = Z (1) = 0. Obtain the distributions of (¢) and Z(z) for
Z(0) = xo.

Solution

Let X (1) be BMy,(t;m, 0?). Let T be the first time that X (¢) hits 0. Condi-
tioned on T, the process X (t), 0 < t < T behaves like a Brownian bridge, and
Z(t) = X(t), (1) = 0. Thereafter, for ¢+ > T, by the strong Markov property
it will behave as RBMy(+; m, o) and its regulator. So, conditional on 7

t T—-1
O'BO(f)+ 7o 0<t<T,

RBMy(t —T;m,0%), t>T.

Z(IIT)~{

where B9(.) is a standard Brownian bridge, and we have (see Section 18.1,
Exercise 18.1)

T-1t T—1t
~N
7 Yo~ N

The probability density of time to hit O starting from x is the same as hitting

oL Tt 2
oB() + %0, 7(1 T)a')
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Xo starting from 0, with drift —m, so by equation (7.23):

X0 _ (x0+mt)2)dl

Jr(0)dt =P[T € (1,1 +d1)] = Y exp( 202t

and we have, by (7.25),

t

B(Z() < y) = /0 P(RBMo(r ~ T:m. ) < y) fr (T)dT

¢ [Te(es )+ Tt <) e nar

= ‘/O’q)(%) - eZmy/”zd)(%(;):/g))fT(T)dT

+/m (I)((y_i)fr(T)dT.

1/2
F(1-5)) "o

The distribution of () is then, by (7.24),

Poy+m(t=T)\ et (=Y +m(t=T)
B((0) <) = [ oSSR - et o ) .

Note, when m > 0, there is a positive probability that the process will never
hit 0, so fr (-) does not integrate to 1. The above expressions are still correct.
7.9  Provide a mathematical proof that the optimal control of stationary Manu-
facturing with stationary independent increments demand is to use an upper
inventory bound, and produce at maximal rate anywhere below that bound.
Solution
We can formulate a discrete space discrete time Markov decision problem
that approximates this problem. If we bound service capacity then it is a
problem with finite action space, and has a deterministic optimal solution. it
can then be shown that maximal production level and unique upper inventory
solve this discrete Markov decision problem.
7.10 Here is some data for a manufacturing system. Average demand rate is a =
100, with standard deviation o = 15. The rest of the data is: sales price
r = 14, material cost ¢ = 5, workforce cost w = 6, inventory holding cost
h = 1. Determine the optimal workforce k, and the optimal upper inventory
level bound b, and calculate the long term average profit V.
How would the solution change if you vary any one of r, ¢ w, h (say in what
direction would V, k and b move, and if you can obtain the rates).
Solution
The profit as function of workforce (85-100) and inventory (40-80) is plotted:
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40
260 -
255+ \
70
250 -
80
86 88 90 92 94 96 98 100

Optimal is workforce of 94 or 95, and inventory of 70.

(*) The calculations in Section 7.7.5 were for optimal control of the stationary
manufacturing system. However, often one wants to take into account the
current initial state of the system. In that case it is more reasonable to optimize
the discounted profit, with some discount rate A. For the same policy of upper
bound inventory and full production, calculate the discounted infinite horizon

profit for initial state zo, and given k, b, A (1985), Chapter 5, or
[Harrison|(2013)), Chapter 6].

Solution(See Harrison| (1985) sections 1.5, 3.2, 3.3, and 5.3)

We have X (1) = BM,(t;m,0?), and Z(t) = X(t) + L(t) — U(t). We have
b,y, h,r,c. We wish to calculate, for 0 < x < b:

k(x) = Ex {/000 e Y [hZ(t)dt — rdL(t) + ch(t)]} .

We start by defining the following Wald martingale:
V(1) = PXO=4B1 - where q(B) = mB + Lo?p2.

We also define the stopping time 7' = T(0) A T(b), the first time that X (z)
reaches one of the boundaries 0 or b. By the martingale optional stopping
theorem,

E(Vg(T)) = E(V(0)) = P>,

We decompose E(Vg(T)) = E(Vg(T); T=T(0)) +E(Vs(T); T=T (b)) where
E(X;A) = E(X|A)P,(A), to obtain:

eP* = B(Vg(T)) = BE(V(T); T=T(0)) + B(Vs(T); T=T(b))
=E(e"1PT; X(T) = 0) + PPE(e 1P X(T) = b),

This will yield expressions for the expected discounted time up to 7, for both
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cases, T =T(0), T = T(b). we denote these by:
Y (x1y) = B(e"T1 X(T) = 0), Y (xy) =B X(T) = b),
E(e™) =y (xsy) w7 (x39).
To calculate the discounted times we use the equation:
P =y (x;q(B) + PPy (x:.q(B)).

There are two values of 8 (one positive, one negative) that correspond to
y=4q(B) >0,

B==B:(y) = o2 [(m*+20%y) " 24m] > 0, B=B*(y) = 02 [(m*+20%y) " =m] > 0,
and we get two equations:
PO =y iy B (y), O =g () Oyt (i),

from which we obtain:
(i) = B (b=x) _ =B (¥)(b=x) “(xiy) = B x _ p=B.()x
ey = o om0 ¥ Y= o T o

We note that both ¢ (x;7y) and ¥*(x;y) have boundary values, and satisfy
the differential equation:

v (0) =y (D) =1, ¢u(b) =y7(0) =0,
YW (x) = Tp(x) = 997" (x) =Ty~ (x) =0,

where the initial conditions follow from the definition, and where the operator

—pd L 1,2d
F—mdx+20' i

We have now prepared the background for the calculation of k(x). We first
discuss calculation of

h(x) = Ex( / e""hZ(t)dt).
0
It consists of the integral up to time 7, where we can replace Z(¢) by X (¢),

and then of the discounted value of either 4(0) if O is reached or A(b) if b is
reached at 7'.

T
h) =Eo( [ e RX) 40 20)O) 407 i) (D)
0
We obtain first, by Fubini:
Ex( /m e_ythX(t)dt) = /w e "' hE(X(1))dt
0 0

=/ efy’h(x+mt)dt=h(£+ﬁ2),
0 Y v
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and from this we get:

h(x) = Ex( / ! e‘“/thX(t)dz)
0

:]Ex(/owe_y'hX(t)dt) —]Ex(/ e_y’hX(t)dt)
T

=h

X m m * b m

S + 7 —l!'*(x)? -y (X)(; + 77)]

=h [ﬂz(l = (x) =" (%) + l(x - l//*(x)b)] .
y Y

We again notice that /(x) satisfies boundary conditions and differential equa-
tion:

h(0) = h(b) =0,
yh(x) —Th(x) = hx,

where the boundary conditions say that at x = 0 and at x = b we have T = 0.
(In fact, this can be generalized to costs u(x) rather then constant cost rate /x,
in which case the equation is yh(x) — Th(x) = u(x) with the same boundary
conditions).

We now turn to the calculation of k(x). It is the expectation of the following
functional of Z, L, U: K(Z,L,U) = [~ e™" [hZ(t)dt — rdL(t) + cdU(1)],
We notice that up to time T, L(T) = U(T) = 0. By the strong Markov
property,

k(x) = h(x) + s (x5 7))k (0) + 4" (x5 y)k ().

We know that A(x), . (x;y),¥*(x;y) all satisfy a differential equation of
the form yf — I'f = g, and so we have:

vk(x) —Tk(x) = hx,

(or = u(x) for cost u(x) replacing hx) but now we need different boundary
conditions, namely:

kK'0)y=r, k'(b)=c.

Those follow since close to 0 k(x) will gain at rate r of lost sales, and close to
b we will gain at rate c of less production costs. Since we already have explicit
expressions for i(x), . (x;y), ¥ " (x;y) all we need now is to calculate & (0),
k(b) so as to satisfy the boundary conditions for k’(0), k’(b).

The following is the Skorohod embedding problem that was discussed in
Section 5.2.2: Let X be a random variable with E(X) = 0, Var(X) < co.
Let BM(t) be a standard Brownian motion. Find a stopping time 7 such that
BM (T) =p X (equal in distribution) and E(T') = Var(X).

The following exercises lead to an answer to this problem. This answer was
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found by|Dubins (1968), there are many other answers, including the original
one by Skorohod, a survey of results related to this problem is|Ob16j|(2004).
Solution

We construct an increasing sequence of stopping times 7, such that 7 =
sup,, T, solves the problem.

Quote a theorem that shows: supg,, BM () — oo and info<,<; BM (1) —
—ooast — oo, almost surely. This means that almost every path of a Brownian
motion visits all of the values on the real line.

Solution

The law of the iterated logarithm says that:

. BM (¢, w)

lim ,SEEC \/m V2
Show that BM (¢) and (BM (1) — t) are martingales.
Solution
Let #(¢) be the filtering to which BM(-) is adapted. In other words it is
the o-field generated by BM (s),0 < s < t. By the property of independent
increments, for 0 < s < ¢,

almost surely.

E(BM(t) - BM(s) | F(s)) =0,
so:
E(BM (1) | F(s)) = BM(s),

and hence BM (¢) is a martingale.
Next by independent increments,

E((BM(t) — BM(5))* | F(s)) = Var(BM(t - s) = — s,
and
E((BM(1) — BM(s))* | F (s))
= E(BM(1)* | F(s)) — 2E(BM (1)BM (s) | F (5)) + E(BM (5))* | F (s))
=E(BM(1)*| F(s)) — 2BM(s)E(BM (1) | F (s)) + BM (s)*
=E(BM(1)* | F (s)) — BM(s)>.
Hence:
E(BM (1)> - t| F(s)) = BM(s5)* - s,

and hence (BM () — t) is a martingale.

Let Y be a random variable with distribution concentrated on two points,
a < 0 < b and mean zero. Find the distribution of Y and its variance.
Solution

E(Y)=aP(Y =a) +bP(Y =b) =0
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—da

b
P(Y=a)=m, P(Y:b):b

—-a
b—a

b
Var(Y) = E(Y?) = azb— +b2 = lalb
—da

7.16 LetTy =inf{r : BM(t) = x}. Let T = min(T,, Tp). Then T solves the Skoro-

1.17

7.18

hod embedding problem for the two point random variable ¥ of exercise[7.15]
Use the martingale BM (¢) to prove that BM(T) =p Y, and the martingale
(BM(1)? — 1) to calculate E(T).

Solution

We quote the martingale optional sopping theorem

Theorem 7.1 (Doob (1953)). Let X,, be a discrete time martingale, T a
stopping time for X,,. Then E(X(T)) = X(0) if one of the following holds:
(i) T is almost surely bounded, i.e. there exists c such thatT < c a.s.
(ii) B(T) < 0o and E(| X1 — Xul) < cforalln <T.
(iii) The truncated stopping times T A n are bounded: there exists ¢ such
that X(T A n) < c for all n almost surely.
Furthermore, the same holds for a continuous time martingale if it has
continuous paths.

Recall that BM (¢) is a martingale. We note first that 7 is finite almost surely
(by a exercise [7.13), and also that a < BM(T At) < b. By the martingale
optional stopping theorem condition (iii), E(BM(T)) = BM(0) = 0. So
BM (T) takes values a or b and has expectation 0. Hence BM(T) =p Y.
Furthermore, since by exerciseBM (1)? — t is also a martingale, by the
same argument, B[ BM (T)?-T] = BM(0)-0 = 0,s0 E(T) = E(BM(T)?) =
Var(Y) = |a|b.

Let X have zero mean and finite variance. Let m? = E(X|0 < X < o), m" =
E(X|-o0 < X < 0).DefineY as the two point distribution on m?” and m", with
mean zero. Show that P(Y = m”) = P(X > 0), and P(Y = m") = P(X < 0).
Solution

This follows immediately from:

0=E(X)=P(X >0)E(X|X >0)+P(X <0)E(X|X <0),
=P(X > 0)mP +P(X < 0)m"
0=EY) =P =mP)m? +P(Y = m")m".

Define a sequence of stopping times 7¥) as follows: Define yo,; = E(X) = 0.
Start with y1 1 = mP, y1o = m", and let TV = T}, | ATy, ,, the stopping
time on BM (¢) that stops at y;,; or y; 2. Then {yo 1, y1,1,y1,2} divide the
real line into 4 = 22 intervals, Lj,j=1,..., 22 Let v2,i =EB(X|X € I ;).
Define the stopping time 7® = min{r : + > T(D,¢ = y, ; for some j}.
Next, proceed inductively: given T) and the set of values {yij i =
0,....k, j=1,...,2%}, these values divide the real line into 2%*! intervals,
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Trs1,15 - ,Ik+1’2k+]. Let Vi+l,j = E(X|X € Ik+1!j) J=1,... ,2k+], and
define 7**D = min{t : t > T® 1 = y;; ; for some j}.

Let Y* take the values y ; with probability P(X € Iy ;) Prove that:

(i) BM(T®) =p, Yk,

(i) B(T*) = Var(Y%).

Hint: Use the strong Markov property of BM (-), and rules for calculating
means and variances from conditional means and variances.

Solution

At this point it is useful to describe the sequences Y%, T k = 0,1,2, ...
in more detail. We note that Y* are discretizations of the random variable X,
with some very special properties: In the first step we put a probability of 1
at the expected value of X. At stage k we have 2% intervals, and we take the
point which is the conditional expectation of X given that X is in the interval,
and put the probability of that interval at that point. Furthermore, we now
have a point in each of the 2k intervals, which divides it into 2 sub intervals,
and we use the resulting 25*! intervals for the next stage. The next figure
illustrates these stages:

eI Tefe Iefele T SIcqeIereIott T
e —Ff e T e FJefefoei o

Py T Y T e T .
T T T
. T Py
T

To understand the stopping times, consider a single sample path of the Brow-
nian motion. Starting at 0, the Brownian motion will at time 7'(!) reach either
Y1,1 Or y12,5ay yi,;,and be on one or the other side of 0, in the interval I ;.
It will then, at time 7®, reach the point y; 2;-1, or the point y; >; which
are in the interval Iy j, on either one or the other side of y;,;. Note that
between TV and T the Brownian motion does not leave the interval 7 ;.
Once B(T(k)) = yi,;j is reached, in the interval Iy _;, at all future TO ¢ >k
B(T) will be inside that interval. The next figure illustrates successive
stages of the Brownian motion:

Py T T e T .
T T

We now prove (i) and (ii) by induction. For k = 1 this was proved in exercises
7.16/and[7.17| Assume (i), (ii) hold for Y*, 7%,
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We condition on BM(T®)) =y ; € I ;. By definition of y. .:

Vi =B(X|X €It j), yie12j-1 =BX|X € lr j, X < yi i),
Yis12j = E(X|X € Iy j, X > yi j)s

Let BM*(1) = BM (1 + T®) — BM(T®), by the strong Markov property it
is a Brownian motion, starting at 0. Let 7* = T*+1) — 7 Tt is a stopping
time for BM* (1), it is independent of T(X), and it is the first time that BM* (r)
hits one of the values yz11,2; — Y«,j O Yx+1,2j-1 — Yk, j- Using again exercises

and|[7.17] we have:

P(BM™(T*) = yrs1,2j=Yk,j) = P(X > yij | X € I j) =P(X € Irp1 2 | X € It j).

To un-condition we then have:

P(BM(T*) = yiy15;) = PBM(T*) = yiy1 5, n BM(TW) =y, )
=P(BM(T*™V) = yiy10; | BM(T™®) =y j)P(BM(TV) =y ;)
=P(X > yi,j | X € I j))P(X € I ;) =P(X € Is1,25)

where the first equality follows since y41,2; is only reached by BM (T*+D
if BM(T®) = Yk,j» and the second equality follows by the induction hy-
pothesis. Similar calculation hold for yr41,2;-1. This proves (i).

To prove (ii) note that by the above arguments about the definition of 7%, and
exercises and 7.17, we have, conditional on BM (T %)) = y;

E(T* | BM(T®) = yi. ) = kst 2j = Vi) Vksj = Yir1,2j-1)
= Var(Y*! =Y Y% = yi ).

‘We then have:

Var(Y**1) = B(Var(Y**!' | Y5)) + Var(B(Y**! | YF))
= E(Var(Y**! —Y¥) | Y%)) + var(Y¥)
=EET* D —7® | BM((T®)) + E(TH)
=E(T**D),

The first equality is the well known formula for calculating variance, the
second inequality uses that Y*|Y* has variance 0 and that E(Y**! | %) = vk,
the third equality was proved in the previous equation, and the last follows
from E(E(T*+D -7 | BM(TR))) = E(T*+D —T¥)) by the strong Markov
propety and independent increments.

Show that 7 = limg_,. 7% is a stopping time. Show that it solves the
Skorohod embedding problem.

Solution

We need to show three things: (i) that Yk =, X, (ii) that Y* are uniformly
integrable, and therefore E(Y*), Var(Y*) also converge, (iii) that 7*) con-
verges to a stopping time 7.
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To prove all of these, we couple Y%, k=0,1,2...and X, by generating X

and taking the value of Y* =y, ; if X € Iy ;.

We now have:

(a) By the construction it is clear that E(|X — Y¥|) = E([Y*+! — Y¥)).

(b) Let ¢ be such that P(X > ¢) < e. Choose (k, j) such that y; ; < ¢ <
Yk, j+1 if that is possible. Then for all £ > k,

P(Y" > yi js1) =P(X > yi j+1) SP(X > ¢) <,

On the other hand, if we cannot find any such (k, j) then P(Y* > ¢) =0
for all k. This proves that Y* are uniformly integrable.

(c) The Y* generated coupled to X form a martingale which is uniformly
integrable, so by the martingale convergence theorem it converges to
some variable Y. But E(|]X — y¥|) = E([Y**! = Y¥|) > 0s0 Y =p X.

(d) In particular, because Y* are uniformly integrable, Var(Y*) — Var(X)

Next we consider T and generate a coupled version of them, by generating

a Brownian motion and the sequence of stopping times 7'%) on this Brownian

motion. Then:

(a) The T* are non-decreasing, so they converge to some T

(b) T is a stopping time, since {T < t} = {T®) < rall k} is ¥ (r) measur-
able.

(c) TM = Y* and Y* -, X implies T =p X

(d) E(T*) = Var(Y*) implies E(T) = Var(X).
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Exercises

Show that the conclusions of the Perron Frobenius Theorem ?? continue to
hold for A that is non-negative if there exists A such that A" is positive.
Solution

A non-negative matrix can be approximated by a positive matrix (say d; ; =
a;, j+e€), for which all the conclusions hold, and the eigenvalues will converge
to those of A, so A will have a real eigenvalue with maximal absolute value.
Furthermore, A will have an isolated maximal real eigenvalue, r;, and
so all maximal eigenvalues of A must be of the (possibly complex) form
rll/mexp(iﬁ). However, if A™ is positive so is also A™*!, with maximal
isolated real eigenvalue r,, but then all the maximal eigenvalues of A must
be of the (possibly complex) form P D) oy p (i %). This can only be the
case if there is a single real eigenvalue, corresponding to k = 0.

Show that if a transition matrix P satisfies P™ is positive then the chain is
irreducible and a-periodic.

Solution

If P™ is positive, all states communicate, with paths of length m, so the
chain is irreducible. Furthermore, P™*! is also positive, and therefore pf.’fi >
0, p?ji“ > 0 and so the chain is a-periodic.

Show that a Markov chain is time reversible if and only if it satisfies the
detailed balance equations.

Solution

If the stationary chain is time reversible then

P(X(n) =i, X(n+1) = j) = n())p(i, j) = P(X(n+1) =i, X(n) = j) = 2(j)p(j.0)-

If detailed balance holds than for the stationary process, for any sequence of

69
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states ji, ..., jks

P(X(#) = j1,.... X+ k) = ji) =n(jOpUr,j2) - - PUk-15 k)
= p(j2, jOr(j2)p (2, j3) - (k-1 Jx)

= p(j2, jOp (3, j2) - w(i)p (ks Jr-1)
=P ks Jk-1) - p(J2, J1) = P(X(t + k) = j1,..., X(1) = j).

Prove the Kolmogorov criterion: a stationary Markov chain is time reversible
if and only if for any finite sequence of states ji, j2,..., jk, the transition
probabilities satisfy:

(1. j2)p (2, j3) - pUks J1) = (1 j)p ks Jre-1) - p (2, J1)-

Solution
If X (¢) is time reversible then

x(jOr 1, 72)p G2, j3) - pUks J1) = 7 (GO P U1 J) P Gks Jr-1)s - P (2, j1)-

and cancelling 7(j;) we get Kolmogorov’s criterion.

In the opposite direction, we show that detailed balance holds. Start from a
reference state jo, consider arbitrary state i, and a positive probability path
Jos J1s - - -5 Jk»i. Define:

(i) = (o, j1) -+ pUjks1)
@i, jx) - p(jisjo)

It may depend on jj, but no on the path, since by Kolmogorov criterion, fo
another path jo, j{, ..., jji

pGo. 1) - PGk D) _ PGo.71) P )

p@. ji) - p(1,jo) PG J)) - pUiJo)

Consider now partial balance between i and j: If p(i, j) = O there is nothing
to prove. Else, we define:

2. = U0 1) Pk D))
T pGLdp G, k) -+ pGs o)

to obtain 7w (i)p(i, j) = n(j)p(j,i). The ns need to be normalized, but are
then the unique stationary probabilities.

Show that every stationary birth and death process is time reversible.
Solution

For a continuous time birth and death process, we set up global balance
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equations, for the states 0, 1,2, . . .

Aomo = umy,
(A1 + p1)my = domo + pamy = A1y = pom,

by using the previous equation and cancelling,

(Ap + 1p) 70 = A1 Tp1 + Pl Tnal = ATy = fn1 Tnsl,

using induction and the same argument.

Write down the formula for the steady state distribution of the queue length
vector for Jackson tandem queueing systems and feed forward systems (in-
cluding solution of the traffic equations). Show that if node i precedes node
J then Q;(¢) is independent of Q; (s) for all s < t.

Solution

For the Jackson tandem queue, by Burke’s theorem, arrivals to all nodes and
departures form all nodes are Poisson at rate a, and if all ¢1; < « the steady
state distribution is

I n
Tandem: ”(”1""’”1)=1—[(1_1) (ﬁ) )
Mi ] \ Mi

i=1

For the feed forward Jackson network, one obtains the flow rates through
each node from:

/l:(1+PT+PT2+--~+PT’_1)a/,

put differently, the rate A; is the sum over all paths that lead from input to
J,say iy — ip — ix — j of the product a;, p;, i, - - - pi,,j- The steady state
distribution, is then

L A\ (A"
Feed Forward: n(nl,...,nl):l_[(l——l) (—l)
Mi ] \ Hi

i=1
‘We now show the independence result, by induction on the number of nodes.
There is nothing to show for a single node. Consider then a feedforward
network with 7 nodes, including a source node labeled 1, with input Poisson
a1. It has only flow from outside (by feed forward) and its output by Burke’s
theorem is Poisson, rate 1. This output is then split into independent Poisson
streams of rates @ p1,;, that flow into nodes j = 2,...,I. The system ex-
cluding node 1 is a feed forward network of nodes 2, . . ., I, with independent
Poisson inputs of rates a; + ap,;. By the induction hypothesis for all the
nodes j = 2,..., 1, the statement of the theorem holds. So we just need to
check that Q; (¢) and Q; () are independent for s < ¢. This follows again by
Burke’s theorem: The state of the network of 2, . . ., I at time s is determined
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by the departure process of node 1, and by all the flows of customers that did
not enter from node 1. But all of these are independent of Q; (¢) if s < t.
Verify the stationary distribution for the Jackson network with processing
rates y;(n;) as given by Theorem 8.8

Solution

The partial balance equations are

Zn(x)q(x,ri,j(x)) = Zn(n,,(x))q(ri,j(x),x), forxeS,0<i<I,

J#Fi J#i

with transition rates:

q(x,T;,;(x)) = aj, i=0,

q(x,T; j(x)) = i (xi)pij» i#0,x>0,7#0,
q(x,T; ;(x)) = ,ui(xi)(l = 20 pi,k)’ i#0,x>0,7=0,
q(x,T; j(x)) =0 i#0,x;=0.

We need to verify that

1 ;

A,
71'(111,...,111)=an

ml t

i=1

satisfy the balance equations.
Fori #0andn; > 0,

i\n; i A
() = )| 20 4 PE B ity Dy

which, after canceling and multiplying by A; yields the traffic equation for
node i:

/li =qa; + Z /ljpj,i-
J#L0

For node 0, arrivals to the system out of node 0 need to balance with depar-
tures, and on substituting:

ﬂ(x)Zaj=ﬂ(x)[Z/ﬁ#/(”1+1)( Z Pj.k)]’
j#0 k0, j
which is simply:
1"/ - PHA=1q,
i.e. summation of the traffic equations.

For the normalizing constant, 1/B is the sum of all the product form terms,
and the network is stable if and only if the sum is finite, i.e. B > 0.
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Prove Kelly’s Lemma 8.8.

Solution

We are given a stationary continuous time Markov chain X () with transition
rates g(/, k), and with g(j) = Xx.;q(J, k). We assume we have values
q’(j, k) with ¢’(j) = 229’ (j. k) = q(j), and a vector of probabilities
7(j) such that: 7(j)q(j, k) = n(k)q’(k, j). We claim that ¢’(j, k) are the
transition rates of the reversed process, and 7(j) the stationary probabilities
of the process and of the reversed process. For state j we now write:

D mka(k ) = Y mia' (k) = 79()),

k#j k#j

so 7r(j) solves the global balance equations, and is the stationary distribution.
Furthermore,

P(X(t) =k, X(t+h) = J)
P(X(t+h) = j)
P(X(t+h)=j|X(t) = k)P(X(1) = k)
B P(X(1+h) =)

P(X(t)=k|X(t+h)=j)=

_ @q(k,j)ln o(h) =q'(j,k)h+o(h).

n(j)
so q’(j, k) are the transition rates of the reversed process.
Prove that a Jackson network considered in reversed time is again a Jackson
network, and calculate its parameters.
Solution
For any stationary Markov chain X (#) with transitions ¢ (x, y) and stationary
distribution 7(x), the reversed process X (—t) is a stationary Markov chain
with the same stationary distribution and transitions ¢*(x, y) given by:

1

g (x,y) = mﬂ(y)q(y,X).

Clearly, in the reversed Jackson network transitions are again of single

customers moving between nodes (including node 0). We then have, for

n=(ny,...,nj)and 1 <i,j<I:

q (n,T;,;(n)) = %q(ﬂ,j(n),n)
_Hi(n) A
A pi(ng+1)
= pi(ni)p; ;

pj(nj+1)pji

. o A
where the new routing probabilities are p; = TP
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For transitions of arrivals we have:

n(To,j(n))

q"(n,To,;(n)) = ()

q(To,j(n), n)

u,(n D0 - pr)

where the reversed arrival rate to node j is o = 4;(1 - Sipid)
Finally, for transitions of departures we have:

4" (1 Tro(n)) = %

_ k(i)
A;

q(Ti0(n),n)

i

where the reversed departure rate from node i is j{"
We now check first that the pl addupto 1 foralli # 0:

4 @i
DL Pt Pio= ), Pt =]
o YA, A
J#i,0 J#i,0
by traffic equation A; = @; + X j4; 04 Pj.i-
We next check that o} and «; add up to the same sum:

1" =1"1-PHa=1"a

by the traffic equations.

The M/M/1 queue with feedback is a single queue with Poisson rate « arrivals
and exponential rate u service times, where upon completion of service a
customer rejoins the queue with probability 6, and leaves the system with
probability 1 — 6. Calculate the stationary distribution of the queue Q(¢) and
show it is the same as M/M/1 with p = WE—H)’ and that customers leave
the system as a Poisson process of rate @. However, show that the stream of
customers entering service (new arrivals and returns) is not Poisson.
Solution

The simplest way to look at this system is to assume instead of FCFS that
each customer that feeds back is served immediately. Under this policy the
departure process has the same distribution as under any non-predictive non-
preemptive policy, including FCFS, so the distribution of queue length is
the same as for FCFS. But under this policy service time of each customer
will be Exp(u(1 — 8), and the system will behave as an M/M/1 system with
service rate u(1 — 6).

Alternatively, consider it as a Jackson network, with one node, arrivals at
rate «, routing probability p;; = 6 < 1. Then flow through the node is at
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rate /(1 — 6) and the stationary distribution is

o (04 n
”(")z(l_u(l—e))(m—e)) '

In fact the process is time reversible:

a n
n(n)q(n,n+1) = (1-p) (m) X a,

n+l
m(n+Dg(n+1,m) = (1-p) (L) x (1= 0),
u(1-10)
and these are equal, so detailed balance holds, which implies reversibility. It
follows that the departure process from the system is Poisson.
Consider now a system with small «, large y and 8 = 4/5. Then p is small,
and most of the time the system is empty. So when there is an outside arrival,
that customer is usually served immediately, and that customer will then
return on average 5 times, in short intervals of average length 1/u. Clearly,
the sequence of arrivals to the server is not Poisson.
Consider the M/M/1 queue with feedback as a Kelly-type multi-class network,
where customers on their kth visit are class k customers. Obtain the stationary
distribution of this system.
Solution
In this Kelly-type network there is a single node, we have classes k = 1,2, .. .,
with A1 = a external arrivals, and py x4+1 = 6 for the routing. To avoid dealing
with infinite dimensional states we choose a cutoff N and make class N all
the customers that visit N or more times, so we have classes k = 1,...,N.
Then the flow rates of customers are 1; = 6!, k =1,...,N -1, and
An = a6V 71/(1 = 6). The total flow through the node is 1 = a//(1 — p) and
processing is always at rate 1, so the normalizing constant b is

b= Z:‘) (a/(l,; 0))" - (1 - ﬂ(la— a))_l

Let the state of the node be (k1, ..., k,) when there are n customers at the
node, and the customer at position / is type k;. Then the stationary probability
of observing this state is:

n /lkl
P(kl,...,kn)=bl_[—
=1 H

From this we obtain that the joint distribution of the numbers of customers

of each type. Let x; be the number of customers of type j, then

N-1

! N=\xy
P(x1,...,xN) = (1_ﬂ(1a_ 0)) (XIX-:-';;?I!V)' (,,,0261)—0)) g (

a1
u

K
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Prove Theorem 8.14, on the stationary distribution of closed Jackson net-
works, by verifying partial balance.

Solution

The partial balance equations are

D )Ty () = ). w(T; j(0)q(T; j(x),x), forx e S, 1 <i <1,
J#i j#i
with transition rates:

q(x,T; j(x)) = pi(xi)pij, xi >0,
q(x,T;,j(x)) =0 xi = 0.
We need to verify that
1 )
/ll'n’
m(ny,...,n;) = B(N) —_—,
1:_1[ 1—1;’:«::1 /Jl(m)

satisfy the balance equations.
Forn; > 0,

_ pi(ni) A e g
”(x)ﬂi(ni)—ﬂ(x)[; 2 m#;("ﬁl)m,l ,

which, after canceling and multiplying by A; yields the traffic equation for

node i:

/l,' = Z A Jj P JRD

j#i,0

which are exactly the traffic equations defining A.
Prove the arrival theorem, customers in transit see a stationary state, for both
open and closed Jackson networks [Kelly|(1979);/Sevcik and Mitrani|(1981)].
Solution
Consider a customer transiting from queue 7 to queue j. Insert between these
queues a virtual queue 0 with a very high service rate pg. In the limit g — oo,
the added queue does not affect the system at all: the customers transiting
from queue i to queue j spend an infinitesimal time in the added virtual queue.
The virtual queue, however, enables ‘catching the customer in transition. The
transition occurs precisely in the short interval when there is a customer in
queue 0, i.e. when ng(7) = 1. The state distribution seen by the transiting
customer is the distribution of the other queues conditioned on ng = 1. The
new system is itself a Jackson network. The distribution of the rest of the
network when the customer is in transition is then given by:

n(ng=1,n1,...,ny)

P(ny,...,nrlng=1) = =n(ny,...,np),

n(ng=1)

as seen immediately by the product form nature of the stationary distribution.
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This proof works both for the open and the closed Jackson network, and also
for Kelly networks.

Verify the expressions for the stationary distribution of Kelly networks and
Kelly-type multi-class networks as given by (8.14), (8.15) and (8.16), (8.17).
Solution

We give the proof for Kelly-type multi-class networks, Kelly networks with
deterministic routes are a special case.

The proof is by Kelly’s Lemma 8.11. Let C(i) = (¢(i, 1), ..., c(i, n;)) be the
list of customer alsses in positions » = 1,...,n; at node i, and the state be
C = (C(1)...,C(7)). Transitions are arrivals of class k to position r at node
i = s(k), transitions from class k in position r at node i = s(k) to class /
in position 4 and node j = s(/) and departures from class k in position r at
node i = s(k), with rates:

TO,k,r(C) = akér,nﬁl S(k) =i
T 1.0(C) = @i (M) Yr i, Pk iOn 1 s(k) =i,5(1) = j
Ti,r,0(C) = i (ni)yr n, gk Gk = 1 = Xpgk Prts s(k) =i.

Consider now the time reversed process. We use the same arguments as for
Exercise[8.9] The reversed process is again a Kelly-type multi-class network,
with the following parameters: The flow rates Ay are the same. The arrival
rates are oz,’; = Axqk, the routing probabilities are p+*y; = j—i D1k, and the
departure rate is g; = j—: The policy at node i is given by vy, = 6y n,>
5:’,,1._,_1 =Yr.n+1-

By exactly the same argument as inM the Y o = Yarand Y, p; +q; =1,
so the reversed process is indeed a Kelly-type multi-class network. Hence,
we actually know all the reversed transition rates.

It remains to check that for each possible transition, the conjectured r satisfy:
m(C)q(C,C") =n(C)q"(C’, C):

—Forarrivals, check that: 7(C)xq(C, To k.- (C)) = n(To.k.r (C))Xq* (To.x,r (C), C):

Ak (€25
C) X a6y p+1 = 1(C)——— —.
7T( ) Ak Or,n;+1 77( ),Ui(l’li+1) /lk
— For routing, check that: 7(C) X q(C, Tk, 1,h(C)) = 7(Ty r1.0(C)) X
q" (Tr1,n(C), C)

X pi(n; +1)6, p41

piln) A4 Ak
—_ XU . %) ] —
A py(ng+ 1) 1 (nj41)0n,n 41 1,

— For departures, check that: 7(C) X q(C, T r,0(C)) = 7(Tkr0(C)) X
q"(Tir 0(C), C)

m(C)YXui (1) ¥r o, Pri0h n41 = 71(C) PrdVrong-

(n:
7(C) X ui(ni)yrnqr = ﬂ(C)%k’) X Ak GkYrn; -

(*¢) Consider an M/M/K/K Erlang loss system, where service rates of the
servers differ, say server k has service rate . Use the policy of assign to
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longest idle server (ALIS), so arriving customers go to the server which has
been idle for the longest time. Show that this system is insensitive |[Adan and
Weiss (2012)].

Solution

We do not give the solution here. It is the main result of the paper|Adan and
Weiss (2012))

(*) The following is a model for a Jackson network with positive as well as
negative customers. Nodes are i = 1, ..., I, service rates y;. Positive cus-
tomers arrive at rate o and are added to the queue at node i. Negative cus-
tomers arrive at rate @; , and on arrival they eliminate a customer from node
i if not empty. On completion of service, positive customers move as positive
customers with routing probabilities p; I and move as negative customers
with probabilities p; ;, where on arrival at node j they eliminate a customer
if not empty, and depart atrate d; =1 -3, (p;f,j + p;j). Arrivals, processing
and routings are independent and memoryless. The state of the system is
given by the queue lengths of positive customers, Q(¢) = (ny,...,nr). Prove
that Q(¢) has product form stationary distribution []; p;(1 — p;)™, where

A . . .
pi = m < 1, where /llf,/li , i =1,...,1 solve the non-linear equations:
L

AF=af+ ) wipiph
J
4 =a; + Z HipPjPj s
J
whenever these equations have a unique solution. Such systems are moti-
vated as modeling networks of neurons: a positive signal arriving at a neuron
increases its total signal count or potential by one; a negative signal reduces
it by one if the potential is positive. When its potential is positive, a neu-
ron“fires”, sending positive or negative signals at random intervals to other
neurons or to the outside. Positive signals represent excitatory signals and
negative signals represent inhibition [Gelenbe|(1991)].
Solution
We do not give the solution here. It is the main result in the paper of |Gelenbe
(1991).
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Prove by induction that the implicit conditions of the dynamics, the non-
negativity, and work conservation (9.1), (9.2), uniquely determine the queue
length process.

Solution

We note first that for any time ¢ the number of arrivals and job completions is
finite. We therefore can use induction to prove that the equations determine
all the queue lengths up to time 7. We proceed by induction on the events of
arrivals and job completions. Starting at time 0, the queue length is constant
Q(t) = Q(0) by (9.1), all the non-empty nodes are processing jobs so 7 (¢)
for those nodes increases at rate 1, and idleness increases at empty nodes, by
(9.2). We are waiting for the first event at time 1, which can be an arrival or
a job completion. If an arrival occurs at noe 7, A; (¢) increases by one, and so
does Q;(r) by (9.1). If a job completion occurs at node i, S; (7;(¢)) increases
by 1, and at the same time, we get a value for &; (S;(7;(7)). As a result, a job
leaves so Q; () decreases by 1, and if &; ;(S;(7;(¢))) = 1, then R; ; (S;(7:(?))
increases by 1, and Q; () increases by 1, all of this according to (9.1). We
now wait for the next event at time #,, where in (1, t;) the evolution of 7, I
is governed by (9.2), and then at 7, the changes in A, S, R, Q are governed
by (9.1), and we proceed by induction up to time ¢. This proves that (9.1) and
(9.2) determine Q(t), ¢t > 0.

Consider the Jackson network with the following data:

60 0 04 02 04 O 62.5

12.5 0 0 05 0 05 30

a= 0 , P=( 0 0 0 0 051, u=1| 50
0 0 02 0 0 08 30

0 02 0 0 0 0 75

(a) Draw the network

(b) Classify the states into stable, overloaded and balanced and describe the
long term behavior.

(c) Find the steady state limiting distribution of the stable part of the network.
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(d) Assume that initial limiting fluid, under fluid scaling

62.5

30

Q) =]| 50
30

75

Calculate the fluid paths of the network.

Solution

(@)
(3

4

(b) We use the algorithm developed in Exercise[9.4]
Iteration 1 We calculate the inflow rates to all nodes when the outflows from
all nodes are equal to the full processing rates:

vi = i, = (75.,31.,40.,25.,64.), u — A = (-12.5,-1.,10.,5., 11.).

We conclude that nodes {3, 4,5} are of type A, they are stable.

Iteration 2 we use equations with U = {3,4,5}, and U = {1,2}. We
obtain that if nodes in U are stable, and outflow from nodes in U are at rates
Ui, then the inflows are:

Vi =M1, vy =M, A=(71.,30,40.,25.,55.), u-1=(-8.5,0.,10.,5.,20.)
The set of nodes that must be stable has remained as after iterations 1. Hence
Type A: {3,4,5}, Type B: {2}, Type C: {1}

In the long run, node 1 will accumulate inventory at rate 8.5. Node 2 will be
transient. Nodes 3.,4,5 will behave like a stable Jackson network. The traffic
intensities of nodes 3,4,5 are:

p3 =40/50=0.8, pa =25/30 = 0.833, ps =55/75=0.733.
(c) If input of customers is Poisson, and services exponential then

5
lim P((Q3(1), Qu(1, @5 (1) = (n3,ma,m5) = [ [ (1= po)p}"

i=3
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(d) The evolution is govem on the next table, at time points ¢ = 5,6,6.2
buffers 3,4,5 empty, buffer 2 reaches constant level 36 at time t — 6, and
buffer 1 reaches level 140 at ¢ = 6.2 and thereafter continues to fill up at rate
8.5. The following table shows levels x and rates of change in level v:

to=0 =5 =6 13=6.2
X v X % X v X 1%
1 625 125 125 125 1375 125 140 8.5
2 30 1 35 1 36 0 36 0
3 50 -10 0 0 0 0 0 0
4 30 -5 5 -5 0 0 0 0
5 75 -11 20 -16 4 -20 0 0

Suppose that in the solution of the LCP (9.5), (9.6) the identities of the nodes
of type A (underloaded) are known, i.e. U = {i : w; > 0} is given. Derive
the solution of the LCP problem and the rate of inflow A and outflows v for
the network.

Solution

Denote by Py,v the submatrix of P with rows U and columns V. Let the
complement of U be U. then:

-1
Ay = (I - PL’U) (a +PTU,U1“U)
and vy = Ay . Furthermore, vz = ug7, and
/lU = CZU+ P;J,U/IU + PTH’U/,IU
Finally,
w =0, zg=dg—ug, wg=0, wy=uy-Au.

It is now possible to identify nodes of type B by v; = A; and of type C by
A > v

Prove that if you define A = & + P", then A; > A;, i.e. A provides an upper
bound for the vector of inflows. Generalize this statement for subsets of nodes,
and use it to derive an algorithm to solve the LCP (9.5), (9.6) in at most /
iterations, each involving one matrix inversion.

Solution

Clearly, by v; < p;, and non-negativity of P, @, u, v:

A=a+Pu>a+Pv=2 9.1

This implies that all nodes U(1) = {i : A; < y;} must be of type A.
To generalize this, let U be a subset of the nodes. It is immediate to see that
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if the spectral radius of P is < 1 so is the spectral radius of Py . Then, by
non-negativity of (1 — P}, )",

Ay = (I-P, 1)) ey +Pg yvg) < U= P )~ (au + Py yug) 92)

From the previous exercise we have, assuming that i € U have outflow rate
Ui, the inflow rates to all nodes are given by:

— _ pT -1 T o
=~ PU,U) (ay +PU,U'UU) 9.3)
— T T N

/]'U =agt PU,U/lU + Pﬁ,U/JU

The iterative procedure will be:

- iteration 1: Let U(0) = 0, solve for new values A1, Set U(1) = {i :
/lgl) < /.ti}.

- iteration k: SolveMwith U(k — 1), for new values 1%). Set U(k) = {i :
A <),

- IfU(k) = U(k — 1), stop, you found the correct inflow rates 1 = 1(X)_ Else,
g0 to next iteration.

Proof ifinstep 1 U(1) ={1,..., I}, the network is stable. If U(1) = U(0),
all nodes are of type B or C. In all other cases, we show by induction that
U(k) 2 U(k—1). Thisis so trivially for step 1. Assume U(k—1) 2 U(k-2),
if they are equal the algorithm will stop. Else assume U(k — 1) > U(k - 2).
Then by the above, 1X) < A%~ and hence U(k) 2 U(k - 1).

So the sets U(k) increase until they become maximal. At that point, A; and
vi=A4; A, i =1,...,1 solve the generalized traffic equations. m|

Consider a memoryless Jackson network Q(#), and let U = {i : p; = A;/u; <
1} be its type A nodes. Define the network Q* () by:

ot @t 2jeu Mjpji 1€U
! ; i ¢ U

bt = 0 i¢UandjeU
iJ pi,j otherwise

(i) Show that Qf (1) s Q;(t)

(ii) Find the stationary distribution of the process @y (¢), that includes only
the queues at the nodes in i.

Solution

(i) We couple system Q(r) with system Q™ (¢), by letting the arrivals at rate
Hj,j ¢ U insystem * with job completions or dummy events at nodes j ¢ U.
It is then seen that nodes i € U will receive more input in sytem *, so we
will have Q; (1) > Q;(t) ,i € U, and also D} (1) > D;(t),i € U, from which
we obtain that nodes i ¢ U will also receive more input in system *, so also
Q) =2Qi(t),igU

(ii) In the system * the nodes i € U are isolated from the nodes i ¢ U, as
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far as input, while output from the U sub-system goes partly to i ¢ U and
partly out. Thus it is a Jackson network with A;, i € U solving (9.5), (9.6)
with v; = u;, i ¢ U, v; = A;, i € U, i.e. the A; of the traffic equations for Q.
Consider a memoryless Jackson network Q(#), and let U = {i : p; = A;/u; <
1} be its type A nodes. Define the network Q€ () by:

€

;" =

1Py = Mibig

u—,e —€ _ Midi ielU
Lo Migi+Ai—pi+e 1¢U

where A; is the inflow rate obtained from the traffic equations for @, and
qi, qi_’E are the fraction of completed jobs at node i that leave the system.
(i) Show that Q" (1) <s7 Q;(1)

(ii) Show that Q€ (¢) is stable, and find its stationary distribution.
Solution

(i) We again couple Q(7) and Q™€ () by having the same coupled sequences
of arrivals, and job completions running all the time, with dummy comple-
tions when nodes are empty. Furthermore, when a job in system Q"€ () is
routed into a node i ¢ U, it leaves the system immediately with probability
(A; — i + €)/A;. Then in system Q€ (¢) there will be less items in nodes
i ¢ U, and so altogether Q"€ (t) < Q(r).

(ii) Let 4; be the inflow rates in Q(¢) (solving 2 = a + P"(1 A u)). Consider
first the system Q™ (#) = Q(¢), with € = 0. In this system y; = y;, i € U
and p; = A;, i ¢ U,and p; ;= pij, i € U while p; = 8p; ;, i ¢ U. In the
Q (1) system A = @ + P'4, and nodes in U are type A the rest are type B.
For the systems Q€ (¢), the processing rates are higher, and all the routing
in and out of node in U as well as routing rates into nodes not in U are same
as for Q, the same A will solve the traffic equations, with u—€ > A; for all
nodes, so the system Q™€ (¢) is stable.

Use the results of the previous exercises to prove:

Theorem 9.1 (Goodman and Massey (1984)). In a Jackson network, for the
set of nodes U = {i : p; = A;/u; < 1} (nodes of type A, stable nodes),

lim P(Q(1) =ni =i € U) = [ [(1-p0)pl",
ieU
by showing that Q€ (¢), Q(t), Q*(¢) can be coupled so that: Q7€ (r) <
Q1) < Q*(1).
Solution
All the systems Q(7), Q*(7), @€ (¢) are Jackson networks. For the nodes in
U,
lim Q,;“(r) < tlirn Qu(t) < tlim Qg (),

t—o00
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and with p; = A;/u;, i € U,
Jim Q7 (1) = [ (1= po)pf Jim lim Q) (1) = [ [(1=poef,
ieU ieU
and the theorem follows.
We have derived the diffusion limits for a stable GI/GI/1 queueing network,
where the queue length converges to RBM(t;6, A(c2 + ¢2)), where 6 =
lim /n(A"™ — u™) . For a queue with input consisting of the superposition of
several renewal processes, and with s servers, a similar result was derived by
Iglehart and Whitt (1970a,b). The proof requires quite a bit of technique, but
can you just write down what you think is the result ?
Solution
Assume that there are r renewal arrival streams, A;(¢), i = 1,...,r with
rates A; and coefficients of variations ¢; , and s processors, with processing
completions renewal processes, S;(t), j = 1,...,s with rates u; and co-
efficients of variations c; ;. All arrivals join single queue and services are
started in the order of arrivals. Assume a sequence oof such systems, indexed
by superscripts ", let A" = »7_ | A¥ and u" = Z;:I w'j such that A7 — A;,
W} — pj. Assume nt2(A" — u")y — 9 with —o0 < ¢ < 0.
Then the centralized queue length satisfies: Q" (¢)/n'/?> converges to a re-
flected Brownian motion with drift 6 and diffusion coefficient }.;_, /L-c%’ ot
‘;:1 /1163’ 5
In Section 9.5 we derived the components of the variance covariance matrix
I" when all the stations are heavily loaded. Generalize this for the case when
the nodes of the network are of type A, B, and C [Chen and Mandelbaum
(1991) or|Chen and Mandelbaum (1994)].
Solution
See calculations in/Chen and Mandelbaum (1991) or/Chen and Mandelbaum
(1994).
Consider a tandem queueing network with two nodes. Construct an example
with deterministic arrivals and deterministic service times, for which p; < 1
but the system never empties.
Solution
Arrivals are at times 0, 2,4, . . ., service time at the both servers is 3/2.

server 2 N N N
server 1 N k N

Consider a parallel service system with two servers, in which arrivals are
assigned randomly to one of the servers, and leave at service completion.
Construct an example with deterministic arrivals and deterministic service
times, for which p; < 1 but the system never empties.

Solution

Arrivals are at times 0, 1, 2, . . ., service time is 3/2, arrival assigned to server
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1 or server 2, each with probability 1/2. This system is stable, since arrivals
to each server are at rate 1/2, and service rate is 2/3, so p < 1 at each server.
Assume the system is not empty during (n, n+ 1), because a customer arrives
at time n, and goes to one of the servers, which may be busy or not busy,
but in any case with the new customer that server will be busy at least until
n+3/2,and at n+ 1 another customer arrives so the system will be non-empty
in(n+1,n+2).
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Fluid Models of Multi-Class Queueing
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Multi-Class Queueing Networks, Instability

10.1

10.2

10.3

and Markov Representations

Exercises

Prove that the Lu-Kumar system, with @ = 1 and deterministic arrivals and
service times, starting with x parts at time 07, does not diverge under any
buffer priority policy exept priority to buffers 2 and 4. Analyze the case that
priority is given to buffers 1 and 3 in detail.

Solution

There are 4=2x2 priority policies. We know that priority to 2 and 4 may blow
up. The following is a picture of how jobs are processed when priority is
given to buffers 1 and 3. The picture remains almost the same with priority
to 1 and 2. It is seen that eventually the initial workload of 3 is diminished,
and the system is stable.

Priority to buffers land 3,

The Lu-Kumar network has immediate feedback from class 2 to class 3 at
the same node. Show that a similar example can be constructed without
immediate feedback.

Solution

Adding a station serving buffer 5 on the route between 2 and 3, will may still
be unstable under priority to 2 and 4.

1 2

—~
5
1

4 3

Explain that the FIFO network of Bramson operates similarly to the Lu-
Kumar network under class 2,4 priorities.
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Solution

Starting from x customers in 1 and all others empty, they quickly move to 2.
all these customers have priority over buffers 3-5, since they arrived earlier.
When all are out of 2, they very quickly move through 3-5 snd into 6. Note
that at that time 1 is almost empty, since while 2 was processing all input from
1 went straight to 2. Now 6 has a very large quantity of arrivals that arrived
almost simultaneously, and further input to 1 has to wait as they arrived later,
so while 6 is working input to 2 is again blocked. So 2 and 6 form a virtual
machine also for this FIFO network.

Consider the Lu-Kumar network with Poisson input of rate 1, exponential
services with rates u in buffers 2 and 4, and negligible processing time at
buffer 1 and 3. Argue that under priority to buffers 2 and 4, it is stable for
4 < 2 and blow up for p > 2.

Solution

Assume at time 0~ there are altogether x customers in buffer 1. At time 0
they move to buffer 2 which will work until empty. Time to get to this point
consists of the sum x independent busy periods of the M/M/1 queue. It can
be shown that the average number served in a busy period of an M/M/1
queue is (1 — p)~! = l% So when they move to buffer 4, there will be Y
customers, with E(Y) = /% The duration of their service T has expectation:
E(T) = ﬁ and the number of arrivals to buffer 1 is then X with expectation
E(X) = ﬁ So now we compare: x with E(X):

E(X)= —— Sx e=uz2.
u—1

This shows that for 4 < 2 the number in buffer 1 after this cycle is larger than
at time 07, so the queue blows up. It indicates that it is stable if u > 2.

The complete proof of stability is: Starting from any state, one of the buffers
2, or 4 will empty first, and if it is buffer 4, then at the end of work in buffer 2
and 4 we will at time Ty be with x customers in buffer 1 and all others empty.
We now look at the stopping times 7;, > T,_; of this happening again and
use Foster multiplicative criterion to show stability.

Analyze the KSRS network with deterministic interarrivals and services,
under priority to buffers 2 and 4, when it satisfies all 3 conditions, and when
it violates the virtual machine condition.

Solution

Assume arrivals to buffer 1 are at 1,3,5,... and to buffer 3 at 2,4,6, .. ..
Procssing rates at buffers 1,3 are negligible and the are at rate u in each
of the buffers 2,4. Assume the system starts at O with x in buffer 1 and all
the others empty. We need u > 1/2 so the two machines are stable. For the
virtual machine we need u > 1.

For the example, buffer 1 transfers to 2 and 2 will work for a time of length
x/(u — 1/2), at which time buffer 3 will accumulate x/(2u — 1) which will
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transfer to buffer 4 and buffer 4 will the empty at x/(2(u — 1/2)?), and by
the time buffer 4 will be empty, buffer 1 will accumulate x/(2u — 1)2. So it
will be stable or unstable if:

EX)=x/2u-1?sx epuzl

Propose a Markov process to describe MCQN under FCFS, that does not
require the ages of all the customers in the system.

Solution

It is enough in addition to the vector (Q,U, V), to keep for each buffer a
list of the classes of the items in the buffer in their order of arrival. Then at
any event of a customer moving from buffer i to buffer j (including buffer
0 for the outside world), the state of the two buffers i, j is updated, by
deleting the leaving item from i/ (where he was first in the list) and adding
his class designation as last in the list of buffer j. The next item to be
served at any buffer is then the HOL item from the class that is first in the
list. Note that this list of classes for each buffer is finite, the state space
of this additional information Y is countable. Hence, for Poisson arrivals
and exponential service, the MCQN under FCFS has countable state space.
Unfortunately this does not make it any more tractable.

(*) To describe the dynamics of a single queue under SPT or SRPT, one
requires keeping track of the remaining processing times of all jobs. This
requires that the queue be described by a measure valued process. Describe
the dynamics of the single queue under SPT or SRPT.

Solution Down et al.|(2009)

The state of the system is described by the measure valued process Z () =
2 j<A(t) Ov; (1) Where A(2) is the number of initial and arrivals up to time 7,
v; (1) is the remaining processing time of the jth arrival, and 6,,,(r) is a point
measure of 1 at the remaining processing time of job j if positive, and is O
if job v;(#) = 0 so job j has already departed. Denoting by y the function
x(¢) =t, and by 17 the function 1(¢) = 1, # > 0, 1(0) = 0, and for function
f and measure ¢ let (f, &) be integral of f by measure &. Then:

Q(t) = '/Ot 1dZ(x) = (1%, 2),

W) = /0 xd(Z(x) = (. Z).
D(1) = Z(0).

With this measure valued description we need to describe the dynamics: For
SRPT, all v;(#) except the shortest are unchanged, the shortest decreases at
rate 1. A job is preempted if a new shortest job arrives. At draws, lower j has
priority. For SPT there are no preemptions. The following figure describes
the measure valued process for SRPT:
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Time

Point measure

(*) Consider a single server queue. Denote by ¢(x) = 1/x, x > 0, ¢(0) = 0.
Define the attained service process r7(¢) = /Ot ¢(Q(s))ds. Itis the cumulative
amount of service per customer delivered by the server under PS policy.
Use it to express the measure valued process and the dynamics of the queue
[[Gromoll et al.|(2002); |Gromoll (2004)].

Solution

With the measure valued process Z (¢) as above the dynamics for PS are that
the value of

vj(t) = (vj - (n(1) - U(”j)) vo

where u; is the arrival time of customer j, and v; is his processing time.
The following figure describes the measure valued process for PS:

Time

Point measure

Consider the M/G/1 queue, with state described by (n,x) where n is the
number of customers in the system, and x the age of the customer in service
(0 if empty). Show that {(0,x) : 0 < x < «} is a uniformly small set.
Solution

Let P!, (B) be the probability to go from state (n,x) at time O to set B at
time ¢. For given «, define the measure &(B) = PgO(B)e‘”T, where T is any
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value > k. Then for x < k,
P§ ((B) = P .(B|arrival in (0,T) )P(arrival in (0, T))
+Pg,x (B | no arrival in (0, T))P(no arrival in (0, T))
= Pax(B | arrival in (0, 7))P(arrival in (0, 7)) + Pg,o(B)e_/lT
> £(B).

10.10 Consider the GI/GI/1 queue, with state described by (n,x, y) where n is the
number of customers in the system, and x the age of the customer in service (0
if empty), and y the time since the last arrival. Assume that interarrival times
have infinite support. Show that {(0,x,y) : 0 < x +y < «} is a uniformly
small set.

Solution

The proof is the same, by replacing e~ with P(interarrival > T). The
assumption of unbounded support cannot be relaxed if we want the result to
hold for any GI/GI/1 queue. Otherwise, if interarrival and service times are
deterministic the chain cannot be a Harris chain.

10.11 Show that if there is more than one input to a MCQN (or even a generalized
Jackson network), and interarrival times are integer, then the Markov process
describing the network cannot be ergodic.

Solution

Consider some stable MCQN, and let u;,u> be the initial residual times
to arrival at station 1 and station 2. Assume at time O we have on paths
of scenario 1, u; = O,up = 1/x, an on the paths of scenario 2 we have
u; = 0,up = 1/e. Then clearly, the states where the remaining times to
arrivals satisfy U (1) — U (¢) € A, will occur in different frequency of times
under scenario 1 and under scenario 2. So the process cannot be ergodic.
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Exercises

Derive the standard fluid model equations under the assumption that %U £(0) —
Ui (0) > 0,and 1v2(0) - V,(0) > 0,fork =1,...,K,as n — oo.
Solution

In vector form:

Q1) = Q(0) +a(t — U(0))" = R(T (1) - V(0))"

Since exogenous input to k (excluding the first arrival that arrives at time
U (0)) only starts to accumulate after Uy (0), and time devoted to processing
out of k (excluding time devoted to the first customer, which is equal to
Vi (0)) only starts after V' (0).

Explain the stochastic and the fluid model equations (11.5), (11.6) that are
added for static priority policies. Show that they determine the stochastic
queueing process, and verify that their fluid versions are satisfied by every
fluid limit.

Solution

For priority policy: we indeed require that while QZ(t) > 0 all processing to
buffers that are not with priority equal to or exceeding k should be stopped,
and by work conservation there should be no idling, so 7 — 7,:*(t) cannot
increase. This explains (11.5).

We next show that the standard equations and the added (11.5) determine
Q(1). Evolution between events and the change in state at events are deter-
mined by the standard equations. So all that remains is the decision at arrivals
or job completions which job to start, and by HOL, which class to start. If at
node i class k has highest priority among customers present, then we cannot
start priority higher than k since empty, and not priority lower than k because
t — 7.7 (t) cannot grow by (11.5). Hence, by non-idling, HOL job of class k
will start.

To see (11.6) assume @Z(t) > 0. By continuity of Q, @Z () is positive for
some t; <t < tp, and so QZ+(t) > 01in nt; <t < nt, for n > ng, and hence
t — 7' (¢) is not increasing in nt; < t < ntp for n > ng, and so ¢ — 7_';2 (t) is

94
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not increasing in t; < ¢ < f,. It follows that (11.6) is satisfied by every fluid
limit.

Write down the stochastic system equations for class and station immediate
workload, and the resulting standard fluid model equations for them.
Solution

The amount of work for class k at time ¢ consists of residual service of
customer in service plus the work for all other customers in that class. Let
Vi (t) be the residual service of job currently in service (or 0 if empty).

Sk (Tr (1)) +@Qu (1)
W) =Ve@+ > w0
=8k (Tr (1)) 42

Assume for simplicity %VI’:(O) — 0 as n — co. We have

1 1 S¢ (T (nt))+Qy (nt)
— W/ (nt) = =V} (nt) + — > v (€)
n n n

=87 (T (n1))+2

The first summand converges to 0 by Lemma 11.5. The second summand can
be written as a difference between two sums starting at 1. Now:

ST (nt))+1 ST (nt)) + 1 ST (nt)+1
1
= > wmD= (0 ) > w@
n i n S,’(’('];"(nt)) +1 e

— T x(Omg =T (1), uwo.c.int, as.
by the fact that T (1) < t, time change, and FSLLN. For the second sum:
ST (nt))+Q" (nt)
1Kk k S™(T." (nt Q" (nt
2 Z Uk(f)=( k(k( ))+ k( ))
n

n n

=1

1 SP(T (nt)+Q} (nt)

SR I TG

=1
— (kT k(1) + Qi (1))my = T i (1) + mpQi (1)) wo.c.int, as.

So:

1 _ -
=W, (nt) = Wi(t) =mpQi(t) u.o.c.int,as.
n

The immediate workload for station 7 is defined as the sum of Wy (7). It is
the time to finish the current operation on each of the jobs currently in any of
the buffers of the station. Arrivals after ¢ from other stations are not included,
and also jobs that complete at station i are not readmitted for further visits to
station i after 7.

Another way to calculate it is to look at what entered exogenously, Ay (1),
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and what enters from other stations, ), R x (S;(71(¢))). Denote Ex (1) =
Qi (0) + A (1) + Xyzr Rik (Si(71(2))), Then

Sk (1)

W)= > w®- ) T@).

keC; ¢=1 keC;

Which counts all the work for buffer k of all the jobs that entered before ¢,
added up over the stations, and subtract the total time that the station worked
before 7.

For the fluid limit we again write:

&M (nt)
1 1% 1
Wiy = > = Y () = =T ()
n keC; n =1 n
EM(nt)
El(nt) 1 ‘ 1

= vk (€) = =7, (nt)
k;[ n & (nt) ; n

- Z my | @k (0) +akt+ZPl,kﬂlTl(t) - T k()
iec: 17k

= Z miQi (), uwo.c.int,as.

keC;

Explain the stochastic and the fluid model equations (11.7) — (11.9) that are
added for FCFS policies. Show that they determine the stochastic workload
and queueing processes, and verify that their fluid versions are satisfied by
every FCFS fluid limit.

Solution

The immediate workload is exactly all that at time ¢ needs to be processed in
machine i before any job that arrived, from outside or from any other buffer
after time ¢ can be started. Under FCFS, this is exactly what will happen at
time #: from time ¢ to time ¢ + ‘W;(¢), station i will not be empty and wiil be
working without idling (work conderving), and it will only be working on
jobs that arrived before ¢ by FCFS, until # + ‘W (¢), at which time all the jobs
that arrived to machine i before ¢ will be exhausted. So all arrivals prior to ¢
will form the departures up to time 7 + W;(¢).

This is again an implicit equation, but when considered event by event, it
exactly provides the unique sample path of the policy. In particular, when
a job joins the queue in buffer k at time ¢, his start of processing time is
determined exactly as ¢t + W;(t).

We have already verified equation (11.9), that Wi (1) = mpQp (1), the re-
maining fluid equations follow immediately.

Prove Lemma 11.5.
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Solution

Proof of Lemma 11.5 (Bramson|(2008), Lemma 4.13)  Wehavev; > 0i.i.d.
with E(v;) = m < co. We wish to show that

1 1
—max{vy,...,uy} = 0as., —E(max{ul,...,un}) -0
n

Consider the random walk S(¢) = ZLIJ v;. By FSLLN, %S(nt) — mt as.
uniformly for ¢ € [0, 1]. For € > 0, we have for n large enough:

1 1 Ltan]

— max v; < — Z v; < (thp —t1 +€)m,
n nin<i<uhn n .
i=|lhn)

holds uniformly for all 0 < #; <, < 1. Sett, — t; = €. We get:

max{vi,...,uy} = sup max i < 2emn,
t€[0,1] tn<l<(r+e)n

and we have shown that: 1+ max{v,...,v,} — 0as.

Clearly, by E(%S(nt)) = mt —S(nt) are uniformly 1ntegrable andso - max{vl, e

are uniformly integrable, and therefore also:
%E (max{vy,...,un}) — 0. O

remark  The condition v; > 0 is not necessary: One can do the proof
separately for v} and for v; .

Prove Theorem 11.12

Solution

Proof of Theorem 11.12 _(Bramson (2008), Propositéon 5.21) We assume:
For any fluid limit with Q(0) = 0 exists ¢ such that Q(5) # 0. Need to show:
for any fixed Q(0) =x and w € ©, lim;_, 2w 5 o,

Q(t’w) = 0. Then for all a,, — oo,

— 0, and also for any fixed &, Q(“"é @)

n dn

Assume to contrary: for w € ®, lim;_,, =>—

Q(an,w) — 0. By existence of

fluid limits, we have subsequence a, — oo such that Q(au’—fw) — Q(r). This
fluid limit must have Q(0) = 0, since we had a single path, with fixed initial
condition. By assumption, ther exist & for this fluid limit for which Q(6) # 0.
But then: lim,, 00 Q(a’6 @) 0, a contradiction. This proves (a)

To prove (b): We assume pi > 1 for some station. We argue now for any fluid
limit that:

Q1) - Q(0)) = CR™! (at = (I - PND(1)) = pt — CT (1).

But C7 (1) < t componentwise, and therefore there exists ¢ > 0 so that for
every fluid limit with Q(0) = 0, |Q(¢)| = ct. The same argument as for (a)
then leads to liminf, ., |Q(?)|/t > c. O

!Ul’l}
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Prove Lemma 11.13
Solution

Proof of Lemmall.13  Assume at some regular 7, £(¢) = 0 but f(z) # 0. If
f (t) = ¢ > 0, then for some small € and &, @ < —c+e€ < 0, contradicting
f = 0. The case ¢ < 0 is similar.

Next, assume if () > O then f(¢) < k. Assume f(0) > 0, and assume
that f(s) > O for all s € [0,7]. By absolute continuity we have f(¢) =
f(0) + fot Ff(s)ds < f(0) —«t. Sot < £(0)/k, and so f(¢) will reach 0 by
time f(0)/«.

Assume when f(f) > 0, f(r) < 0. We wish to show that if f(z9) = 0
then f(z) = 0 for all + > ty. We have: f(¢) = f(t9) + ftot f(s)ds = 0 since
for s € [to,t], if f(s) > 0, f(s) < 0, and if f(s) = 0, then as we saw,
f(s)=0. O

Show that in a stable Jackson network, Q(7) need not be a decreasing function
in all coordinates while ¢ < t.

Solution

Consider a two station tandem queue, with @ = 2, u; = 4, yp = 3 and
initial fluid Q;(0) = Q,(0) = 5. The fluid in the two buffers is plotted in the
following figure:

Show that a feed forward MCQN is stable under any work conserving HOL
policy.

Solution

Order the stations 1, . . ., I so that customers never go from k € C; tol € C;
if i > j. The stability follows immediately, since the fluid model will empty
stations 1 in finite time (by Theorem 11.15 for the single station). Following
that, station 2, if not empty yet, will empty in finite time, and so on.

11.10 Prove that a re-entant line with p < 1 is stable under LBFS.

Solution .
We take arrival rate 1, and consider f(r) = |Q(7)], and its derivative ()
at regular points. First, because |Q(t)| = |Q(0)| + ¢ — ux Tk (1), we have
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f(1) =1 —dg(1). Let ko be the last non-empty fluid buffer at time #, so by
(b) di(t) = ... = dg(t). We have that 7_;'(t) = 1. On the other hand we
have 7% (1) = Yjep, midi (1) = di (t) Xyep, mi. s0 dg (1) = 1/ X e, mi.
Let 1 = 1/maxi<i<s Dgec, Mk = max; p;. Then, by the above, and the
assumption that p; < 1 we have dg () > A > 1. Hence the system will be
empty at or before the time |Q(0)|/(1 — 1).

11.11 Consider a fluid re-entrant line with input rate 1, and initial buffer contents
Q1 (0) = 1 and all the other buffers empty. Show that this fluid re-entrant line
under FBFS policy will be empty by time

£ TS (1= Zemum)
= k
=1 Iy, (1 —2jeH, mj)

Solution (Dai and Weiss|(1996)),

As we saw, under FBFS buffers will empty 1,2, . .. so that buffer k is empty
at time ¢ and stays empty thereafter. Since we started with all buffers except
1 empty, fluid will move from 1 to 2, then 2 will empty into 3, etc. We now
calculate recursively: from |Q(#x—1)| which is the content of buffer k, we
obtain t; — t;_1, and then |Q(t)]. Initially, |Q(0)| = 1, and #; = li”—r;“, )
Q) =(1+11) = =~

At time 7;_1, all the ﬂu1d will be in buffer k, the quantity being |Q(#x-1)|.
1= jer \k M _
ST S ] g0 @ =

The outflow rate from buffer k£ will be d; =

my
—(dr — 1) <0, and:
1Q(tk-1)| 1)| mp
e — gl = Q(txo)| —=——"m—
=T = |Q(tk- 1)|1_ZJ€Hka
and:
mp
Q)| = 1Q(tx-1)| +tx — ti—1 = |Q(tx-1)| |1 + —)
1 =2 en, mj
1- Z jeH \k M j
= Q(tg-1)| —2——
1= en, mj
‘We have:
mi
te — tie1 = |Qtr-1) | —=——,
1= 2 e, mj
1= iem ke mj
Q1) = Q1) | 2]
1= jem mj
From which:

ko1- 2 jeHN\e M
Q)| = [ | T

£=1 Z] eH, Mj
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and

LS ng;]l(l - ZjeH(»\F mj)
tk = Z

nmip %
=1 [T (1= Xjen, mj)

Note: starting from any Q(0) with |Q(0)| = 1, the time to empty under FBFS
will be not more than the above value of 7x .

11.12 Find a lower bound to the time needed to empty a fluid re-entrant line, and
suggest a policy that will achieve this time.
Solution
Let g be the total fluid in buffer k, let @ be the inflow rate, mj processing
time for unit fluid at buffer k, and C; the constituency of station i. Dfine
q; = Zle q ;- Then the emptying time 7" must satisfy:

T> Z(C]Z+Ta)mk, i=1,...,1.
keC;

Define

- ZkeCi qz
! 1 _aZkECi mi

The the minimum time to empty is
T* =min(zy, ..., ).

It can be acieved if we use the processing rates for each of the buffers as

Note that inflow to k is dl’;l, so the rate of change at the level in each buffer
is g /T*. This means that we reduce all the levels at each of the buffers by a
constant rate until all the buffers are empty at the same time.

11.13 For the following two examples of fluid re-entrant lines, draw the fluid levels
for FBFS, LBFS, and minimum time to empty, and compare time to empty,
and inventory:

O C={1,2}, C, ={3}, a=0,m=(1,0.5,1), Q(0) = (1, 1,0).
(i) C; ={1,3}, C, = {2}, « =0, m = (1,2,0.5), Q(0) = (1,0, 1).
Solution
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FBFS FBFS
2 3
1 1 2
LBFS LBFS
(a) 2 3 (b) 3
1 1
MinTime MinTime
2 3
1 1

11.14 Consider a fluid MCQN with p < 1. Calculate a bound on the minimum
time to empty the network, and devise a policy that will achieve that lower
bound (use processor splitting, predictive policy). Use this to suggest a policy
that will be stable for any MCQN with p < 1.

Solution
The amount of work needed at stations i = 1,2,...,1 to empty the fluid
system by time T is given by wy, ..., w; as follows:

(Wiiz1,...1 = C diag(m)(I = P")™'(Q(0) + aT) := M(Q(0) +aT).
We can now solve for individual nodes:
t = (MQ(O))l_ + (Ma)itl-,
to get:
)

ti =

bl

1 (Ma)
and we then have the lower bound on emptying time:
T* = max(ty,...,t).
The amount of work at buffer k if we empty all by time 7™ is then:
(Wik=1.....x = diag(m)(I = P)™'(Q(0) + aT") := R™H(Q(0) +aT"),

and so a fluid policy for emptying in minimum time is to allocate a fraction
uy. of the processing time of node i to buffer k, where
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This will again empty the quantities in each buffer gradually at a constant
rate, until all buffer are empty at 7*.

These allocated rates, using processor splitting will approximate minimum
time for a discrete stochastic system, when the system is large i.e. has many
customers in the systems, and high arrival and processing rates.

A non-splitting non-preemptive version will be to choose next to process a
job from buffer k for which 7 (¢) — %t is maximal.

11.15 Consider a single station fluid re-entrant line with p < 1. Show that the total
amount of fluid in the network is minimized pathwise under LBFS policy,
and is maximized pathwise under FBFS policy.

Solution

Note first that the total time to empty is independent of the policy, as long as
it is non-idling, say itis T

With LBFS, we wish to show that the maximal amount leaves the system up
to any time 0 < t < T. Clearly, if we do not work on buffers 1,...,k — 1
we can empty buffers k, ..., K faster than if we do also work on buffers
1,...,k — 1. So if we work only on buffers k, ..., K until they are empty
at time t, we cannot do better in terms of total fluid leaving the system by
time 7. This shows that we should empty K first, then K — 1 etc., so LBFS
maximizes outflow and minimizes the quantity in the system pathwise. The

rates of outflow are: # for 0 < t < gxkmg = tg, followed by m%

K-1TMg
fortg <t <tx +qg-1(mg-1 +mg) = tg, and so on, so if buffers K, K —
1,..., k+1 are empty at time # this is followed by outflow at maximal rate

1/(myg+---+mg) for the time period tx41 < t < tge1+qr (Mp+- - -+mg) = ty.
By the time that buffers 2, . .., K are empty, we still need to empty buffer 1
which will take an additional time 7 — #,, to empty the quantity g; + a7, at
rate 1/(my +--- ,mg.

With FBFS no outflow occurs at all until buffers 1, ..., K — 1 are empty, so
this is least possible outflow for the longest possible duration. After that all
the fluid in the system is emptied at rate 1/mg . Because of non-idling we
cannot retain more in the system during that last period.

11.16 For a MCQN with several types of customers following deterministic routes,
devise static priority policies analog to FBFS and to LBFS, and prove their
stability. This could be termed a path priority policy
Solution
We can concatenate all the buffers to form a single sequence in which we
always keep buffers of the same route in their original order. Using FBFS or
LBFS will then empty buffers in a given order, and the only difference from
a re-entrant line is that by the time we reach a buffer to start working on it,
it may have accumulated some input, and while we work on a buffer it may
also still have exogenous inflow. if all p; < 1, the proofs of stability for this
new system remain valid.

11.17 Consider a two station three classes fluid re-entrant line, where C; =
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{1,3}, C; = {2}, and assume that @« = 1, m; + m3 < 1, mp < 1. Show
it is stable under all work conserving HOL policies [Dai and Weiss|(1996)].
Solution

We use piecewise linear Lyapunov functions as in Lemma 11.22. Let ‘W, () =
Y kec; Qi () be the immediate workload of node i, and @} (¢) = Z;‘Zl Q(t)
be the total current workload at buffer k in the re-entrant line. Let 6 = ml"i‘m3 .
Define:

G1(1) = 0Q; (1) + (1 - 0)Q5 (1),
Ga(1) = Q5 (1)

On Wi(t) =0,G(t) = (1 —0)Qx(t) < Q2(1) = G,(2), and on W () =0,
Gy(t) = Q1(1) < Qi (1) + (1 — 8)Q3(r) = G1(z), which is condition (ii) of
Lemma 11.22.

Next we consider ‘W (¢) > 0. Recall that in a re-entrant line Q; (1) = Q5 (0) +
t — uxTr (t). Hence:

G1(1) = G1(0)+1=0u1 Ti (1) = (1-0) u373(2) = G1(0)+1=(T1 (1) +T3(1)) / p1.-

But when ‘W, (¢) > 0 we have (77(¢) + 53(1)) = 1,50 G (1) = 1 — pil <0.
Similarly, if ‘W5 (r) > 0 then Go(f) = 1 — piz < 0, so condition (i) of Lemma
11.22 holds.

Take € = min((pl] -1, (pl2 — 1)), then by Lemma 11.22, G(t) = 0 for
t > G(0)/e, and so the fluid model of the re-entrant line is stable.

11.18 Write down the fluid model equations for the Lu Kumar network, under the
static priority policy of priority to buffers 2 and 4. Identify the properties of
all the fluid solutions of these equations.

Solution
The fluid model equations are (with ug = a, To(f) = 1):

Qi () = Qi (t) + pk—1 T k-1 (t) — T 1 (2),

Ty =1= ) T, fo t( > Quln)aZin =0,

keC; keC;
t
/ Qx(s)d(s — T2(s)) =0,
0
t
/ Qa(s)d(s — T (s)) = 0.
0
‘We now consider three situations:

(i) both Q@ () > 0, Q4(r) > 0: Then:

Qi) = @, Qo) = 2, Q3(1) = 2. Qu(1) =~y
11(1) = (1) = 0,D(1) = pa.
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(i) Q4(r) = 0, Q (1) > 0, : Then:
é1(f) =a-pu, Qo (1) = 1 — 2, Qs (1) = oo,
Ii(t) = 5(1) =0,D(1) = 0.
(iii) Q4(1) = 0, Q,(7) = 0, : Then:
é1(t) =0, Q (1) =a - jo, Q1) = i,
Ii(t)=1-a/w, L(t)=0,D(t) = 0.
(iv) Q2(t) = 0, Q3(r) > 0: Then:
é1 (1) = a, Qs(t) = —u3, Qu(t) = 3 — s
Ii(1) = L(1) =0,D(1) = pa.
(v) Q2(1) = 0, Q3(z) = 0: Then:
Qi(1) = @, Qu(1) = —pa,
Ii(1) =0, L(1) = 1, D(1) = pa.

11.19 For the Lu-Kumar network with input rate @ and initial fluid x in buffer 1,
show that when p; < 1 and m| +my > 1/a then my > my, mgq > ms3, so that
Figure 11.3 is correct. With sg = 0, calculate the values of 1, 2, 13, 51 and
Q(1),Q(12), Q(13)Q(s1).

Solution

(D) my+my < l/a
(2) m2+m3<1/a
3) my+my > 1/a

Subtract (1) from (3) to get my — m; > 0, and subtract (2) from (3) to get
my —m3 > 0, so while machine 1 is emptying buffer 1 into buffer 2, buffer 2
is filling up at rate 1/m; — 1/my, and while buffer 3 is emptying into buffer
4, buffer 4 is filling up at rate 1/m3 — 1/my4.

We use p; = 1/m;. Buffer 1 is filling at rate @, and emptying at rate x; and
is empty at t1. So x + at; = pty and 1) = .

At time #1, buffer 1 is empty and all the fluid quantity x + at; = y;t; is in
buffers 2 and 3. Buffer 3 has been filling up at rate u,, while buffer 2 has
been filling at rate u; — uy. So, buffer 2 contains # (uy — u1) and buffer 3
contains #1 uy. we have:

he X @(mz(o,wﬂ,o),
M-« m-a m-a

At time t,, buffers 1 and 2 are empty, and all the initial fluid and the fluid that
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came in over 0, 1, is in buffer 3. Station 2 is working all that time on buffer
2, and the equation is x + at, = fpuy. All the fluid is now in buffer 3, so:

X

n=—"—,  Qn)=(00-L20)

H—a M2 —a
During (2, ¢3) Buffer 3 is emptying at rate u3 with no further input, while
buffer 4 has inflow at rate p3 and outflow at rate 4, so that it is filling at rate

u3 — pa. Also, buffer 1 is filling up during all that time at rate «. So:

o=t 1 é(t3)=(

Hox @ Hox  p3 — ,U4)
po—aps’ - 3
Next, during the entire interval (7, s1) station 1 is working all the time on

buffer 4, which is empty at the end, so (s — t2) g = #’:fxa. Also during this
whole period buffer 1 is filling up, and we have:
1 _
si—np =22 Q(s1) = ( far 1,0,0,0)-
o — @ iy [ — @ iy

Reverting to m; = 1/y;,

x L px 1 (a4 + p2)x — (ma + mg)x

Sl = —_—= =
po—a po-aps (pp-a)us l-am
= m
Qi(sy) = T s
1/a —my
Substituting x = 1, @ = 1 we verify the values in the text:
+ -
si=so+ 2 Q(sy) = ( = ,0,0,0).
1- %) 1- my

We also calculate the time for the backward interpolation to reach 0:

T QG -Qi(so) 1-m

11.20 Plot a fluid solution for the Lu-Kumar network when p; < 1 and m| +my <
1/a, for some initial fluid in buffer 1, and priority to buffers 2 and 4.
Solution

*_l"k S1 — S0 _m2+m4/( mq _1)_ my +my
l—mz m2+m4—l
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11.21 For the Lu-Kumar network, verify that the function G satisfies properties
(1) and (ii) necessary for the piecewise linear Lyapunov function to prove
stability, and that the linear program (11.14) is feasible with € > 0, if m| +
my < 1,my+m3 <1, my+my <1 [Dai and Weiss|(1996)].

Solution

We see that ‘W) = 0 implies G| < G; and that ‘W, = 0 implies G, < G| if
6, < 0.

For ‘Wi (1) > 0,71 (t) + T4(¢) = 1, and we getif my < 6; < 1—my then:

Gi(t) =1=0yT1(t) = (1= 01)uaT 4(1)
= (1= 01u)T 1 (1) + (1= (1= 01)ua)T (1)
< —min (6’1/11 “ 1), ((1 = O)paq — 1)) <0.

Similarly, for W5 (¢) > 0, T5(t) + T3(7) = 1, and if we choose my < 6; <
1- ms,

Gi(1) < —min (622 = 1), (1 - 6)3 = 1)) < 0.

Clearly, any solution of the LP (11.14) will satisfy all the requirements for
G = max(Gl, Gz).
Finally, if the conditions m; + mg < 1, my + m3z < 1, my + myg < 1 hold then

01=(1-my—my)/2, 6=(1-my-m3)/2, 3= (1-mz—m4)/3,
0 = 1- my — min(61,63), 6 =my +min(62,63),

€ = min(dy, 2, 83).

is a feasible solution as required.

11.22 Consider a KSRS network with input rates @, @, and mean service times
my, my, m3, my. Show that the conditions:

aym) +aymy < 1, aymy +aoymz < 1, a1 my + aoymy < 1,

define a global stability region for the network [Botvich and Zamyatin
(1992)].
Solution
Since we are dealing with fluids, we can change the units of flow for each
of the items, and get @1 = 1, d> = 1, f1 = 1/ etc., so W.L.G. we can
assume both arrival rates equal 1. Furthermore, the fluid model of the KSRS
with arrival rates 1 is equivalent to the fluid model for the Lu-Kumar network
with input rate 1.
Formally, without the rescaling, we can use G (¢) = max(G(t), G2(1)):

Gi(1) = 6 aw, (1 —el)w,
[07] (0%)
Ga(1) = 9292“) +(1 —92)Q3 w,

ay a3
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and the verification is similar to the proof for the Lu-Kumar network.
11.23 Consider the example of the re-entrant line that is unstable under FCFS, of
Section 10.2.2. Plot an unstable fluid solution for it.
Solution
The figure below is the fluid picture.

Start with Q; () = 1 the rest empty, and this is fluid. Let S be the time that
buffer 1 empties for the first time. Let S, be the time that all fluid present in
machine 2 at time S| has been served. Let similarly S3, Sy, ... be the times
S; when all the fluid present in machine 2 at time S;_; has been served. By
FCFS machine 2 is working on the fluid present at S;_; only, up to S;, Note
that in the interval (S;_1,S;) no item is served twice in machine 2. What
happens is that items in buffer j = 2, 3, 4, move to buffer j + 1, while buffer
1 continues to feed buffer 2.

Let ¢! = 0.9 < 1 be processing rates at buffers 2,6 and 6! = 0.001 small
be processing rates at buffers 1,3,4,5. The intervals (S;—_;, S;) are of length
¢l Attime S 7, fluid in machine 2 is as follows (for convenience we now take
67! = 0 in the calculations, but these are approximately also the values for
671 =0.001):

Q2(S1) =1, Q3(81) = Qu(51) = Q5(S1) =0
Q2(82) = ¢, Q3(S1) =1, Q4(S1) =Q5(51) =0
Q2(83) = ¢, Qs(S1) = ¢, Qu(S1) =1, Qs(S1) =0
Q2(84) =, Q3(S1) =¢*, Qu(S1) =c, Qs(S1) =1
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In all that time, machine 1 is empty. Next:

Qa(Ss) < c*, Q3(81) = ¢, Qu(S1) =%, Qs(S1) =¢

Then at time S5 we have: Qg(Ss) = 1, and since still Q;(Ss) ~ 0, input to
buffer 2 will almost stop, and machine 1 will now work on buffer 6 exclusively.
Ashort time later, buffer 6 will contain ~ 1 + ¢ + ¢2 + ¢>. and by the time it
empties, buffer 1 will contain more fluid than 1.

11.24 (%) HLPPS policy Under head of the line proportional processor sharing
policy, each station is splitting its service capacity between classes in pro-
portion to the number of customers present, and is then serving the head of
the line of each class. Show that a fluid MCQN with p < 1 is stable under
HLPPS [Bramson (1996, 2008)].

Solution
The proof for this theorem is quite involved and requires studying one of the
papers [Bramson (1996, 2008)].

11.25 (*) Early due date policy Consider the policy in which each customer
receives a due date upon arrival, and the policy is to give priority to the
customer with the earliest due date (EDD). Show that MCQN under EDD
policy is stable [Bramson (2001} |2008)].

Solution
The proof for this theorem is quite involved and requires studying one of the
papers [Bramson (2001} 2008)].

11.26 () Kelly-type networks under FCFS: Consider a Kelly-type network as in
Section 8.9, with general renewal arrivals and general processing times of
rate y; at node i. Show that with p; < 1 it is stable under FCFS [Bramson
(1996, 2008)].

Solution
The proof for this theorem is quite involved and requires studying one of the
papers [Bramson (1996, 2008)].
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Show that there is always a feasible extreme allocation, i.e. if & # @, then
& (t) is not empty at any 7.

Solution

We need to satisfy:

Z dij=1, for every input source 7,
J

e
J

Since & is not empty, the first set of constraint is feasible, its solutions are a
convex set, with feasible extreme points, and because buffer 0 is never empty
those allocations to input activities are available. For the other activities
idling is always available, and the combination of the extreme allocations to
the input activities and idling for the other activities is an extreme allocation.
Show that & () defined as the extreme points of the available allocations
o (1), are also extreme points of all allocations, &/, i.e. &(t) C &.

Solution

Assume a € &(r). Assume it is not an extreme point of &/, then it can
be written as a convex combination of extreme points a‘¥) € o/. But all
0 coordinates of a will be 0 in each of a®. It follows that a(¥) e o/(¢)
contradicting the extremality of a in &/ (¢).

Formulate and verify the analog of Theorems 11.10, 11.12 for processing
networks.

Solution

IA

1, for every internal processor i,

Theorem. If the fluid limit model of a processing network under some fixed
policy is weakly stable, then the processing network is rate stable, in the
sense that starting with any fixed Q(0), one has lim;_,., Q(z)/t = 0.

The proof is exactly the same as the proof for Theorem 11>10

Theorem. (a) If the fluid limit model of a processing network under some

109
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fixed policy is unstable, then for any initial fixed state Q(0) = x and every
w € ®, liminf, . Q(1)/t > 0.

(b) If p > 1 in the solution of the LP (12.7) then every fluid limit is unstable,
and the fluid limit model is unstable, and the processing network is unstable in
the stronger sense that there exists positive ¢ such that liminf, ., |Q(?)]/t >
c.

Proof The proof of (a) is just as for Exercise(11.6

The proof of (b) needs to be modified from the proof of Exercise [11.6
Recall that 7~ (1) needs to satisfy all the constraints on x, for every activity
j. If p > 1 then there must be at least one service processor i for which
2jeq Aijxj = p > 0 for every feasible solutions.

We assume p; > 1 for some station. We argue now for any fluid limit that:

CR™' (Q(t) -Q(0)) = CR™ (at = (I - P)D(1)) = pt — CT (1).

But C7 (¢) < t componentwise, and therefore there exists ¢ > 0 so that for
every fluid limit with Q(0) = 0, |Q(¢)| > ct. The same argument as for (a)
then leads to liminf, ., |Q(?)|/t > c. O

12.4 Show that the following processing network (taken from|Dai and Lin|(2005))
with the following data has p < 1, and is stable under some allocation policy,
but it is unstable under maximum pressure policy, because it does not satisfy
EAA assumptions.

In this network circles are processors, open boxes are buffers, lines represent
activities. Activities 1-5 are input activities each with its own input processor.
Processor 6 is a service processor with activities 6,7,8. Activity 6 processes
an item from each buffer, activity 7 (activity 8) processes an item from buffers
1,2 (buffers 4,5). Each processed item leaves the system. Activity durations
are deterministic:

Ul(f) = Uz(f) = U3([) =2,02>1, U4(1) = Us(l) =1, U4(€) = v5(€) =2,0>2,

0.5, i=1,...,5,
w0 =0 =0 =1 21 = T e
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Solution

It is easily checked that an optimal solution to the LP (12.7) has p < 1,
x¢ = 1/2, and indeed, using only activity 6, starting processing at 1, 3,5, ...
will be a stable policy. The only extreme allocations for activities 6,7,8 are:
a' = (1,0,0), a*> = (0,1,0), a®* = (0,0,1), a* = (0,0,0). Starting with
Q(0) = 0, only a* is feasible. at time 1 Q4(1) = Qs(1) = 1 while the other
buffers are empty, so only a°,a* are feasible, and a> is the max pressure
policy, then at time 2 a? is max pressure, and so on. Allocation a' is never
max pressure, so activity 6 is never used, and Q3(¢) ~ /2 — oo. This can
also be shown for parametrized maximum pressure.

We now show that for this processing network EAA fails: Take Q(#) =
(0,0,1,0,0). Then the unique maximum pressure allocation is al, ie. use
activity 6. But this activity requires items from all the buffers so it is not
available for Q(¢).

Show that in a MCQN, the following conditions are equivalent:

- There exists x > 0 such that Rx > 0 in all components.

- The routing matrix P has spectral radius < 1.

Solution

Recall for MCQN, R = (I — PT)( S \ )

(i) If P has spectral radius < 1 then (I — P) is invertible and (/ — P)~! =
I+P+P%*+--. >0, and furthermore, x = R~'1 has all components > 0, and
Rx=1>0.

(i1) Assume for some x > 0, (I — P)x > 0 in all coordinates. This implies
actually that x > 0 in all coordinates. Then we have: (I — P)x > 0, so
x;i > (Px);, so (Px);/x; < 1 all i. By the “Min-max” Collatz-Wielandt
formula, define g(x) = max;{(Px);/x;}, then: miny> g(y) = r where r is
the spectral radius. So we have: 1 > g(x) > minysog(y) =r.

Show that the set of {0, 1} allocations is composed only of extreme points of
o, ie. N CE.

Solution

Recall the definition of an extreme point of convex set: it cannot be on an
interior point of an interval contained in the set, i.e. it is not of the form
au+ (1 —a)v for u, v, in the set, withu #vand 0 < a < 1.

Clearly, if 1 = ax + (1 — @)y, x # y, then one of x or y is > 1. Similarly, if
0=ax+(l—a)y,x # y,thenone of x or y is < 0. Hence, ifa € &/ isa {0, 1}
allocation then for any vectors x # y such that a = ax + (1 — @)y, either x
has some > 1 or < 0 components, or y has some > 1 or < 0 components, so
either x or y is not in &/. Hence a is an extreme point of & .

Show that the following processing network (taken from Dai and Lin (2005))
with the following data has p < 1, and is stable under maximum pressure
policy which allows processor splitting and preemptions, but is not stable
under non-splitting allocations.
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In this network circles are processors, open boxes are buffers, lines represent
activities. Activities 1-3 are input activities each with its own input processor.
Activities 4,5,6 are service activities, each uses two processors, in order to
process one item out of buffers 1,2,3. The input activities have processing

rates 41 = pp = p3 = 0.4, the service activities have processing rates
Ha =ps = pe = 1.
Solution

For the processing part of the network the input output matrix and the resource
consumption matrices are:

1 0 0 1 0 1
R={0 1 O A=(1 1 0
0 0 1 0 1 1

p=0.8, x =(0.4,0.4,0.4) solves LP 12.7, and the system is strictly Leontief,
so maximum pressure allowing splitting is rate stable.
The extreme allocations are:

(0,0,0), (1,0,0), (0,1,0), (0,0,1), (1/2,1/2,1/2).

The system is stable under (1/2, 1/2, 1/2). However, under any non-splitting
allocation only one activity can be performed at any time, so the maximum
total departure rate is at most 1, while the input rate is 1.2, so the system
cannot be stable without processor splitting.

A processing network is reverse Leontief if every activity is using only
a single processor. Show that for reverse Leontief networks, all extreme
allocations are integer, i.e. processors are not split, with each allocation
aj€{0,1}, j=1,...,J.

Solution

In a network that is reverse Leontief, all the columns of the resource con-
sumption matrix are unit columns. The columns that correspond to slacks in
the allocation constraints (for serivce activities) are also unit columns. Ex-
treme points correspond to basic solutions of the constraints, but the columns
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of every basis form a unit matrix, so their inverse is a unit matrix and the al-
location then consists of 0’s and 1°s (including the slacks). So each allocation
is integer.

Consider the following processing network (taken from Dai and Lin (2005))
with the following data:

In this network input processors are not included, circles are service pro-
cessors, open boxes are buffers, lines represent activities. Arrivals to buffer
1 occur at times 0.5 +2n, n = 1,2, ..., Arrivals to buffer 2 occur at times
1+ 1.5n, n=1,2,.... Activity 1 uses processor 1 and serves buffer 1, with
m1 = 1. Activity 2 uses processor 2 and serves buffer 2, with m, = 2. Activity
3 uses both processors, and serves buffer 2, with m3 = 1. All processing times
are deterministic, and the system is empty at time 0.

Solve the static planning problem for this network to calculate p < 1, explain
why EAA holds. Show that using processor splitting non-preemptive maxi-
mum pressure policy the system diverges. Describe how the system operates
under preemptive processor splitting policy.

Solution

The static planning problem is:

min p
s.t. X1 %
1 2
zxz +X3 =3
X1 +x3 < p,
X2 +X3 <p,
x; =0
Solution, rate stable: p = %, X = %, Xy = %, X3 = 15—2, with both processors

tight at this p.

The network is strictly Leontief, since every activity processes a single buffer.
Hence, maximum pressure policy with preemption and processor splitting is
rate stable.

We now track the performance of maximum pressure policy that allows
processor splitting but does not allow preemptions. The following figure
shows the processing at the two buffers. We see the at times that jobs arrive
to buffer 1, buffer 1 is empty, and activity 2 is serving buffer 2, so the
maximum pressure policy is allocation (1,1,0) and activity 1 is used to
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] e

e

serivce buffer 1 in the intervals (1/2+2n,3/2 + 2n). Buffer 2 is never empty,
and when activity 2 completes a service at time 1 + 2n, activity 3 is never
available since activity 1 is active, and so again the non-preemptive allocation
is (1, 1,0). Clearly, buffer 2 is accumulating jobs at rate 2/3 — 1/2, and the
system is unstable.

12.10 Consider the following network (taken from Dai and Lin| (2005)). It is
modeled as a processing network with 3 service buffers, each with its own
processor and service activity, and with four input processors, one of which
has two input activities, which provide discretionary routing to buffers 1 or
2. All input processors have exponential service times (Poisson inputs) with

Poisson(0.17)
Poisson(0.8) @ .
—_—
General Distribution Exponential
Poisson(0.1)
—_— ".—’
Poisson(0.8) @

Exponential

the rates indicated in the figure. Processing for the service activities are rate
1, the processing times of servers 2, 3, are exponential, while processing time
of buffer 1 is generally distributed. Explain or show the following properties:
(1) Under HOL policy, and join the shortest queue for the discretionary
routing, the system is unstable if buffer 1 processing times are exponential,
but it is stable if it is hyper-exponential with large enough variability.

(ii) It is stable under round Robin policy that directs a fraction of 90% of the
discretionary input to buffer 1, but if the input rates are changed slightly, we
will need to change the fraction routed to buffer 1.

(iii) Formulate the static planning problem and show that p < 1. Find how
maximum pressure is implemented here and check that it is stable whenever
p <l

Solution

(i) If processing at buffer 1 is exponential, buffers 1 and 2 are homogenous,
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and so input from join the shortest queue is divided equally between the two
buffers, so the input rate to buffer 3 is 0.8 + 0.05+0.17 = 1.02 > 1 so buffer
3 will diverge. If buffer 1 processing is hyper-exponential, the variability of
processing times is greater, so the queue length at buffer 1 tends to be longer
than at buffer 2, and a larger fraction of join the shortest queue customers
are directed to buffer 2, and the input rate to buffer 3 decreases. This leads to
stability.

(i) With round robin routing as described this is close to a generalized
Jackson network (the inputs to buffers 1 and 2 are not independent, but we
can calculate their correlations). With the given rates it is stable.

(iii) This network viewed as a processing network has 4 input processors,
and the processor with the discretionary input processor has two activities,
corresponding to routing to buffer 1 or 2. This is a unitary network: each
activity uses a single processor, and serves a single buffer. Hence, maximum
pressure policy is rate stable, irrespective of processing time distributions,
for any input rates as long as p < 1 in the LP 12.7. Maximum pressure policy
works as follows: Buffers 2 and 3 use HOL non-idling service. Routing input
activities choose at any time to route to the shorter of the queues at buffers
1 and 2. Finally, at buffer 1, buffer 1 idles when Q3(z) > Q,(¢). With this
policy, the queue at buffer 3 is controlled and does not diverge, and the queue
at buffer 1 grows when buffer 3 gets more congested, which diverts input to
the shorter queue at buffer 2.

12.11 Model the input queued switch as a processing network, and show that the
maximum weight policy is in fact maximum pressure for this processing
network.

Solution

There is one input buffer 0, and one service buffer k£ = (i, j) for each pair
of input output ports. There is one input processor and one input activity for
each of the service buffers i.e. for each of the Q;; input queues. An activation
of input activity k = (i, j) introduces a number of packets into buffer (i, j) in
a single time slot, where inputs are a stationary ergodic sequence, with mean
Aj,j. Service processors are the input ports i and the output ports j. There
is one service activity for each service buffer k = (i, j), and it is using two
processors, the input processor i and the output processor j. Each activation
of service activity k = (i, j) lasts one time slot, and removes one packet from
buffer (i, j) if Q; ; > 0.

Clearly for all input processors and activities, they work at all times, at rates
A;ij. For service activity (i, j) on buffer (7, j), each application takes one time
unit, and therefore has rate 1, and item from buffer (i, j) immediately leaves
the system, so the elements of the input-output matrix R are R(; j) (i j) = 1,
and R is in fact an N2 x N identity matrix, and so Q'R = @, and the pressure
for allocation 7 is Q" R = 3; ; m; jQ; j(r) = fr(r).
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12.12 Show that the conditions (12.14) are exactly the conditions that the static
planning problem (12.7) has solution p < 1.
Solution
Let y; ; denote the unknown allocations to input activity (i, j), and x; ;
denote the unknown allocations to service activity (i, j). The N> x 2N? input
output matrix is of the form R = [—A; I] with A the diagonal matrix of 4; ;
elements. The resource constrains for the input processors result in y; ; = 1

and the constraint R [ ))C) ] = Oresults in x; ; = 4; ;, so the constraints of the

input processors i = 1, ..., N, and on the output processors j = 1, ..., N are

then:
Z Aij < p, Z Aij<p
i J

and so p < 1 if and only if (12.14) hold.

12.13 Show that for the processing network modeling the input queued switch,

E=4.

Solution

The set of consists of all the doubly sub-stochastic matrices, and all the
constraints of &/ are tight exactly for doubly stochastic matrices. The fol-
lowing is the basic theorem about doubly stochastic matrices: Every doubly
stochastic matrix is a convex combination of permutation matrices, i.e. the
extreme points are exactly permutation matrices. The maximization of the
pressure is always an assignment problem, and assignment problems have
{0, 1} solutions, in fact the optimum is alway a permutation.

12.14 (*) Discuss solution of the pressure maximization as an assignment problem,
using the Hungarian method, and using the transportation simplex algorithm,
and examine their online implementation using efficient use of previous slot
solution for next slot solution.

Solution

(i) Hungarian method:

We wish to find at each time slot the assignment 7 that will maximize f, (r) =
(m,Q(r)) = 2 ;mi jQi j(r). The Hungarian method actually minimizes
assignment costs, so one should use a; = gmax — Qi,j With gmax the value
of the longest queue. One then uses the Hungarian method to obtain the
cheapest assignment for the costs a; ;.
Usethelinkhttps://en.wikipedia.org/wiki/Hungarian_algorithm
for a tutorial on the Hungarian method.

Once you obtain the best assignment at time slot # — 1, what you have
is a matrix with a single zero in each row and in each column, which is
the best assignment for time slot # — 1, and all other entries are residual
costs, d; . To go to time slot ¢, let 6Q; , = A;(t) — m; j(t — 1), where
A; (1) are the new arrivals. Let b; , = gmax — 6Q;, Where now gmax =


https://en.wikipedia.org/wiki/Hungarian_algorithm
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max{6Q; ,} — min{dQ; - }. Now re-solve the assignment problem using the
Hungarian method on a; , = d; , + b; ,.

(ii) Transportation problem. Use the optimal solution of the transportation
problem for time slot # — 1, and then modify the vector of costs by adding
0Q; (1) to the current costs.

12.15 Show that for a network of switches, the conditions (12.17) are exactly the
conditions that the static planning problem (12.7) is feasible with p < 1.
Solution
The conditions Rx = 0 of (12.7) are simply that x(c,I1,l2) = a.. The
conditions Ainput = 1 are satisfied automatically since input processor for ¢
have single activity that is active all the time and produces inflow at rate ..
The constraints Ageryice < 0 < 1 for every the processing at every switch,
as given by (12.17) are exactly the same as for (12.14) summarized over the
flows ¢ that go through the switch, which are exactly (12.7).

12.16 Prove proposition12.17.

Solution

We model the system as a processing network. We saw in the previous
exercise that if (12.17) holds the than the the static planning problem (12.7)
is feasible with p < 1. The processing network is strictly Leontief, so EAA
assumption holds. Further more, the extreme allocations are all integer, and
decisions are at slotted time points so preemptions are not an issue. Hence
the system is rate stable under any non-splitting, non-preemptive maximum
pressure policy.

12.17 Prove proposition 12.18.

Solution

In the description of the system as a processing network there is a single infi-
nite input buffer, an input processor and corresponding input activity to pro-
vide input of packets of type c atrate @.. Type c hasroute steps s = 1, ..., S,
that go through switches iy, ...,is,...,is,, and classes/buffers/queues are
labeled (c, is, €1, €2), where €1, £, are the input and output ports of switch i
that the route of ¢ uses on step s. Recall that each node is only visited at most
once by the route of type c. There is a single service activity labeled also by
(c,is, €1, ) for each class/buffer/queue, and it is using two service proces-
sors: input port (i, {1, -) and output port (i, -, £>). Each activation of activity
(c,is.t1, ) moves 1 item out of (¢, iy, €], €2) and into (c, igy1, €1, €2). So the
input output matrix for the service buffers and activities has 1 in the main
diagonal positions, and —1 in the diagonal below the main diagonal for each
of the steps of the route of type c. It follows that for activity j = (c, i, €1, (2),
the element of Q'R is:

(QT(Z)R)(c,iS,l’l,t’z) = Q(c,is,l’l,é’z)(t) - Q(C,isn,fhfz)(t)’

The set of extreme allocations includes for each switch a permutation match-
ing of input and output switches, where for each match of input and output
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switches ¢1, ¢, one can choose which of the types c that goes through that
pair of switches to use. Denote:

_ | 1 ifflow c uses pair (1, /) of one of the switches,
Hile, I o) = { 0 otherwise.

and let
Zi 0,6, = Max {Q(c,ix,z.,a)(t) = Qc,igy.b,0)(D|c: Hi(e, Iy, ) = 1}~

Then the pressure is maximized by choosing at switch 7 the permutation that
maximizes the sum of these Z; ¢, ¢,.
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For the two node network with IVQ’s of Section 13.2.1, what are the marginal
stationary distributions of each of the standard queues.

Solution

Each of the processors is working all the time, and each node provides
continuous input, at rate u;(1 — p;) to the other node. Processing of the
standard queue at node i is at rate y; whenever it is not empty, since the
standard queue has preemptive priority, and customers of the standard queue
that complete processing leave the queue. So standard queue 1 operates like
an M/M/1 queue with arrival rate u>(1 — p»), and processing rate u;, and
with p; = %, it has stationary distribution P(Q; = k) = (1 — pl)pf.
Condition for stability is p; < 1. Queue 2 is similar.

(*) For the two node network with IVQ’s of Section 13.2.1, derive the
two dimensional stationary distribution, using the compensation method of
section 15.1 [[Adan and Weiss (2005)].

Solution

For the complete derivation see|Adan and Weiss (2005).

The following is a generalization of the two node IVQ network of Section
13.2.1. Consider a Jackson network, with nodes i € 7, with exogenous input
rates a;, service rates y;, and routing probabilities p; ;. Assume that the nodes
are partitioned into standard nodes 7y, and IVQ nodes 7. each node i € 7,
has in addition to the queue of items received from outside or from other
nodes, also an infinite supply of work. At the IVQ nodes there is preemptive
priority to customers that arrive from outside or from other nodes. However
when the queue of such customers is empty, the IVQ node serves customers
from its infinite buffer [Weiss (2005)].

(a) Find the flow rates, and conditions for stability for this system.

(b) Show that queue lengths at the standard nodes have a product form joint
stationary distribution.

(c) Find the stationary marginal distribution of the queue lengths at the IVQ
nodes, and show that they have Poisson input and output.

Solution

119
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(a) The traffic equations are:
A=a+ Py

where A is the inflow rates, and v is the outflow rates, and v; = A;, i € I,
while v; = y;, i € I. The solution of these equations provides us with the
inflow and outflow rates from the standard queues, and the inflow rates for
the IVQs. The condition for stability is that A; < y;, i € I.

(b) The main feature here is that nodes i € I, work all the time and produce
an outflow which is Poisson rate y; independent of all else. So the set of
nodes j € Iy act like a jackson network, where the exogenous input to node
J is Poisson with rate aj + 3;¢; Mipi,j- SO, once we obtain 4;, j € Iy and

calculate p; = nj—b’t the stationary distribution of this part of the network is:
J

n(nj:jel)=[]0-ppne}.
1jely

(c) The outflow form each of the nodes j € I is Poisson rate y;. The inflow
to node j € I consists of Poisson flows at rates u;p; ; for i € I, which
are independent of the rest of the system, and from the flows that exit the
Jackson part of the system. But output from a Jackson network consists of
independent Poisson processes, of rates A; (1 — Xx ¢, Pi.k), fori € Iy, and so
the input to node j € I, from node i € I is a Poisson process, independent
of all other inputs to node j, and of rate A;p; ;. Altogether, by the traffic
equations, input to each node i € I is Poisson rate 4; and the outflow is
Poisson rate y;.
Remark The joint distribution of the standard queue at the IVQ nodes is
more complex, as the two node example of Section 13.2.1 shows.
For the 3 buffer re-entrant line with IVQ of Section 13.2.2, write down
the balance equations for the random walk describing the queue length of
the standard queues, and derive the stationary distribution of (Q»(?), Q3(t))
[[Adan and Weiss (2006)].
Solution
The balance equations are:

(2 + u3)P(n2, n3) = usP(ma,n3 + 1) + poP(na + 1,n3 — 1), na,n3 >0,
(11 +p2)P(n2,0) = p3P(n2, 1) + 1 P(n2 = 1,0), ny >0,

u3P(0,n3) = u3P(0,n3 + 1) + uoP(1,n3 - 1)), n3 > 0,

#1P(0,0) = u3P(0,1).

ns

3 and obtain from the first two

We use trial solution P(nj,nz) = Cay’a
equations:

(2 + 13) a3 = 303 + poa3,
(p1 + po)an = pzasz + .
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We then have from the second equation

) = M1
i+ — a3’
and substituting into the first we obtain a cubic equation for a3. One root is
a3 = L%, with two other real roots, one smaller and one larger. The smallest

root is:

_ 1t s = N o+ p3)? — A
2u3

a3

and substituting back,

qy = HL A p2 s = NG po+ 3)® — s
H2 2p3

It can now be checked that to satisty also the third and fourth balance equa-
tions, the stationary distribution is given by (??). For the details see |Adan
and Weiss| (2006).
Obtain the stationary distribution for the push pull system of Section 13.2.3,
with exponential processing times, in the inherently stable case under pull
priority [Kopzon et al. (2009)].
Solution
Under pull priority this system is stable and its sample path alternates between
M/M/1 busy periods of the top stream, with arrival rate A; and processing
rate up, and busy periods of the bottom stream, with arrival rate 1, and
processing rate up. When it reaches state (0, 0) it will start a top busy period
with probability 1,/(2; + A2), and a busy period of the bottom stream with
probability A>/(A; + A2). The balance equations are birth and death type
equations. The stationary distribution is:

np

Ar\™ A
nm(ny,0) = 7(0,0) (—1) , np >0, n(0,n4) =n(0,0) (—2) , ng >0,
M Mo

(1 =) (2 = A2)

i = idy
Show the equivalence of the two definitions of the policy for the inherently
unstable push pull system of Section 13.2.3 [Kopzon et al.[(2009)].
Solution
Consider the second definition of the policy: Use full utilization, when ny <
s» do not serve @, when n; < s1 do not serve Q4, and in all other cases
give priority to pull over push. Then: if n; < s1, np < s we do not serve
either standard queue, so for full utilization we push at both IVQs. When
n, = 0, n; > s1, we need to push at at @Q; because Q4 is empty, and we
do not serve @, since 0 = ny < 57, so we also push at Q3. Similarly, when
ny =0, ny > s, we push at both streams. When 0 < n; < s, we do not serve

7(0,0) =
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Qu, so by full utilization we push at Q, but in machine 2 we give priority
to Q; so we both push and pull at stream 1. Similarly, when 0 < ny < s7,
we push and pull at stream 2. Finally, when n; > s1, ny > s, we are allowed
to pull at both streams, and since pull has priority, we pull at both streams.
These are exactly the actions under the first definition of the policy.

Obtain the stationary distribution for the push pull system with exponential
processing times in the inherently unstable case, under the policy described
in Section 13.2.3 [[Kopzon et al. (2009)].

Solution
L et m, n denote the queue lengths of Q,, Q4 respectively. Consider m > sy,
and the states (m, 0), (m, 1), ..., (m,n), withn < s,. For this subset of states

we get a balance:
AP(m,n) + A1 P(m,0) = ypP(m,n+1) + ,P(m — 1,0).

and we then have a recursion:

P(m,n) = (2—2) P(m,0) — /lz/l—l,uz ((%) - 1) (P(m—-1,0) — P(m,0)).

We use this first to get expressions for P(s1,n). We use P(s;—1,0) = 0 to
express P(sy,n) in terms of P(sy,0), and then express P(s1,0) in terms of

P(s1,52). The result is:
(/lz)"+ = ((ﬂ )" 1)
M2 A~ H2
<n<sn.

,0<n<
(ﬁ)s2 + A ((ﬁ)s2 — 1)
H2 A= \\ 12

Next, observing transitions between Q»(t) = m — 1 and Q,(¢) = m, we get
the balance:

P(s1,n) = P(s1,52)

A4 P(m = 1,0) = uy P(m, 52), m > s1,

and following several substitution steps we finally get:

[ g ()]
(5 et ()

) -p e ()
A2 = 2 \\ 12 ur) A2 = 2 w) |’
m>sy, 0<n<s

P(s1,n) = P(s1,52)

X

The same derivation leads to analogous expressions for P(m,n) when n >
s2, 0 < m < ). Finally, P(sy, s2) is calculated as the normalizing value.
Further details can be seen in Kopzon et al. (2009).

Consider the push pull system in Section 13.2.3, with symmetric rates, i.e.
A1 = A2 = A, 41 = pp = u, with exponential processing times in the inherently
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unstable case of 4 > u, under the following policy: While |@Q; (1) - @, (¢)| > 1,
serve the shorter queue, using both push and pull for this queue. When the
queues differ by no more than 1, use pull on both queues. Show that this
policy is stable, and obtain its stationary distribution [Kopzon et al. (2009)].
Solution

Theorem The stationary distribution for the Markovian symmetric push-pull
system is given for @, (¢) = m > n = Q4(¢) by:

P(m,0) = P(0,0) £ . m>0,
)
m—1 n+l
P(m,n):P(m,O)ﬁ(ﬁ) +2(ﬁml _ﬁﬁ, m>n>0,
weasla) )

P(m,m) = P(m, 0)1.
u

The transition rates for the diagonal policy are given in the following figure,
which also shows contours around which we obtain balance equations.

From transitions in and out of the region @, (), Q4(t) < m— 1 (square region
in figure), we get, using symmetry,

AP(m —1,0) = uP(m,m —1)

The recursion reached in Exercise [13.7] is still valid here for m > 1 and
0 < n < m, and we use it together with the above balance, for (m,m — 1) to
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get the recursion

2 2 m—1
a3 1)
2 m—1 2 2 m—1
(B () )
From which the expression for P(m, 0) is obtained.

The expression for P(m,n), m > n > 0 is obtained from the full recursion

of Exercise

I~

P(m,0) =P(m—-1,0)

s

P(m,n) = (g) P(m,0) ﬁ ((,%) - 1) (P(m = 1,0) — P(m. 0)).

by substituting the expressions that we got for P(m,0), P(m — 1,0).
Finally, the expression for P(m, m) follows from the balance across the large
domain in the figure.

13.9 Compare the performance of the two policies, of exercises|13.7][13.8][Kopzon
et al. (2009)].
Solution
We consider the symmetric system, with 4 > u. The fixed threshold policy
with s1 = s = s will be stable whenever s > 2.
The fixed threshold policy has the following features:
- One of the queues is always longer than s.
- The decay rate of the probabilities P(m,n), m > s, n < s is seen from
exercise[13.7]to be asymptotically at rate:

which improves as s increases.

- The behavior of the sample path is erratic: we alternate between busy
periods in which one queue is longer then the other (states in the corridor
0 < Q4 <2, Q > s and the symmetric corridor).

The diagonal policy is less erratic. It can be shown that its decay rate of
probabilities is increasing with m, for m > n towards:

A
R:
21—

Which is also the limit of Ry as s — oo.
For more details see Kopzon et al.| (2009).
13.10 Verify that fluid limits for processing networks with IVQs exist and satisfy
the standard fluid equations.
Solution
We have for a processing networks with IVQs the following equations for
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work conserving HOL policies:

Q1) = Qu(0) = D" CiaSHT0) + Y. Y CuRl (ST (), k € Ko,

Jjeg JeJ I#k
Qi(1) = Qu(0) = D" CjaSH(T(1)) + axt,  k € Ko,
Jjeg
and
t
YoaT0sn0=r [ (Y AuCu)die =o.
jeT 0 “reit, jeg

We assume: All service processes S;(¢) and routing processors satisfy FS-
LLN: S;(nt)/n — pjtu.oc.as., ‘Rigl(ns)/n — pi’ls u.o.c. a.s.. We denote
by ® the set of w (of measure 1) for which convergence holds. We consider
a sequence of systems, indexed by 7, that have the same processing time
and routing sequences, but differ in the initial conditions Q" (0), and assume
Q"(0)/n — Q(0). We state:

Theorem Fluid limits of Q, 7, I exist and are Lipschitz continuous, and for
work conserving HOL policies, every fluid limit for w € ® satisfies the fluid

model equations for k = 1,...,K:

Q1) = Qu(0) = >\ Crap; T+ D D pl i Ti(6) 20, k € Ko,
jeg JeT l#k

Qu(1) = Qu(0) = )" Ciap; Ty (1) +ax, k€ K,
jeg

Z Ai’jCj’kij(l‘)+.Z'(l)=l, i=1,...,1,
JjeT keK
I;(t) increases only when Z A; ;Ci Qi (t) =0.
keK,jed

Proof As for standard MCQN, 7 (¢, w) are nondecreasing Lipschitz contin-
uous, and the same holds for their fluid scaling 77 (¢) = T (nt,w)/n. By
the Arzela-Ascoli theorem, for every w there exists a subsequence of indexes
r — oo such that 7;’ (rt)/r = T j(t) w.o.c.. Therefore there exists also a
subsequence for which it holds for all j € . So fluid limits for 7~ exist.
The dynamics equations then follow for each w € ®, since ’fj(t) <t
Lipschitz continuity follows from Lipschitz continuity of 7. The work con-
servation equation for the fluid is proved similar to proof of Theorem 11.2.
13.11 Outline the proof of Theorem 13.1, in analogy with Theorems 11.10, 11.8.
Solution
(a) If the fluid model is weakly stable, then the system is rate stable: The
proof is exactly the same as for MCQN. Assume by contradiction that for
some w € G, and a,, — oo, |Qk(a,,w)|/a, > ¢ > 0, where we recall that
IVQs can be negative, so we use | |. By the Theorem on existence of fluid
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limits, for a subsequence a, we have lim, o, Qi (a,t,w)/a, = Qi (1) u.o.c.,
where Qy () is a fluid limit. Since we are looking at a single process Q(¢),
Q(0) is fixed, and therefore Qx (0) = 0 for both standard and IVQs k € K.
On the other hand |Q (1)| > ¢ by the contrary assumption. This contradicts
the assumption that the fluid limit model is weakly stable.

(b) We can describe the processing network with IVQs by a Markov process
X (t), and we have as norm for its state x| = X geq [Qk (1) + X jeq [V, (D]
The assumptions are: B, is petite (uniformly small), and the fluid limit model
is stable.

By Theorem 10.7 we need to show that limy|—e ‘]Exﬁ(z\’(pdd)‘ = 0 for

some 6. The same argument that is used for Theorem 10.8 shows that
lim mV]X'(|xr|I) = 0 uw.o.c. a.s. and the same convergence holds for the
expectation. The argument for this is Lernma 11.5.

All that needs to be shown still is that hm Qx’ (|x,]#) = 0 v.o.c. a.s. and

same holds for the expectation. That lim I ‘Q"’ (]x1t) = 0 follows from the
stability of the ﬂuid model. The convergence for the expected value follows
if the sequences T |Qk(|xn|t) are uniformly integrable. We now check that
the statement of Proposition 11.6, that 1 Qk (ant) are uniformly integrable,
holds for our processing networks w1th IVQs. Indeed, we again have the

bound:

—Qk(ant) <K+ Z S (ant)
JGJ

which will hold for all buffers, standard of IVQs. Since S; are renewal
processes, by the elementary renewal theorem they satisfy E(%S i (ant)) —

it so they are uniformly integrable and so are —- Qk (ant).

13.12 Outline the proof of Theorem13.5, in analogy Wlth Theorem 12.6.
Solution
In the proof of Theorem 12.6 the main step was Lemma 12.7, that under
maximum pressure policy every fluid limit maximizes the pressure over all
of &/. The proof of Lemma 12.7 remains unchanged for processing networks
with IVQs.
We need a another property of processing networks with IVQs.
Proposition If EAA holds then every activity that is processing a buffer
k € K does not process any buffer € Kj.
Proof Assume to the contrary that j serves k € K as well as [ € Kp.
Assume first the j is the only activity processing k. Take state Qi (z) > 0,
all other buffers empty. Then the maximizing allocation has a; > 0, but
Q () = 0, contradiction to EAA. Assume next that some other activities are
also serving buffer k. Take Qi (¢) > 0, let all the buffers downstream of the
other activities that serve k excluding buffer / contain very large number of
items, all remaining buffers empty. Then again, the maximizing allocation
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has a; > 0, but @;(¢) = 0, contradiction to EAA. O

Corollary If EAA assumption holds, and Q. (¢) < 0 for some k € K, then
aj=0for{j:Cjr =1}

Proof Clearly, if a; > 0 this contributes a negative term to the pressure and
a; = 0 will increase the pressure. O

Corollary If EAA holds, under maximum pressure policy, for every fluid
limit Qx (1) > 0 also for the buffers k € K. ]

Proof This follows from Q (1) = ax —2jeg Cjxp;T (1), k € Ke, But from

the previous corollary it is easy to see that when Q (r) < 0 then ‘;T(t) =0,
so by Lemma 11.13, once Q(#) > 0 it is never negative again. O

We are now ready to prove Theorem 13.5. Assume we are using some o < o*,
and maximum pressure policy. Let Q(z), 7 (¢) be a fluid solution. We again
consider the quadratic Lyapunov function:

K
£ = (@) = Q) - Q(),
k=1

We now note the by (13.9),
Qi (1) = —Ryc. T (1) +
Qi (1) = —Ra, T (1),
So we obtain:
(1) =2Q() - Q) .
=2Qq, (1) - Q. (1) +2Qy, (1) - Qo (1)
= 2Ry, T (1) + @) - Qe (1) = 2Ry, T (1) - Qe (1)
= 22RT (1) - Q(1) + 2 - Quc_ (1)
=-2 max Ra - Q1) +2a - Qg (1)  byLemma 12.7
ac

Letx*, @* be an optimal solution of the production planning problem (13.11).
Then Ry x* = a* Rg,x* = 0, and from the constraints of (13.11), clearly
x* € o/. We then have:

f(t) = —2max Ra - Q(t) + 2o - Qx_ (1)
aed
< —2Rx* - Q(t) +2a" - Qg_(1) sincex* € &, a < a*,and Qy_(1) =0
=0 since (Rx")q, = 0, and (Rx*)g, = a”.

The Lyapunov function f then has the properties: f(#) > 0, it is 0 only when
Q1) =0, k=1,...,K, and Ff(1) < 0. It follows by Lemma 11.13 that
if £(0) = 0 then f(z) = 0 for all t > 0. Hence, Q(0) =0, k = 1,...,K
implies Q (f) = 0 for all t > 0, so the fluid limit model is weakly stable.
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13.13 Outline the proof of Corollary 13.6, in analogy with 12.14.
Solution
The proof that no splitting is needed is again because all extreme allocations
are {0, 1}. To see that preemptions are needed, follow all the steps of the
proof in|Dai and Lin (2005), Section 8 and Appendix B.

13.14 Solve the static production planning problem for the push pull system of
Section 13.5, and plot the feasible region for all possible combinations of
parameter values [|Guo et al. (2014)].

Solution
The dynamics of the push pull system are:

O (1) = axt — Sk (T (1)), k=13,
Oi (1) = Qr(0) + Sp—1 (Ti—1 (1)) = S (T (1)), k=2,4.

with mean processing times my = y;], k =1,...,4. The static production
planning problem for the push-pull network is then:

max wia| +wsas
u,a

J251 0 0 0 231 aj
s.t. ORI 0 N 0
0 0 M3 0 us a3 ’
0 0 -u3 pa ug 0
uy
1 0 0 1 ] uy <[ 1 ]
01 1 0 us |~ 1]
Ug
u,a >0

The solution of this linear program is easily read from the following figure,
o3

4
H3

H4 -
s w

/s » O
1] h

or from similar figures for any parameter values. According to the values of
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the parameters w, u the optimal nominal inputs can be one of three:

(i) either @y =min{u, s}, a3 =0,
@) or a;=0, a3 = min{us, 4},
(iii) or ay = #1#2(#3*#4)’ = Hapa (H1—p2)

H1M3— Mo Hy M 3=y

If we exclude the singular cases of p; = u» or uz = u4, we then have the
following results: In (i) only queues 1 and 2 are processed, and p; = 1,91 =0
while pr = pp = '“—l and this is clearly stable for p; < w». The case (ii) is
similar, with only queues 3, 4 being processed. Case (iii) is the interesting
one: We have p; = pp = 1, but when we define p; = Yxcc(i)n%;, Uk» as the

actual load imposed by the standard queues we have:

5y = u3(p1 — po) <1 5o = M1 (3 — pa) <l
HIM3 — Hopls HIM3 — Hopls

13.15 Obtain the maximum pressure policy for the push pull system Section 13.5,
and show that the fluid model is weakly stable but not stable.
Solution
For the push pull network the matrix R is:

Vel 0 0 0
-4 u O 0
0 0 A 0
0 0 —/12 M2

and we have that maximum pressure has the following instructions for ma-
chines 1 and 2:

for machine 1 max{0; A;(Q;(t) — Q(t); urQu(t);}
choose correspondingly a=0;a1=1; a4=1;
that is: idle; push; pull;
for machine 2 max{0; A2(Q3(1) — Qu(t); w1 Qx(1);}
choose correspondingly a=0;a3=1; ar =1,
that is: idle; push; pull;

We now see that if we start at time 0 with
k= (é](O) - 6_22(0)) = M2é4(0) = /12(6_23(0) - (:24(0) = /1]6_22(0) >0
then the fluid solution starting from this value will stay with Q(r) = Q(0)

for all # > 0. To see this we note: in this state, all four combinations of push
or pull are max-pressure policies. It is now seen that if any of them is used,
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it needs to be followed by the opposite policy in a sense:

pull - pull will be followed by push - push

push - push will be followed by pull - pull

push - pull will be followed by pull - push for inherently stable

push - pull will be followed by pull - push or by pull - pull for inherently unstable

The fluid limit will then be to use a convex combination:

machine 1: pull 8; = %; push1 -6 = %;
machine 1: pull 4, = —S‘fﬁjﬁ;’l‘ llll’ push 1 — 6, = —/’llll/(ljf;’l‘ ;)2,

and this will keep the fluid buffer levels constant.

13.16 For the inherently stable push pull system of Section 13.5, under pull priority,
show that the fluid model is stable, and show that the policy is a weak pull
priority policy [Nazarathy and Weiss (2010)].

Solution
See|Nazarathy and Weiss (2010)

13.17 For the inherently unstable push pull system of Section 13.5, show that the
linear threshold policy described in Figure 13.8 has a stable fluid limit model
[Nazarathy and Weiss (2010)].

Solution
See Nazarathy and Weiss (2010)

13.18 Consider the process D (¢) of departures from the push pull system. Calcu-
late the correlation between D (¢) and D, (t). For simplicity consider the
symmetric case y; = up = 4, 1 = A = 1 [[Nazarathy and Weiss (2010)].
Solution
See Nazarathy and Weiss (2010)
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14.1

Optimal Control of Transient Networks

Exercises

The objective (14.4) gives a reward of (T — t)hy for each departure from
buffer k at time . Find an objective that will give a reward of w; x (T — 1)
for each completion of service of an item in buffer k by activity j, write
the equation for this objective in terms of buffer contents, and write its fluid
approximation.

Solution

Instead of

K T
max / hi D () dt
K T
= max / hi (T — 1)dDy ().

We now want to maximize rewards for completed activities, which amounts
to:

J T
w ;S (T;
max;/() i8;(T5(1))dt
J T
:max;/() w (T = 1)dS;(T;(t)).

The fluid approximation for this is:

J T
maxZ/ Wj,llji-j(l‘)dl‘
=170
J T .
=maxZ/ win (T — )T (t)dt.
=170

131
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14.2

14.3

Optimal Control of Transient Networks

More generally, if activity j processes simultaneously items from several
buffers we have

J
max Z

T
Cin /O wi k(T = 0dS; (TH (1),
Jj=1

M=

>~
I

1
with fluid approximation:

J T K .
max Z / ( Z Cj,ij,k)uj(T - 07;(t)dt
=

1
J T .
= E ri(T -7 (t)d
maszr/o (T =) (t)dt

Repeat the proof that fluid limits exist and are Lipschitz continuous, and that
almost surely for all w, the scaled queue lengths and allocations converge to
fluid limits that satisfy equations (14.6).

Solution

The proof of Theorem 11.2 needs almost no modifications, for general pro-
cessing networks with IVQs.

Show that the problems SCLP and its symmetric dual SCLP* satisfy weak
duality, that is if x, u and y, v are feasible solutions then the objective value
of SCLP* is greater or equal to the objective value of SCLP. Show that
the objective values are equal if and only if the complementary slackness
condition holds, in which case they are optimal solutions.

Solution

Let x, u be feasible solutions of SCLP and let y, v be feasible solutions of
SCLP*. We compare their objective values:

T T
Dual objective = / (a"+ (T - t)a")v(t) dt +/ bTy(t) dt
0 0
T Tt T
> / (/ u(s)'G'ds + x(T - Z)TFT) v(t) dt + / w(T —t)"H'y(¢) dt
0 0 0
T ' T
= / w(T—-1)" (/ G'u(s) ds + HTy(t)) dt +/ x(T-1)"F'u(t) dt
0 0 0
T T
> / w(T —1)"(y +ct) dt + / x(T — 1)'d dt = Primal objective
0 0
where the first inequality follows from the primal constraints and from v, y
non-negative, the equality follows by exchange in the order of integration,
and the second inequality follows from the dual constraints and from u,x

nonnegative. O
Clearly, if equality holds then both solutions are optimal. I is not clear that
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optimal solutions must achieve equality — if that is the case then one says that
strong duality holds.
Show how to reconstruct the primal and dual solutions of SCLP, SCLP*,

from x°, yM By, ...,By;. and T.

Solution

(step 1) Solve the Boundary-LP and Boundary-LP*. You now have x° = x(0)
and y = y(0).

(step 2) Solve the Rates-LP and Rates-LP* with the basis B;. Since the basis
is given, this requires solving the set of linear equations. Retain the dictionary
Dict; = Bl‘lNl. You now have u!, %!, v!, )’11.

(step 3) Form the list of adjacent Rate-LP bases, obtain the variables leaving

and entering, {p, Em, m=1,...,.M -1

(step 4) Obtain the remaining rates for interval m = 2, ..., M, where Dict,;,4
is obtained by a single pivot from Dict,,, in which ¢, leaves and &, enters.
You now have u", X", v",y", n=2,...,N.

(step 5) Solve the interval equations for xi (t,,) = 0 if {,;, = %, and y; (T -
tm) = 0if {,, = uj, where you use the coefficients %, y, and the added
equation ) 7, = T. You now have 7y, ..., Ty,.

(step 6) Calculate all other x™, y" using 19, yM the %, y, and the 7.

You now have the complete solution.

Prove that solutions that satisfy all the conditions listed in section 14.4 are
optimal solutions of SCLP, SCLP*.

Solution

We will assume that all the bases of the Rates-LP are primal and dual non-
degenerate. The proof otherwise is by perturbation.

From the construction it follows that u, x, v, y are feasible and complementary
slack. Therefore they are optimal.

The key point to notice is that in each of the intervals, if Xz = O then
also xx = 0, and if y; = O then also y; = 0. The argument is as follows:
Consider x (7). If it has xg > 0 then x}( is in the basis (by compatibility of
Bj with x(0)), and by non-degeneracy it is non-zero. Hence, if x}( =0, then
xx(0) =0, and x¢ (¢) = 0 in the interval (0, ), so xx(#) = 0 in the interval
(0, t1). Proceeding we now have that if xz (¢) > 0 in the interval (f,,,—1, t,n,),
then by non-degeneracy )'c'k"‘l in non-zero. Then if £, = Xy then x¢ (¢,,,) =0,
and in the next interval both x (t) = 0 and x (¢) = 0, while if ;,, # Xy, then
X is basic in the next interval, and so it is non-zero and so is also x (7). Next,
if x¢ (t) = O in the interval (¢,,,—1, #,,,), then of course X () = 0 in the interval.
Then if &, # Xk, both X (z) = 0 and xx (¢) = 0 in the next interval, while if
&m = Xk, then X is in the basis B,,,;1 and is non-zero by the non-degeneracy.
This argument works for all x; and similarly for all y;.

For the fluid solution example described in section 14.5, describe what is
happening in intervals 4-9.

Solution
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The following table shows in each of the 9 intervals which buffers are pro-
cessed by the 3 machines.

machine 1  machine 2 machine 3  empty buffers

Interval 1 1 5 9 none
Interval 2 7 5 9 none
Interval 3 7 5,8 9 9
Interval 4 4 5,8 9 7,9
Interval 5 7 5,8 6,9 7.9
Interval 6 7 8 6,9 5,7,9
Interval 7 7 8 6,9 5,9
Interval 8 7 8 3,6,9 5,9
Interval 9 7 8 3,6,9 5,9

14.7 For the example in section 14.5, write the Boundary-LP/LP*, write the Rates-
LP/LP*, list the primal and dual bases of the Rates-LP/LP* for the 9 intervals,
and write the equations for the breakpoints.

Solution

We use the notation of Section 14.4, with x; primal state variables k =
1,...,10, and dual variables y; = 1,...,4. Here x} = Q_1(t,) are the
fluid buffer contents. The primal boundary LP is empty since F' = (), and its
solution is xg = «, initial fluid level. The dual boundary LP* has H and b all
non-negative values, and we set y = 0, so y;" +1 = (. These are the boundary
values forall 0 <z < T.

The rates LP is:

M1 uj X1
—Hi M2 up X2
M2 M3 us X3
—H3 M4 us X4
—H4  ps us || %s
—Hs5 Heo Ug X6
—He M7 uz X7
—H7 M8 ug X3
—M8 MY uy X9
—Ho  HM10 uio X10

u

uy

us

11 1 1 Ha 1
1 1 1 } s < { 1 }
1 1 1 Us 1

uz

ug

ug

uio
While the r.h.s. has 0 inflow for buffers 1, ...,9, we put some small values

ay to avoid degeneracy. Specifically, this will ensure that every non-empty
buffer

[=NeleNeNeNo N NNl




14.8

The bases and pivots for the 9 intervals of the solution are:

1
pivot
2
pivot
3
pivot
4
pivot
5
pivot
6
pivot
7
pivot
8
pivot

9

The equations for the breakpoints are:

X1

X1

X1

X1

X1

X1

X1

X1

X1

x
Uy
X

X10
x2
xg
x
us
X2
X6
X
X9
x
x7
X2
X8
x2

and the equation
(**) Reverse engineer the SCLP problem with the solution described in section

14.5.

Solution

X3
—
X3
N
X3
—
X3
—
X3
N
X3
—
X3
—
X3
—

X3

X4
ug
x4
ug
x4
us
X4
uz
X4
I
X4
X8
X4
ug
X4
us
X4
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X5

X5

X5

X5

X5

X5

X5

X5

X5

X6

X6

X6

X6

X6

X7

x7

X8

uq

ys(f1) : Yy
x9(t2) : Xy
xg(23) : xg
ys(ta): ¥l
xﬁ(l‘s) : xg
x9(t6) : xg
x7(t6) x9
xg(tg) : xg
Zﬁ;l T, =T.

X7

x7

X7

X7

X7

X9

X8

Uq

us

X8

X8

Xg

X9

X9

Ue

Ue

Ue

Ue

X9

X9

X9

us

Ue

uz

u7

uz

uz

X10

X10

Ug

Ue

uz

ug

ug

ug

ug

uz

Ue

usg

ug

ug

ug

ug

ug

ug

Ue

ug

u9

ug

ug

uio

uio

uio

uio
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uio

uio

uio

uio

uio
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16}

I

I do not know what is the best way of reverse engineering the problem data
to obtain a given solution. Here is the actual data for this example:
Re-entrant line with 9 steps and 3 machines, having three successive passages
through the 3 machines. Buffer 1 contains the input, served by input processor
1. Buffers 2, . . ., 10 are queues for the various steps, going through machines

2,3,4.

Initial fluid levels:

0.
Xy -

50, 24, 32, 47, 17, 43, 15, 20, 30, 32.

The matrix H contains average processing times, which are the values of ;1;1,
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for the input and queue buffers:

0.0416 0 0 0 0 0 0 0 0 0
0 0.0579 0 0 0.0432 0 0 0.072 0 0
0 0 0.0323 0 0 0.0371 0 0 0.0173 0
0 0 0 0.0365 0 0 0.0268 0 0

H=
0.0311

Very small inflow rates to all buffers, to avoid degeneracy, are given by:

a =0.00103, 0.00211, 0.00096, 0.00137, 0.00118, 0.00131, 0.00092, 0.00121, 0.00167, 0.00088.
Costs are 350 + the following:
c: 5.03,22.19, 19.31, 21.47, 17.04, 54.28, 25.31, 13.53, 10.11, 12.23.

14.9 Use the data for the 3-buffer re-entrant problem of section 14.8 to calculate
the minimum time to empty solution, and the last buffer first served solution.
Solution
The datais: C; = 1,3, C, =2, ¢(0) = (8,1, 15), u = (1,0.25, 1).
Accordingly, g* = (8,9,24), W; = 1 x8+1x24 =32, W, =4x9 = 36.
Machine 2 is bottleneck, minimum time to empty is 36. We can use u =
(8/36,1,24/36) for the inventories to reduce gradually to O in that time.
Unde LBFS we have u(f) = (0,1,1), 0 <7 < 4, u(tr) = (0,0,1),4 <t <
15, u(r) = (3/4,1,1/4), 15 <t <257, u(r) =(0,1,1/4), 25.7 <t < 47.
14.10 Find the optimal fluid solution for the 3-buffer re-entrant problem of section

14.8. Discuss its properties in terms of bases etc.

Solution

The Boundary-LP solution is ¢(0) = (8,1, 15), and the dual variables are

y(0) = (0,0,0)

The reward for the controls u are: w = h'R = (0,0, u3) = (0,0, 1), since

only activity 3 reduces the inventory.

The Rates-LP is:

max ciug CoU M3U3
s.t. pup +41 = a,
—Hiuy  Hou +42 = ay,
—Mou1  +H3u3z  +43 =as,
uj +u3 <1,
un < ],
u>0.

where a; > 0 are exogenous inflows, which we assume are close to 0 (0 would
make the problem degenerate). Similarly, ¢; > 0, ¢, > 0 are reward rates,
close to 0. There are also two slack variables, uy4, 5. The dual, Rates-LP is:

min ajvy +arvy  +azvs
st U —H v +Y4 -y =c1,
Hov2 U3 +¥s Yy =2,
+U3U3  +Yyy -y =1,

v >0.
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In the following we put 0 for infinitesimal values, replacing c;, a;.

— First interval: primal basis is B; = {¢1 = 0, g = -1/4,43 = —l,up =
l,u3 = 1}. Dual basis is B} = {y, = 1,5, = 1, y5 =0

At time #; = 4, g» = 0. Pivot: ¢, leaves, us enters. Dual pivot in reversed
time: v, leaves, ys enters.

—Second interval: primal basis is By = {¢; = 0, gz =—-1l,up = 0,u3 = 1,us =
1}. Dual basis is By = {v2 = 0,y, = 1,y = 1}

At time ¢ = 8, we start pumping out of 1 into 2 and out of 2. Pivot us leaves,
u; enters. Dual pivot in reverse time is y5 leaves, y, enters.

— Third interval: primal basisis B3 = {¢1 = —=1/4,¢3 = =1/2,u; = 1/4,u =
1,u3 =3/4}. Dual basis is B} = {v2 = 1,9, = 1,y5 = —1/4}.

At time ¢ = 24, buffer 3 is empty. Pivot g3 leaves the basis, u4 enters. Dual
pivot in reverse time is v3 leaves, y, enters.

— Fourth interval: primal basis is: By = {¢1 = —=1/4,u; = 1/4,up = l,u3 =
1/4,us = 1/2}. Dual basis is B} = {vo = 0,v3 = 1,y5 = 1/4}.

At time ¢ = 40 the system is empty. Primal basis is Bs = {u] = u3 = us
0, us = us = 1}. Dual basis is B; ={vi=vy=v; =1}.

To complete the description of the solution we plot the dual variables:

M

Vs

14.11 Write the equations for the tracking process for the 3-buffer re-entrant prob-
lem of section 14.8, and describe the policies for tracking the fluid in each of
the intervals of the fluid solution.

Solution

— First period: Buffer 1 stays constant, buffers 2,3 are IVQs, buffer 2 empties
as stochastic process rate p;, buffer 3 is filled by output of buffer 2, and
empties as stochastic process rate u3. Interval ends when buffer 2 is empty,
at = 4.

— Second period: Buffer 1 stays constant, buffer 2 is empty with no inflow or
outflow, buffer 3 is an IVQ, emptying as stochastic process rate u3. Period
ends at time ¢ = 8.

— Third period: Buffers 1 and 3 are IVQs. Buffer 2 is a standard queue.
Nominal rate for buffer 2 is u,. Tracking using maximum pressure would
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suggest that when machine 1 is available it compares pressure at buffers 1
and 3. pressure at 3 is deviation from nominal. Pressure at 1 is deviation from
nominal minus level of Q. Better alternative in this case: when buffer 2 is
close to empty, work on bufferl, otherwise on buffer 3.
— Fourth period: Buffer 1 is IVQ, buffer 2, 3, are standard queues. Policy is:
work on 2 always, Chose between 1 and 3 accordigng to pressure. Pressure
for 3 is deviation from nominal. pressure for 1 is deviation from nominal
minus Q(1).

14.12 Simulate the control of the 3-buffer re-entrant problem of section 14.8, for a
scaling by 10 and by 100. Use exponential processing times for each activity.
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Diffusion Scaled Balanced Heavy Traffic
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15

Join the Shortest Queue in Parallel Servers

Exercises

15.1 (*) For the case of two symmetric -/M/1 queues, under Join the Shortest
Queue policy, complete the derivation of the stationary distribution as an
infinite sum of product forms. Perform the following steps [|[Adan et al.
(1990)1:

(a) Write the balance equations, eliminate those for n = 0, and set up the
three sets of equations, for states in the interior of the quadrant, for states
on the horizontal n = 1 boundary, and for states on the vertical m = 0
boundary.

(b) Derive the quadratic equation for @, 8 that give product form solutions
for the states in the interior.

(c) Verify that g, Bo satisfy balance equations for states (i),(ii).
(d) Do the first compensation, to satisfy (i),(iii).

(e) Derive the sequence of ag, Sk and the coefficients c, di.

(f) Show that the coefficients and the roots converge geometrically.

Solution
(a) The balance equations are:

2(p+ 1)P(m,n) =2pP(m - 1,n+ 1)+ P(m,n+ 1)+ P(m+1,n-1), m>0,n>1, (i)
2(p+ 1)P(m, 1) =2pP(m —1,2) + P(m,2) + %(ZpP(m - 1,1)+ P(m,1)) (ii)
+1i5 2pP(m, 1) + P(m + 1, 1), m >0,
(142p)P(0,n) =P(O0,n+1)+P(l,n-1), n>1, (iit)
2(1+ p)P(m,0) =2pP(m —1,1) + P(m, 1), m > 0, (iv)
2pP(0,0) = P(0, 1). v)

Where in the equation for P(m, 1) we substituted the values of P(m, 0), P(m+
1,0) from equation (iv). Equations (iv), (v) now serve as definitions.

(b) Solutions of equation (i), for m > 0,n > 1 are P(m,n) = o B" where
a, B are any solutions to the bi-quadratic equation:

2(p + ap =2pB% + ap* +a’.

141
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which we can write as:
B2(2p +a) - 2Ba(p+1)+a* =0
or as:
2 2 2
" —a(2B(p+1)=B7)+26°p=0

to illustrate its role as quadratic for S with given «, and for a with given .
Any linear combination of such solutions will satisfies (i).

(c) Our compensation method will give an infinite sum of product forms,
where each successive term will be smaller, so the first term should describe
the asymptotic behavior for m,n — oo. Since we expect for large m that
n will be comparatively small, we should get behavior close to M/M/2, so
¥ o P(m,n) ~ P(M/M/2 queue = 2m) = Kp>™, so ag = p>.

If we take g = p?, there are two values that of 3 that satisfy the bi-quadratic
equation, two quadratic roots, namely p and By = %. The value p would
give P(m, n) of two independent M/M/1 queues, which is not what we want.

To satisfy equation (ii), @, 8 must satisfy (by rewriting (ii)):

" 2p+a)1+p)B+a’—a (2p2 +po+ 2) +2p2] =a" 'B(a,B) = 0.

So substituting @ = p?, and 8 = % this holds, so g’ B will satisfy both (i)
and (ii).
(d) To satisfy equations (iii), with a single term we would need to have:

BB - (L+2p)B +a] =" Ae, ) = 0.

However, in the next compensation step, we now have two terms, in the form
ay' By + cra'B", and to satisfy (iii) we need to have that § = fBo. In the
bi-quadratic, solving for @ with the fixed value Sy, one of the roots was .
So this determines a; as the other root with By. ¢ is now determined from
the linear equation:

A(ao, Bo) + c1A(a1,Bo) =0,

SO:
_ Ao, Bo) _ _ﬁ(Z, —(I+2p)po+a0 a1 =B

Alar, o)~ BE-(1+2p)Bo+ar @ —Bo’

Cl1 =

where we used that @) +ap = 2Bo(p+1) — ,6’(2) as two roots of the bi-quadratic
with So.

(e) The next compensation step is to add a term so that (ii) again holds. Since
the oi", By)" already satisfies (i) and (ii), the compensation needs to consider
compensating for a}", B;", so the a, 8 of the new term will need to satisfy:

claf’l"le(a/l,ﬂo) +ci1di@™ 'B(a,B) =0
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From which we see that @ = @, and so 81 needs to be the second root of the
bi-quadratic with a; (the first root was Sy). Once we have a1, (1, the linear
equation for d; is:

B(al’ﬁo) +d1B(a,17ﬁl) = 0

and we obtain:

Po(2ptar) (ai+p) 2 aj+p
g = _Blapo) B _ B~ (p+D
U Blanp) T BColam) g2 TSR (o)

where we used: BoB1 (2p+a;) = af since By, B1 are roots of the bi-quadratic
with a;.
So far we have:

o' By satisfy (i) and (ii) but not (iii)

@' By + craf B satisty (i) and (iii) but not (ii),

ay' By + craf' B + cidia" By satisfy (i) and (ii) but not (iii).

It is now clear how the infinite sequence of product form terms is constructed.
With @ we have the two roots B; > Br+1, and then we obtain ag; as the
second, smaller root (the first being a) for Br+1. We note, either by looking
at the equation for the bi-quadratic, or simply by looking at Figure 15.2,
where each step crosses the line @ = 3, that

a0>ﬂo>m>--->ak>ﬁk>ak+]>---

The terms for ¢y, dj are then (with ¢ = dg = 1):

A1 +P
Cral = _ k41 - Bk i dpoy = — P+ ~(p+ l)
* ar—Br " akﬁf}—‘m (p+ 1)

and the complete solution of the balance equations form > 0, n > 1 is:

00

x(m,n) = Z di (cra + craally)) By
k=0

Boag' +Z‘k+1 diBy + die1Brsy) €y
k=0

It is seen from these the ¢y are all positive, while d alternate in sign.
To calculate ay, B explicitly one can use:

ar + e = 2Bk(p + 1) = B3, @k = 2B1p,
2(p + Dags aiﬂ
+ = = 5
ﬂk ,Bk+l 2,0 Qe Bk,BkH 2/) P

This leads to a 2nd order difference equation for 1/8%, and to explicit solutions
of ay, Bk.
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(f) For the convergence, one can define uy = ax/Bk, vk = @k+1/Bk- One can
express @, Bk, Ck, dy in terms of uy, v and one can easily see that u T Ay,
vi | Az, where Aj = p+ 1+ p2+1, A = p+1— +/p2+1. One can
then show that all the terms in the summation converge geometrically, and
so the sum converges absolutely and it converges to a positive term x(m, n)
for every m, n.

Finally, looking at the },,, ,, x(m, n), it can be shown that it converges, to a

finite B~!, and p(m,n) = Bx(m,n), with B = %

(e) These are obtained as infinite sums of geometric terms. In particular
2m + n is the number of customers in the queue, m the length of the shorter
queue, and m is also the expected waiting time of a customer that joins the
shorter queue, conditional on m.

15.2 (*) The following model is called join the shortest queue with jockeying :
in the two symmetric -/M/1 queues customers alway join the shortest queue,
however, when the difference in queue length at the two servers exceeds
a threshold d a waiting customer is moved from the longer to the shorter
queue. For d = 2, draw the states and transitions diagram, write the balance
equations and suggest how to solve them [|Adan et al.|(1993,/1994))].
Solution
It is convenient to represent the state as Q(¢) = (m, n) where m is the length
of longest queue, and n = 0, 1, 2 records the difference in length (somwhat
counter intuitive, number in system is 2m — n). The following is the states
and transition diagram:

° ° ° ° °
v 2
1
° ° ° ® ° °
Ve e
2p 2%7
/ ° ° ° ° ° ° °

The balance equations are:

n

2(1+p)P(m,2) = P(m,1), m =2,
2(1+p)P(m,1) =2P(m+1,2) +2pP(m,2) + 2pP(m — 1,0) + 2P(m,0), m =2,
2(1+p)P(m,0) =P(m+1,1)+2pP(m,1), m=>1,
(1+2p) P(1,1) = P(2,2) +2pP(0,0) + 2P(1,0),
2p P(0,0) = P(1,1).
A simple approach to solve the balance equations is as follows: We note that
the total number of customers fluctuates between even and odd, where odd

are the states O,,, = (m, 1) with 2m — 1 customers, while even are the states
En = {(m,0), (m — 1,2)} with 2m customers, and for 3 or more customers
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in the system, this is just like M/M/2. The transition rates for the new states
are

We obtain from this the stationary probabilities:

2+2p, 5 20 5 2
P =B, P(1,1) =B2p, P(1,0) =B———2 P(2,2)=B——2
(0,0) =B, P(1,1) = B2p, P(1,0) 7v3p " (2.2) 7232

P =B——2
(3+) 3330

P(M) = Biiizz(l — p)pM., total number M > 3,
P(m,1) = B%Z(l —p)p* 1 m > 2,

P(m,2) = 3%2(1 — )P m> 2,
P(m,0) = 3%2(1 —p)p?™, m > 1.

This problem can be solved by Matrix-Geometric techniques (a nice intro-
duction to these techniques is [Haviv| (2013) Chapter 12). In particular it is
shown in|Adan et al. (1993}|1994) that for any number of parallel exponential
servers with different service rates, JSQ with jockeying whenever the dif-
ference between the longest and shortest queue reaches a threshold, can be
solved explicitly.

15.3 For the case of two symmetric -/M/1 queues, under join the Shortest Queue
policy, obtain the stationary marginal distribution of the difference in length
between the two queues, and find an M/M/1 type approximation that is an
upper bound for it.

Solution

Let Y () denote the difference between the longer and shorter queue at time
t.

The exact expression for the stationary distribution of Y (¢), expressed by an
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infinite sum is as follows (for n > 1):

00 00

p(-,n) =B Z Z di (cxay' + cknafy) By
m=0 k=0

S 1 1
=B ) di|c +c "
;) k(kl_ak k+11_ak+1),6‘k

i1 =B

_Bi J (I —arn) - S (T—a)
B S RS TG Ry B

o< (age1 —ax)(1 = Br) n
) B;)dek (1 =) (1 = ax)(ax — Br) Pr

Y () onits own is not a Markov process. However, we can find an upper bound
for the stationary distributions of Y (z) by looking at the transition rates of
Y (t), as shown in the following figure: Here, the rate at which Y (¢) increases

>1+2p
<2+2p <1 <1 <1
:@ QJORST
1+2p 1+2p 1+2p 1+2p

by 1isbounded: 1 +2p < ¢(0,1) <2+2p,and 0 < g(n,n+1) < 1,n > 1,
where the lower bound correspond to the shorter queue being empty, and the
upper bound to the shorter queue being not empty. This implies that:

_ _ P
w0 =B (%) =0 2 TF5,

o 20k (1 VR
") =B () =) < TEEL L)L

The bounds are obtained as follows: We have as upper bound on 7(j),
j-1
n(j) < n(l)(ﬁ) , SO Z‘;.';] n(j) < ﬂ(])%. We also have the upper

bound on 7(1): 7(1) < 7 (0) %. Since probabilities add up to 1, we have

for the upper bounds on 7(j), j > 1 and lower bound on 7 (0 that:
24+2p1+2p
1+2p 2p

15.4 For two identical -/M/1 servers and any arrival stream, prove that join the
shortest queue maximizes the probability that k items will complete service
by time s, for all s and & (hint: use induction on k [Winston|(1977); [Weber
(1978)1).

Solution

0
1+2p°

1 =n(0) + 7(0) 7(0) =
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We wish to show, P, (D(s) > k), the probability that starting from Q(0) = x
the number of departures by time s will equal or exceed k is maximized by
JSQ, for all x, s, k. We show if by induction on k. For k = 0 there is nothing
to show. Assume the theorem is correct for k — 1. We will prove it for k.
After the first departure, by the induction hypothesis we should use JSQ. So
we only need to consider the period up to the first departure. Assume at time
0, queue 1 is longer than queue 2. Consider two strategies up to the time of
first departure:

— Strategy SI: Assigns first customer to queue 1, then continues in some
arbitrary fashion, until the first departure.

— Strategy S2: Assigns first customer to queue 2. Then imitate strategy S1 at
each arrival, until S1 assigns a customer to queue 2 (if that happens before
first departure) and assign that arrival not to queue 2 but to queue 1. We also
assume that as long as queue 2 is empty under strategy S1 we do not serve it
under strategy S2.

At the time of the first departure, there are two possibilities: either the two
queues have the same number of customers under both S1,S2, or, if under
S1 no arrival has been assigned to queue 2, then there will be one customer
more at server 2 and one less at server 1 under S2 than under S1. In the first
case we see that S2 is as good as S1. We now discuss the second case, and
show that in that case S2 is better than S1 in maximizing P, (D(s) > k).
Note that in this second case, at the time of the first departure there is a
single customer which is in queue 1 under S1 and in queue 2 under S2. Also,
because S1 has only assigned arrivals to queue 1, queue 1 is longer than
queue 2 if we do not count the extra customer. Imagine now that instead of
the extra customer being in the system before the first departure, it has arrived
just after the first departure. Then by the induction hypothesis it should be
assigned to queue 2. Hence the action of S2 at the time of the first arrival was
better than the action of S1. If under S2 we would have also served queue 2
when it was empty under S1, then the advantage of S2 would be even greater.
The same argument then hods also for the 2nd, and for all subsequent arrivals
before the first departure. This completes the proof.

Note that the proof is valid for any arrival stream, and for any number of
identical servers with exponential service time. We need the exponential
service assumption here to make the system Markovian and memoryless.
The same paper of[Weber|(1978) also shows that JSQ is optimal for identical
servers with IHR (increasing hazard rate) distributions.

Consider Poisson arrivals, and service time that is 0 with probability 1 — €,
and n with probability €. Consider the following alternative to JSQ: If there
is an empty server or if the difference in queue length is 0 or 1, use JSQ.
Otherwise, join the longer queue. Show that for fixed A and n, this policy
outperforms JSQ as € — 0 (Hint: show that under any policy, the probability
that a busy cycle contains k long jobs is of order e* [Whitt| (1986)]).
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Solution

For any fixed A, as € Y\, O the system goes to light traffic. We refer to the
customers according to service time as 0 or n. Consider the story of how
things work in a busy period: for most of the time, both queues are empty,
and an arriving customer is 0, he waits 0 and leaves immediately. Then we
have an arrival n, and for a duration of » he is in one queue and most of the
time, all arrivals during n are 0, they go to the empty queue, wait 0, and and
leave immediately. Eventually, we may have an arrival of n during n and we
now have both servers busy. Arrivals will now join alternating queue 1 and
2, which will remain almost equal, until the earlier of the n leaves, and most
of the time that queue will now be empty. We now get to the interesting part:
Occasionally, there will be an arrival of a third n before one of the two ns
leaves.

With probability 1/2 it joins the queue that does not empty, and then in most
cases the non-empty queue will empty from both n customers before the
other queue becomes non-empty.

With probability 1/2 the new n customer joins the queue of the n customer
that leaves first. In that case, the queue that has the other n will have nobody
leaving, while the queue of the n that leaves will become shorter, because all
the customer before the third n will leave. But now, usually, the second n will
complete, and all customers behind it will leave, while the third # is still in
process. So if you arrive in this situation, you should join the longest queue.
We have shown that for all cases that the busy period has no more than 3 ns,
the policy of join empty or join shortest when difference is 1, but if difference
is more than 1 join longest queue is better than the policy of JSQ.

To complete the proof, see Whitt (1986)), for proofs of:

Lemma For X a Poisson random variable with parameter A,

AR >P(X > k) > ke k.

Theorem. The probability of k or more long jobs in a busy period is of order
k

€

Calculate the expected waiting time and the expected sojourn time for an

M/M/2 queue, and compare it with the expected waiting time and expected

sojourn time of an M/M/1 queue with a server that has twice the speed.

Solution

Denote W the sojourn time, V the waiting time, and Q the number of cus-

tomers in the system in steady state..

For M/M /1 with arrival rate A and service rate 2u, with m = 1/u and
_ 4

pP= 2u’

m/2

1-p°

E(V) = p’”—/i

PW=0)=1-p, EW)= -
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For M/M/2 with arrival rate A and service rates y, withm = 1 /g and p = ﬁ

o _l-p o _l=p_
P(Q—O)——1+p, P(Q—k)——1+p2p,k21

2p
P(W:O):P(Q:O)+P(Q:1):1—p1+p>1—p.

and the waiting time once a customer has to wait is the same as for the M/M/1
double speed, so:
20 m/2 p? m

= m

= , E(W) = E(V) =
l+pl-p 1-p2 (W) = m +E(V) 1 - p?

E(V)=p

so with two servers, wait is shorter, sojourn longer than with a single double
speed server.

When p 7 1, the differences disappear.

Calculate the expected waiting time for a system with s -/M/1 queues, when
Poisson customers are routed on a round robin policy to the different queues.
Solution

Assume arrivals are Poisson rate 4, service at each server is exponential rate
u,andlet p = A/spu.

Under this policy each server behaves like a G/M/1 queue with interarrival
times distributed Erlang(s, 1). As we saw in Section 2.9, the stationary dis-
tribution is:

,2,.

_ k-1
B =t ={ P

where « is the unique < 1 solution of

A N
P - ()
a (u(1 - a)) Tra(i-a)
and sojourn time is then exponential with parameter (1 — a). One can solve
for @ numerically.
In heavy traffic, i.e when p = A/su ~ 1, we can use Kingman’s bound
approximation:

B(V) = (W) = %l/s;l

For s = 2 this is 3/2 the value for a double speed server, and 2/3 of the
random assignment sojourn. When the number of servers is large, this is half
the sojourn time of random assignment.

Verify the calculated values of the resource pooling effect on expected sojourn
time as listed in Table 15.1.

Solution

We already laid out all the necessary theory. The columns for Alternate
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routing and for JSQ need to be calculated numerically. The other columns
just need substitution in the closed form expressions.

15.9 An alternative to the proof of the bound on the difference between JSQ and
G/G/2, is to compare JSQ to a G/G/1 queue, with half the processing times.
With W (t) the unfinished workload of the soulbe speed GI/G/1 queue, show
that

W(t) < Wi(t) + Wa(t) < W(1) + sup [Wi(r) - Wa(1)]

O<s<t

Solution
We compare JSQ for two identical -/G/1 systems, with a single G/G,/1 system
with service times distributed as G (x/2) (twice the speed). We couple the
streams of arrivals and service requirements for the two systems and denote
W1, W,, W the remaining workload processes.
Denote L(t) = Wi(t) + Wa(t) — W(t) and K(r) = |Wi(r) — Wa(t)|, we
wish to show 0 < L(#) < supy,, K(s). Consider a single busy period of
the JSQ system, starting at time 0, so that L(0) = K(0) = 0. Let ¢y be the
first time that G/G,/1 is busy, while JSQ has one server idle, if such a time
exists, or else we let fy be the end of the busy period. Then L(z) = O for
0 <t < tp. At the time 79 w.l.g., assume server 2 is idle and server 1 is
busy. Then, L(f9) > 0 and K(z9) = Wi(t9) = W(ty) (they are equal for
to but we will need > for 1,1, ...). In the time following fg, while G/G,/1
is busy at rate 2, in JSQ only 1 server is busy, so L(¢) increases at rate 1,
while K(r) decreases at rate 1. However, this can only continue for at most
a duration W (#9)/2, and so in this entire period that L(¢) is increasing,
0 < L(t) < L(to) + W(t9)/2 < K(tg) — W (tr)/2 < K(to).
Before the time 79 + W (ty)/2 two things can happen: (i) There may be an
arrival, in which case both systems will again have two servers busy, or (ii)
we may reach a time r when ‘W (¢) = 0 while L(¢) = ‘W, (¢) > 0. At that time
the JSQ system will have one busy server while the G/G,/1 system will be
idle, and L(t) will be decreasing until it reaches 0 and the busy period ends,
or there is a new arrival, and both systems will again be processing at rate 2.
Throughout, 0 < L(#) < K(tp) will be maintained, until the busy period is
over, or until at some time #; > 7o, again for the first time, system G/G,/1 is
busy while the JSQ system has one idle server.
Then at ¢1, L(¢;) > 0 and K(t;) = W;(t1), with Ws_;(#;) = 0fori =1 or
i = 2. Note that K(t1) = W;(t1) = Wi(t1) + Wa(ty) = W(t1) + L(t)) =
‘W (t1). In the next period, by the same argument, 0 < L(z) < K(¢;). This
can be repeated with #p < #; < ---t; < --- being successive times at which
G/G2/1 is busy and in the JSQ system one of the servers becomes idle. This
shows that L(f) < supy<,, K(s) holds throughout the busy period.

15.10 Complete the proof of proposition 15.3.

Solution
Because the longest queue is not receiving JSQ customers, we can assume
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that ‘W, (0) = ‘W5 (0) = 0, and thereafter ‘W;(¢) = 0, and we have (Wl.”(t) =
W ()] V. ) )

We will show that |[W'(¢) — W)'(t)| —, 0 u.o.c., which is equivalent to
|‘|7V|" (1) - (§V2"(t)| —, 0. We wish to show for # > 0 and € > O:

P( sup [W/(r) — Wi(1)| > €) — 0, asn — oo.
O<s<t
Assume first that Q(0) = 0. Then for n large enough, Q" (0) < €/2. Consider
the event supy_, ., Q" (s) > €. If Q"(0) < €/2 and supy,, Q" (s) > €, then
we can define 0 < 7" < v < 1 such that:

" = inf{s : Q"(s) > €}, ™ =sup{s: 0 < s < 7", Q"(s) < €/2}.

The rest of the proof follows the same steps as the proof of Theorem 6.3.
15.11 Complete the proof of Theorem 15.1 without assuming 41 = 2, = 0.
Solution
The proof needs only minor changes. We now have in addition to the JSQ
customers also arrivals to either of the queues. As long as both servers
work in both systems, L(#) and K(¢) do not change. In those periods when
G/G/2 has two busy servers and JSQ only one, we now need to consider
also arrivals of server 1 and of server 2. Assume #; is a time when W5 (ty)
reaches 0, ‘W (tx) > 0, in G/G/2 both servers busy, and we have: L(zx) > 0,
W (tr) = W (tx), and consider the following period, in which L(z) increases
and K (7) decreases, but L(#) < K(t) < K(t;) is maintained. Then we need
to consider two possibilities: we may have an arrival that joins server 2 in
both systems (it may be a server 2 customer or a JSQ customer), and both
servers are busy in both systems, and L(t), K(¢) stop changing. Or it may be
a server 1 customer that joins server 1 in both systems at time s, and requires
service S. When he joins he leaves ‘W, (¢) = 0, K(¢) increases by S, L(t)
remains unchanged, and ‘W (¢) increases by S. Then the following period,
when L(?) increases at rate 1 and K(¢) decreases by 1, can only last for a
time (‘W (s—) +S)/2 and L(t) < max{K(tx), K(s)} is maintained.
Consider then the sequence of times fg, . . ., g, . . . at which one JSQ server
becomes idle and both G/G/2 servers are busy, and the times sq,..., s, ...,
at which a customer joins the longer queue when the other queue is empty,

and both G/G/2 servers are busy. The at all times, L(¢) < max {L(s) 15 €

{to,t1,..., S1,82,.. .}} < Supy<s<; K(s). This completes the proof.
15.12 Prove that similar to Propositions 15.2, 15.3 about workloads, the following
theorem holds for the queue lengths:
(i) Under join the shortest queue, IQ{’ - @;I —p 0asn — oo,
(ii) @ + Q) =\ RBM(6, £ Aic2 , + X c2 ) asn — oo,
Solution
Let Q(t) be the queue length of the coupled G/G/2 system. We then have:
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(i) Qi (1) + @ (1) > Q(1), (i) By |'W1(r) - Wa(1)| =, 0 we also have
Q1 (1) = Qa(1)] = 0. (iii) Q(r) >y RBM(8, X A;c% ,+ Y c2 ) asn — oo.
The Theorem follows.
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Exercises

16.1 Derive the diffusion limits for the MCQN netput process %X (N?t), using

the property that in balanced heavy traffic limp —c0 #‘7;2(Nz) = Vit u.0.C.
a.s..

Solution

We have

Xi(t) = (Ar(1) — axt) = (Sk(Te (1)) — urTe (1))
K
# (R (SUTH(0)) = pripuTi(1)
=1
We then have, by the FCLT for renewal processes:
1
v (Ar(N*1) — agn’t) —, (axc2)'?BM(1).
Also, since %‘T(Nt) — t u.0.C. a.s., using time change, we have:
1
5 (Sk(Te(N*0) = i T (N°1))
1
~ 5 (Sk(V2D) = Tk (N?0) =0 (uiced) 2 BM (1),

and, since %SI(W(Nt)) — ut u.0.C. a.s., using time change, we have:

1
N (Rik (SI(T(N?1))) = prisuTi(N*1))
1 2 2 1/2
~ N(Rl,k(l_,ulN t]) = priuN“t) = (pix(1 = pix)) ' "BM(1)
The diffusion limits of arrivals and of service times for all k are independent.
The diffusion limits of the quantities R; x, k = 1,..., K are independent of

the arrivals and service time limits, but are correlated between themselves.
As a result:

1 172
NXk(Nzt) —w (akc‘i + pics + Z Hipri(1 - Pl,k)) BM (1).
lekK
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16.3

16.4
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Verify equation (16.2) for the drift and covariance of the netput process,
Solution

The calculations are similar to the derivations of (9.17), Theorem 9.4 in
Section 9.5 and to Exercise 9.5. See also (Chen and Mandelbaum (1991}
1994).

Show that the LP (16.8), that solves for @(t) in terms of ’W(t), is feasible
and bounded.

Solution

In the LP (16.8) the coefficients matrix M is non-negative full rank, and the
r.h.s. (ﬂ/(t) > 0. This proves the solution is bounded and the dual is feasible.
The dual is:

1
max Z (Wi (t)m;
i=1

M'r; < hy,

which also has non-negative coefficient matrix where every row has some
positive terms, and non-negative r.h.s., and although the variables 7; are not
restricted in sign, its objective coefficients are non-negative, so the maxi-
mizing optimal solution is bounded above. This implies that the primal is
feasivle.

Consider the criss-cross network with Poisson arrivals and exponential ser-
vice times. Assume that customers that arrive at station 1 are served on FCFS
basis. Analyze the performance of the network under that policy.

Solution

This is a feed forward Jackson type network. The situation in station 1 is
that it acts like an M/M/1 queue with 4 = 2p, u = 2. So in steady state, the
number of customers in queue 1 is

P(Qi+Q =n) =(1-p)p",

with expectation ;2.
-

conditional on Q; + Q; = n the number of those in Q; is ~Bin(n, 1/2), since
they arrived randomly and are served in order of arrival, so:

k+l K+l
T 0 [ I G I
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The marginal distributions of Qjis:

by the binomial theorem formula W =", (”Zk)x”. The marginal
distribution of @, is the same.

It is interesting to note that each behaves like M/M/1 with arrival rate p and
service rate 2 — p, which is the service rate left over after using rate p for the
other class. This is a higher rate than the rate 1 it would get if it were on its
own. This is exactly the pooling effect.

Because this is a feed forward network, all the streams of customers are
Poisson, so input to station 2 is Poisson rate p, with service rate 1.

P(Q; =m)=(1-p)p™.

The value of the objective:

T
fim L / (Q1(1) +@u(1) + Qs (1))dt = B(@Q + Qs +Q3) = —2—
Tooo T 0 1- 1%

The sojourn time in station 1, for either type of customer is %1—%0 The
soujourn time for customers of type B composed of the two stations is %#
Consider the criss-cross network with Poisson arrivals and exponential ser-
vice times. Analyze the performance of the network under the policy of
priority to class 1 and under the policy of priority to class 2.

Solution

Under priority to customers of type B at station 1, the flow of customers of
type B will be as follows: They experience M/M/1 service at the first station,
with sojourn time exponential of rate 2 — p, and arrive in a Poisson stream
to station 2, and have sojourn time time exponential of rate 1 — p at station
2, and the two quantities are independent. The customers of type A will have
a much longer waiting time: The average waiting time will be (see equation

% 2p-1/2:2/4 . . . 2-p+p?
3.5)V= (1_5/2)/%, and the sojourn time will be 2_3’;:;2.
Under priority to customers of type A at station 1, the sojourn times at station
1 will be reversed. The sojourn time at station 2 will however be longer, since

the arrival process will no longer be Poisson but will be much more variable.
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For the criss-cross network, plot a schematic path of the buffer contents,
using drift and deviations from the drift, to illustrating all possible states.
Solution

The following is a schematic picture of how fluid will empty under the optimal
Brownian policy.

A

B2

Bl

Al

For the criss-cross network calculate the drift and the covariances for the
netput Brownian motion X (r) and for the netput Brownian workload Z®).
Solution

The scaled drift is ditr = N(p — 1)t for each the queue lengths at station
1, which approximates dr = %szt) = N(p — 1) from which we get the
the original drifts are d(t) = p — 1. The drift for the third queue is 0. The
covariance matrix of the X (¢), recalling that for exponential service and
interarrivals ¢4 ;, ¢k = 1, is:

20 0 0
Fx=[0 2p —p
0 -p 2p

The drifts of Z(¢) is:
12(p=1)+1/2(rho - 1) =p - 1; (p=-1)+0=p—-1.
The covariance matrix is:
1
27 [ (A ]
Obtain the marginal distributions of the Brownian workloads W, () for the
criss-cross network under the optimal policy. Note they are not independent

and we cannot obtain their joint distribution. Try and estimate the mean
objective.
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Solution

We have: W;(t) = Z:(1) + 1(1), where Z;(¢) is a one dimensional Brow-

nian motion with known drift and variance, and “W;(¢) is its one sided

Skorohod reflection, i.e. W;(r) ~ RBM. The drifts are negative, so the sta-

tionary distributions are exponential. for drift m < 0 and variance o> we get
2m

~Exp(-<37):

o/t

2(1-p)

W1(0) ~ Exp (—) W) ~ Exp (M)
o o

with means and standard deviations: # and %p
Under heavy traffic the lower bound (??) should approximate the actual

objective:

E(Qi (1) + Q1) + Q3(1) ~ E(Qi (1) + (1) V Qo (1) + Q3(1))
CEQWI () VW) < 2L,
21-p

Because both 2W (¢) and ‘W, (¢) are exponential random variables, with the
same parameter, and they are positively correlated. For two independent rate
A exponential random variables the maximum has expectation %% If they
are positively correlated we get a value that is between % < %%
Consider a modified criss-cross network, where customers of type B can
start their service at station 2 without waiting to complete service at station
1, and customers of type B leave the system when both services are complete.
Assume Poisson arrivals and exponential service times, and server 1 is giv-
ing non-preemptive priority to customers of type A. Calculate the expected
number of customers in the system as p " 1.
Solution
This modified system is obviously an improvement on the actual system. The
expected number of customers waiting to complete service by server 1 is
1%;' In addition there will be Y customers of type B that have been served
by server 1, and are still waiting for server 2. Since customers of type B have
lower priority for service by server 1 and have no competition for server 2,
Y will usually be small, and so we can ignore Q3. For @, and Q; the total
number in workstations 1 is independent of policy, and is queue length for
M/M/1 with traffic intensity p. Hence: E(Q; + @ + Q3) ~ 1%7' This lower
bound is a factor 2 improvement on FCFS.
Together with the previous exercise we get the expected objective is bounded
between &, %& as compared to 2%/) for FCFS.
We can also calculate the values of the (approximate) expected waiting times
for type A and B, using the equations for waiting times in priority M/G/1,
Section ??, Equation (??). From it we get (ignoring station 2):

- - 2
Wa = 2.5, Wp =~ .
2-r
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16.10 Consider the criss-cross network under the policy of Maximum pressure, and
compare this to the proposed threshold policy. Evaluate both by simulation.
Solution
The input output matrix is:

1 0 O 2 0 0 2 0 0
R=(-P)diag(u)=|0 1 0 02 0)=]10 2 O
0 -1 1 0 0 1 0 -2 1
For buffer contents Q we have:
2 0 0
Q'R = [ Qs Qp1 Qp ] 0o 2 0
0 -2 1

=] 2Qa. 2(Qp1-Qp2). Qm |.

The maximization is over u; + up < 1 and u3 < 1, so maximum pressure
policy will require:

— At station 2, work fully on buffer B2.

— At station 1, work on A when Q4 > Qg1 — Qp2,

— At station 1, work on B1 when Qg — Qg2 > Q4.

This works out as follows: Always work on B2, which will change at rate
up — 1. While Q4 > Qp1 — Qp> work on A, so it empties at rate p — 2.
Meanwhile pressure at Qp; increases if buffer B2 is emptying, or stays
constant if buffer B2 is empty, so eventually equality Q4 = Qp1 — @p> is
reached. If Qg — Qg > Q4 work on B1, so Qg will empty at rate p — 2,
while Qp, will fill up atrate 2—1, so also in this case equality Q4 = Qg1 —Qp2
will be reachd. Once equality is reached, work on both buffers A and B,
with u; = uy = 0.5 so that buffer B2 will receive input at rate 1, and process
at rate 1, which means it will stay constant (on the fluid scale), so maximum
pressure will equalize the pressure at station 1, and share the processing at
station 1 equally. This will continue until buffer A will become empty, and
Qp1 = Qpa.

When fluid is 0, maximum pressure will be stable, but it is harder to say how
random fluctuation will affect the processing.

It is significant to note that even when B2 is above a threshold, i.e. it is in no
danger of starvation, maximum pressure will not give priority to A, but will
share processing of A and B1. This is in contrast to the Brownian inspired
threshold policy.

16.11 Consider the criss-cross network with general parameters, arrival rates «;,
service rates ui. Assume renewal arrivals and services, with coefficients of
variation ¢ ;, s, k. Follow the next steps:

(a) Write the dynamics of Qi (¢), using nominal rates vy.
(b) Define netput processes X (t), and write Q(z) in terms of the netput
X () and the free times i (7).
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(c) Write the dynamics of the workload processes “W;(¢), define workload
netput Z;(t), and write ‘W;(¢) in terms of the workload netput Z;(¢) and the
idle time processes Z; ().

(d) Calculate the offered load for each of the servers, p;.

(e) Define a sequence of systems indexed by N. Use fluid scaling with time
and space scaled by N, and obtain the fluid limits of QY , XV, N and of
WN, zZN IV,

(f) Formulate the conditions for balanced heavy traffic and determine the
diffusion approximation to X(¢) and Z(¢).

(g) Calculate the drift and and covariance matrix for the diffusion limits X
and Z.

Solution

(a,b) The nominal rates are: v| = ng‘eralzmz L V) = mn”:f:'{‘jzmz ,v3 = 1. If the
system is to be rate stabe, server 1 needs to devote a fraction v; of its time to
class 1, and v, of its time to class 2.

Qi (1) = [(a1 — vt + (A1) — art) = (S1(T1(1) — 1 T1(2)) ]
+ Ot = Ti(0)] = X1 () + 11 Ji (1)
Q (1) = [(@2 — pov2)t + (Aa(t) — aat) = (S2(Ta2(1)) — p272(1))]
+ 2 (vat = T2(1)] = Xa (1) + 2 o (1)
Qs(1) = [(p2va — p3)t + (S2(72(1)) — p272(1)) — (S3(72(1)) — u373(1))]
= [p2(vat = ()] + [pa(t = T()] = X3(1) + 13 F5(1) — pa (1)

Note that Q3 includes a combination of its own free time and the free time
of @, in its decomposition.

(¢) The workloads are ‘W (t) = MQ(t), with M = [ e

h
0 ms ms ]Were

m; = 1/u; are mean processing times. We have:

Wi(1) = mi X1 (1) + mXo (1) + i (1) + (1)
= (army + @amy = 1)t + [my (AL (1) — a1t) + ma(Ax(1) — aat)
—mi ((S1(T1(1)) — 1 71(2)) — ma2(S2(72(2) — p272(1))]
+[1=T1(1) - T2(0)] = Z(1) + 11 (1)
Wa(1) = m3 [Xo(2) + X3(0)] + T3(0)
= (aam3 — D)t + [m3(Aa(1) — azt) —m3(S3(73(1)) — u373(1))]
+[t =T3(1)] = Zo(1) + In(1)
(d) p1 = a1my + aamy, p2 = axm3. We assume that p; < 1
(e) We assume that Q" (0) = 0, and the arrival and service processes are
obtained from the same sequence of i.i.d. interarriaval and service times,

differentiated only by their scaling (using different rates) of the parameters.
We define fluid scaling of z(¢) by z(r) = %z(Nt). Then, by the FSLLN, as
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N — oo, u.0.c. a.s. we get the fluid limits:

T1(t) =vipit, Ta(t) =vapit, T3(t) = pat,

Tk =vi(1 = ps))t, k=1,2,3,

Qi (1) = (a1 —vip)*t, Q1) = (@2 —vaun)*t,  Q3(1) = (vapa — p3)*1,

Zi(0) = (a1 + e = vip —vapa)*t, Zo(t) = (2 —pa)*t, I;(1) =(1-p)t, i=1,2.
Here we assumed that the policy is work conserving, and that the system is
made rate stable, so we follow the nominal rates. In particular, by p; < 1,
since we start from Q(0) = 0, we have Qi (¢) =0, k = 1,2,3, Z;(t) =
0,i=1,2.
(f) The system will be in balanced heavy traffic if N(1—p;) is of moderate size
for some large N. In that case the scaled netputs, - X (N?f) and ﬁZ (N?1),

can be approximated by Brownian motions X iv n,Z fv (7).

N 1/2

Xi(t) = 011 + (al(ci’l + ci’l)) BM(t)

N 1/2

Xo(t) = 021 + (az(cz’z + cﬁ,z)) BM(t)

N 1/2

X3(t) = (63 — )1 + (arz(cz’z + c§,3)) BM(1).

N 1/2
Z1(t) = (m101 + m02)t + (m%al (ci’1 + cil) + m%cxz(ciz + C?,z)) BM (t).

. 12
Z0(t) = m3031 + m3 (az(ci’z + c§’3)) BM ().

where we define:
01 = N(ay —vip1), 602=N(az—vau2), 03=N(vouz—v3us),

The renewal processes A; Sk, counting arrivals and service completions

at rates a; p, with interval c.o.v. ¢,; and ¢, . Then, because Tr(t) —

vit, k = 1,2, wehave that 3 (Sk (Tx (N?1))— i Te (N*1)) = (uxc? ) BM (vit) =p
(Vkﬂkcg’k)l/zBM(t)'

(g) For Q(r) we obtained the drifts already. The covariances are:

al(ci,l + cﬁ’l) 0 0
= 0 cxz(ci’z -;ci’z) _32C?’22
0 —aaCy , az(cs‘2 + cs‘3)

Forz(t) the drifts are: m 01 +my0, = N(1—p;) and m360,+60, = N(1—-p3).
The covariances are MT' M7 t:
2 2 2 2 2 2 2
miai (cu’1 + cs’l) + mzzarz(cu’2 + cs’z) 2m2m32a20u’22
mam3aac, , m3a/2(ca,2 + Cs,3)
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16.12 Formulate the BCP of the general criss-cross network in heavy traffic, and
solve it for general parameters, a;,i = 1,2, ux, k = 1,2,3 and cost coef-
ficients hx, k = 1,2,3. Note that there are several cases, according to the
parameters.

Solution
The general formulation is, find Qg, I; such that:

L T&
min TIEEOT‘/O ;thk(I)dt
st mQi(t) +maQa() = Z1()+ T 1(1), >0
m3Qa (1) + m3Qs(1) = Zo(t) + (1), t20
Q1) >0, J(0)=0, J non-decreasing >0
Qg non-anticipating with respect to X (@)

and for given I, (1), 7 2(t), we can solve it separately for each ¢, find Qr:

3
min V = Z hk@k
k=1

S.t. m1@1 +MQ@2 = Wl,
m3@2 + m3(§3 = Wz,
Q >0,

It is useful to look at the dual problem, find yi, y :

2
max V = Z(W,-yi,
i=1
s.t. myy; < hy,
may1 +m3y2 < hy,

m3y2 < hs.

The following figure illustrates the possible extreme point solutions for the
dual,

The solutions for the dual are:

Case I: If iy ﬁ—: + h3 < hp, then y; = ,’7’1—‘], Vo = ,’7’1—1, and the primal solution

is: @1 = (Z—l‘ @2 =0, @3 = q,g—; The interpretation of this is that we
always give priority to class 2 at station 1, so it is always almost empty,
and customers are mainly kept in class 1 and class 3.

CaseII: If iy Z—? + h3 > hy, there are two extreme points, corresponding to
the solutions:

Case Ila:

(ylyy2)=(_2__39_3)s (Q]aQZsQ3)=(0a_1a_2__l)v
my mp m3 my mj3 my
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\

N
and objective value:
Va —Wl(— - —) W2—3
Case IIb:
hy him ANoA A W, Wamy W
Gy = (AL 22 _Ium, g 0y ) = (2 D2 W
mip ms3 mjpms nmi ms3 mp msjs
and objective value:
hy m
Vi —Wl— Wz(— - —L22y)
nmip ms
We will have:
W, W
Vb—Vu = (h1—+h3—h2) (—1——2)
my ms
because h1 2 + hy — hy > 0, we have that Vj, >V, < Wy

> —2 which
is exactly the case that IIb is feasible, and V,, >V}, — W,

e > —L Wthh
3 my ’
is exactly the case that Ila is feasible.
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The solution for case II is then:

X X X o R .
R Wy, W R W, W ~ (W W
Q) =—2v—, alzﬂ(—l__z), Q3:(_2__1)’
ms3 m3 my \ mp m3 ms3 my
h s hy h - hy h . h
V= (wl—l + W (22 —1@)) v (44/1(—2 LE +W2_3)
mj m3  mpm3 my  mp m3
A A~ ~ ~ + A R +
w w
=h2( 2vw1)+hl@(w1 Wz) +h3((W2_ 1)
m3 ma my \ my ms3 m3 my

16.13 For the closed two station multi-class network show that to maximize

throughput one should use a work conserving policy.

Solution

Assume at time ¢ we can start job in buffer k, and instead we idle for a period
¢. Without loss of generality, assume that we count completion of circulations
at buffer k. Then starting the job earlier will in crease the circulation at its
completion, without interfering with anything else.

16.14 For the closed two station multi-class network, write down the dynamics,
center and scale all components and derive a decomposition with a netput
process and control processes. Derive the drift and covariance matrix of the
limiting Brownian netput process.

Solution
For buffer £ we have:

K
Qi (1) = Qi (0) = Sk (Tk (1) + Z R,k (S1(7i(1)))
=1

K
= [Qk(o) — (k- Zpl,k,uz)t — (Sk (T (1)) — i Tx (1))

=1

- 3 (Rik (Si(T1(1)) — prxSi(Ti(1))) + i (PrxSI(T(0)) = pramuTi(1))
I=1 . =1
+ e (var = T (1)) — Z prip (vit = Ti(1))
xeRTW
The drift vector for X () is N Rv and the variance covariance matrix is given

by:
K
Y= Z [VitkPi, (671 = Pit) + vk o g Rj kR k]
k=1
16.15 Prove that if the stochastic transition matrix P is irreducible, then the matrix

P\ has spectral radius < 1 so that I — P{ x s invertible.
Solution
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Consider P a K X K irreducible stochastic matrix, P\x the matrix with last
row replaced by 0’s, p. xk = (pk.1,--., Pk k)" the last row of P, transposed.
Let 7 be the stationary distribution of the transition probability matrix P, so
that 7P = x. Then:

aP\k = (T =K P1.Ks---»AK — TKPK.K>»
or:
(]—P{K)JTT =KD K-

In other words, 7" solve the traffic equation for the network without node K
with input rates proportional to p. k. This shows that I — P{ x is invertible,
and hence P\ has spectral radius < 1.

16.16 Show that (Y, Y?7) is proportional to (p1, p2).
Solution
Since Y; is the amount of work at machine i for a complete circulation
of a customer, which we calculated starting at the exit from buffer K, it
obviously should be proportional to the traffic intensity. We now go through
a calculation to show that this is indeed the case.
Recall that 7 is the probability vector solving Pz = &, and 8 solves RS = 0,
so (I — P")diag(w)B = 0 so we can take diag(u)B = 7 or Bx = mxmy, and we
then define p = CB where we adjust 8 so that max(p1, p2) = 1. In summary:

p =CB o« Cdiag(m)n

Recall the definition of P\g as the matrix P with the last row replaced by
PK .1
zeroes, and denote px =

PK.K
Y = Mpk = CR pg = Cdiag(m)(I - P\x) ' pk.

so we need to show that (1 — P{ K)" Pk is proportional to 7
This will follow from showing that px is proportional to (1 — P{ PLe
We note that

T — 7K PK,1

. T2 —TTK PK,2
P\Kn: . =T —TKPK>

TK —TKPK,K

and so (I — P{ ¥ )7 = mk pk as required. This completes the proof.

16.17 For the closed two station multi-class network, use the results of Section
7.4 to obtain the stationary distribution of the Brownian workload imbalance
W A(#), when using the optimal policy, and find the stationary rate of idling
at the two stations.
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Solution

We need first to find the drift and variance of the Brownian motion that
drives the work imbalance, and we then use (7.19) to obtain the stationary
distribution of the work imbalance and the averaged reflection controls.

To calculate the drift and variance of the Brownian motion that drives the
work imbalance we start with

K
Xi(1) = Qi(0) = Sk(Tk (1) + ) Rux(Si(Ti (1),
=1

We scale the queue, as Q(r) = Q(N*1)/N, where N is the total number in the
closed network, and assume that the scaled X (¢) is close to a Brownian mo-
tion. We treat it as a K-dimensional Brownian motion. Recall the definitions of
B, p, v. By the scaling, the drift of Xz (7) is 0x = —N (viux —leil PLEVIHI),
and using vi = Brps(k) and RB = 0 we have that the drift of X is:

0 =-NRv, of mderate size.

We now calculate the variance covariance matrix I" of X, using the fact that
in balanced heavy traffic, T () ~ vit. The calculation follows, similar to
the proof of Theorem 9.4:

K K
B[Sk = 2 Rk (S 00| S ()] = Sktvkn) = Y kS 050,
J=1 j=1
K K
Var Sk k0 = Y\ R x(S; |0 = D S5 051p k(1= k),
J=1 Jj=1
K K
Cov[ Sk = Y Ry (S; (050, Sit) = " Rja(S(vin)[S (1)
= =1
K
=- Z SiviDpjkpiji,
=
and from this we obtain (using Var(B) = Var(E(B|A)) + E(Var(B|A))):

K
Tk = Var[Sk(vkt) - Z Rj,k(sj(vjt))]
=1

k
= [/JkaC?,k(l - pri) + Zﬂjvjcijpi,k + Zﬂjvjpj,k(l - Pkt
ik =
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To get the covariance, we first calculate

K K
Cov[Skan) = D" pikSi 00, S0t = 3 1S (1)

J=1 J=1

K
= [ - ﬂkaCf,kPk,l - #lvlcilpt,k + Z ,UjVjcz,ij,kPj,l]T,
j=1
from which we obtain, for k # [, (using Cov(B, C) = Cov(E(B|A),E(C|A))+
E(Cov(B, C|A))):
K K
Tiy = COV[Sk(ka) = D RS (i), Siwit) - Z‘Rj,l(Sj(le))]
j=1

Jj=1
K
2 2 2
= _[,UkaCS’kPk,l +HUvVICS 1 PLE T Z wivi(l- Cs,k)Pj,kPj,l]L
j=1

The workload for the two machines, for eace circulation that starts with exit
from buffer K, is then
W(t) = MQ(r) = CR™Q(r), and Z (1) = MX (1) is the workload netput

We now have the Workload process,

W(r)=Z (1) + MR (¢)
= Z (1) + Cdiag(m) (I = P{, )™ (I - P{,))diag(u) J (1)
PK .1
-M g Ik (1)
PK.K
=Z(1+CI 1) - Yn()
=Z)+1(1)-Yn@),

were 7 (¢) is the two dimensional idling process, Y the workload per circula-
tion at the two machines, and n the balancing control.

The 2-dimensional Brownian motion Z (t) has drift NMRv, and variance
matrix MT M.

We then define a scalar workload imbalance process wW Al) = pz‘ﬂ/ 1(t) —
p1 W (1), with Brownian netput to the work imbalance, Za(t) = p2Z1(0) -
01Z>(1). The one-dimensional Brownian motion Z(7) has drift and vari-
ance:

m= Za()drift = —[p2 ;—pl]MRvN = N(p; — p2),

0'2 = ZA(t) Variance = [p2 >_p1]MrMT [ ,0; ] )
—P1
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To show the final expression for the drift the calculation is:
MRvN = NCR™ [(1 ~ Pl )diag(u)v - pK/JKVK]

= NCdiag(m) (I - P )™ (I - Pl )diag(u)v — NMpk g vk
=NCv - NYugvg

1
but,Cv:[1 P

The process "ﬂ/([) is controlled between two barriers: b = 61 > -+ > dx = a
where 0 = paM| x — p1 M2 k. We write:

Wa(0) = Za(0) +R(1) =0).

a<Wat)<b, 0<i<T,

],andYoc

], and the expression for the drift follows.

and we can now obtain the "rate" of control which is the long term average of
the cumulative control, and the distribution of Zx (¢) in therangea <y < b,

from (7.19):
o?/2(b - a) a?/2(b - a)
lim R/t = m limy oVt = m
e2m(b—a)/o? _ q 1 — e—2m(b-a)/o?
G-afb-a)

AmP(Z(@) <) =1 ome-a)fo? _ '
e -1 m#0
mib-a)/o? _ |

We can now retrieve the idling rates

I =RW/p2.  T2t)="0)/p1.

16.18 Analyze the closed two station queueing network as a Kelly network under
a symmetric policy, and find the distribution of the stationary queue lengths
and the expected circulation time.

Solution

I do not see an easy way to calculate the circulation time. What I can say is:
In Exercise [@, we obtained the stationary distribution for such a network
with Poisson arrivals. Since a Kelly-type network satisfies partial balance,
the closed network has the same stationary probabilities as the open one,
with a different normalizing constant, and a truncated set of states. So the
stationary distribution is:

N—I‘Ll

P(node i has n; customers, i = 1,2) = Bpi“,o2

To see ny custmers of type k = 1,. .., K we have, subject to total N:

K
P(l’l],...,nk) ZBl_[,BZk.
k=1
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16.19 For the closed Kumar-Seidman Rybko-Stolyar two station network, de-
scribed in Figure[16.1] with N customers and feed back to the top or bottom
route with probabilities @, 1 — @, perform all the steps of the analysis, to reach

p——y ey [ —

Figure 16.1 A closed KSRS network, with N customers

the BCP and solve it.
Solution

We take K = 4 as the exit buffer, so:

= %[a;a;l—a;l—a], B = [aml;amz;(l —a)ms; (1 —a)m4]

and the system is in balanced heavy traffic if:

If we take @ = % and p| = py = 1, there is no drift in the netput

of the workload imbalance process.



Exercises 169

Hi —apis 0 —as
- 0 0
R=(I-P)diag(p) =| X H2 :
I=Podag) =1 0" 1oy w -(1-a)pu
0 0 -3 M4
01 0 0 @
P = a 0 1l-a O 0
W=l 0 o 1|0 PPTli-ae
00 0 0 0
e e 0 0
m m g

R™ = diag(m)(I - P\K)_1

my myg Mg My

my+my (1-a) mya+my (1-a)
M=CR = 1 00 I]R‘: e o my My
my+ms(1-a my+ms(l-a
01 10 L i m3 0
MoMy—niyms Moy —n N3
mp + prrv— = my mgy
mymy—mym mymy—mym
mo + Zm;m: 2 my+ zmi—m: 2 m3 O

We can now obtain the optimal strategy for the BCP: Since p; = p; = 1,
the workload imbalance is W = ‘W — W5, and for the 4 buffers we have
My — Mo k:

(61)izy = [m1—mo 3 —=ma s ma —m3 5 ma).
Clearly,
b= max(ék) = (54 = my, a= min(ék) = 52 =-mj.

The optimal policy is to give lowest priority to buffer 4 at machine 1, and
buffer 2 at machine 2 and idle only when a machine has 0 customers..

It is quite clear that by doing so, we make sure that machines will not be
starved: we give priority to buffer 1 that feeds machine 2 and to buffer 3 that
feeds machine 1.

Note that this system is similar to the push-pull system of Chapter 13, but the
optimal policy here is the opposite of that for the push pull, where we give
priority to buffers 2 and 4, unless starvation is threatened.

16.20 For the open two station network with admission controls, follow the steps
necessary to derive the formulation of the work imbalance BCP (16.29).
Solution
In this problem we wish to schedule service at the two stations, and control
the input to have rate of at least @ We then have flows 1 = (I — P") ! pya,
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with individual per buffer offered load of Bx = Ax/uk, and p; = Yy ec, Bk
(i.e. p = Cp). We also have nominal flows vi = Bi/ps(k)-
We have found from (16.25)-(16.27) that

Q1) = X(1) + RJ (1) — pon (1),

where 7 (t) are the free time controls vz — 7 (¢), n(¢) is the admission control
at — A(t), and the netput X (¢) has drift and variance given by 6, I'. In order
to achive input at rate > @ we need to idle each of the two stations for no
more than a fraction 1 — p; of the time, i.e.

lim A(T)/T > & < lim L(T)/T < 1-pi.

We now approximate the scaled X (n2¢) /N by a Brownian motion X (7), with
drift N6 and variance matrix I', and our balanced heavy traffic assumption is
that N(1 — p) and hence also N6 is of moderate size. With the same scaling
we now have the approximation

Q1) = X (1) + RT (1) - poii(2),

and our Brownian control problem is: For Brownian motion X(t) find
Q(1), J (1),7(t) such that:

T K
min listipoo %E[‘/o ;hk@k(t)dt]
st. Q1) =X (1) + RF (1) — poiy(1)

T = Z T,

keC;
N DA
Jim —E(L(T)) < N(1 - p2),
Qi (1) >0, 1(0),5(0),7(0) =0, I non-decreasing,
Q. 1,7, 7 are non-anticipating w.r.t. X (1).
We now derive the workload formulation:

W(r) = MQ(1) = CR™'Q(r) = Cdiag(m)(I - PT1)™'Q(¢r)

which is the expected amount of work at the two stations, for the current
queues. We let Z (t) = MX(t), which is then a Brownian motion with drift
N(p — 1) and variance M'T'M.

We then have the workload formulations: For a given Brownian motion z (1)
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find Q(1), 7 (1), A(1) such that:

o L TG, 4
min hstE}t; TE[/O gthk(t)dt]

s.t. W) = MQ(1),
W) =Z 1)+ (1) - YA@)

R QN
Jim —E(L(T)) < N(1 - p2),
Q1) =0, 1(0),7(0)=0, I non-decreasing,
Q, I, % are non-anticipating w.r.t. X (7).

We claim that any policy that there is a one-to-one correspondence between
policies feasible for the X (r) problem and for the Z(1) = M&X() problem.
Clearly given Q, . , 7 feasible for the X (¢) problem, Q, 7; = YkeC; T r.his
feasible for the Z (1) problem, and vice versa, if @, 7 ,7j are feasible for the
Z() problem we retrieve J = R~ (Q(1) - X(1). So all we need is to solve
the workload formulation.
We now define workload imbalance: W A= p{W 1 - pl(W 2, and similarly:
ZA = pzzl - plzz. ZA is a scalar Brownian motion with drift N(p» — p1,
and variance p"M'T'M p. With this the workload imbalance formulation is
(19.29).
The workload and the workload imbalance problems are equivalent, since
we can retrieve 7 from W = MQ and = %(Zi +f,~ - ’Wi).

16.21 For the open two station network with admission controls, show that §; >

0> ok.
Solution
‘We have:
PlL | _ ~4: -1, = _ =
[ o ] = Cdiag(m)(I — P")" " po@ = M poa,
2
hence,
_ . Pl | _ .
0="[p2; p1] [ ] = [p2; —p1]Mpo
P2
or:
K
Z(P2M1,k = p1Ma 1) po.k = 0.
k=1
po is a probability vector, assume first that pox > 0, k = 1,...,K. Then

either for all k poM| x — p1Mpx = 0, or else at least for one k', po M/ j» —
P1M> - > 0, and for another k”, P2My g — p1 Mo g < 0.

Note that M; ; do not depend on the values of the pg . Sonce for the
given @, p;1 < 1 and p» < 1 we can define a new probability vector. po
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with pox = pox + €, such that pox > 0,k = 1,...,K and still the
new system has p; < 1, g» < 1, and for this system we can deduce that
either po M)  — p1My . = O for all k, or else we must have maxy 6x > 0,
ming 6 < 0.

16.22 For the open two station network with admission controls, analyze the cases
when ;1 =0 > 0k, 61 > 0 =9k, and 61 = dx = 0. When can that happen?
Solution
We have answered this question in the solution of the previous exercise[16.21.

16.23 Analyze the two station queueing network with admission control as a Kelly
network. Assume Poisson arrivals with rate @, and find the stationary distri-
bution of the queue lengths and the expected waiting times.

Solution

We now assume independent Poisson arrivals of rates ax = @po k., so arrival
rates of customers of class k are 1 = (I — PT)"'a, and the offered load of
class k is B = diag(m)A = R™'a, with p; = Ykec; Bk

If we treat all customers in each station without paying attention to their
class, and use a symmetric policy, e.g. PS of LCFS-premeptive, then this is
a Kelly-type network, and the stationary distribution is given by (see Section
(8.7):

P(node i has n; customers, i = 1,2) = H (1- pi)p:.li
i=1,2

and each customer at a node is type k with probability Sy /pg (k-

We also have by the arrival theorem (see Section 8.4) that customers that
arrive see time average, so they will see the stationary M/M/1 number of
customers at the node.

Furthermore, a customer at a node i that will have expected sojourn x/(1—p;)
since the policy is a symmetric policy (see Section 3.7). So average sojourn
of a class k customer is 6 = my /(1 — pg(x)) per visit. Since route and
processing are independent, we can add up sojourn expectations over the
random stages of the route. We obtain the vector of expected sojourn times
for customers of the various types (see Section 8.5) as: W = (I — P)~'6.
The overall average is Zszl (ax /@)Wy

16.24 For the open two station network with admission controls, prove equation
(16.33) in Proposition 16.2 [Wein|(1990)].

Solution
The details of the proof appear in|Wein|(1990).

16.25 For the open Kumar-Seidman Rybko-Stolyar two station network, described
in Section 10.2.3, with arrival rates ay, @, to the top and bottom routes
respectively, perform all the steps of the analysis, to reach the BCP and solve
it.

Solution
We start with the queue lengths process Q(#) and its netput X (¢). Parameters
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= _ = _ = _ 2 _ 2,2 5 _
are @ = @1 + @2, po,1 = @1/@, pop = @f /@, mi =1/, cg; = oip;, i =
1,2,3,4.
@mg
aym] aymi+azmy
Ny
= aymy o= aymy + azmy y=| @mram
- - 9 - M
axms aymy + azms st
@3my St
my+azmy
01 0 0 m 0 0 0
P 0 0 0 O R = my my O 0
00 0 1| 0 0 ms O
0 0 0 O 0 0 my my
Then the netput X (¢) has drift:
(Y]
cnm1+a/qm4
(Zl )
aqm|+a/;m4 mm2+a/2m;
az - aqmo+a/2m;
aqmz+(12m-4 - a/lm1+a/zm4

and variance I'g + Z‘}:] I'; with

apo1(1-po1) 0  —apoipo2 O
0 0 0 0
Iy = _ _ I'; see (16.27).
0 —apo,1po2 0 apo2(l—-po2) O j see )
0 0 0 0

The scaled process is X (1) = X(N%¢)/N which in balanced heavy traffic is
approximately a Brownian process, with drift N6 and variance I". We treat is
as a Brownian process and have the Brownian control problem.

The workload formulation has W =M @(t), Z (1) = MX () where

nmi 0 my

ms3 0

M=CR = "4
my

ny
and the work imbalance is then ‘WA = pz(ﬂ/l - p{W » driven by the Brownian
motion Za = p2Z1 — p1 2.

The drift of Zxism = N (p2 — p1. The variance sigma? is calculated from
p,M,T.

From the values of these expressions it is now straightforward to calculate the
optimal range of imbalance, and the boundaries of the cone of ((‘;V 1 W 2)
outside of which customers are admitted.

16.26 Provide an argument to show that if 7 (¢) is given, then the LP (10.37) and

its dual (10.39) are bounded and feasible.
Solution
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Clearly the dual is feasible because & are positive, and so yi(¢) = 0 is a
feasible solution.

To see that the primal is feasible consider the constraints of the workload
formulation, rather than the workload imbalances formulation:

K
Z M; 1 Qi (1) = Wi(n),
p=s

Q@) > 0.

Here the r.h.s. is positive as are the coefficients M; ;. Choose one buffer
k; € C; for each machine, and take the solution @ki(t) = ‘QV[(I)/M[,;Q, i=
1,...,1,and all other @k () = 0. This is a feasible solution, and clearly, these
values of @(z) are feasible for the workload imbalance formulation, (19.37).
16.27 For the multistation network with admission control, show that the objective
function H(W (1)) is convex [Wein|(1992)].
Solution
Consider the dual problem (19.39), and its solution as a function of the
objective coefficients wW Ai-
For each vector of W A,i there is an optimal basic solution that maximizes
the objective. Consider then the finite collection of all the feasible basic
solutions. For each feasible basic solution, the value of the objective is a
linear function of ‘W, The optimal objective is the maximum of these linear
functions of W A, but a maximum of linear functions is a convex continuous
piecewise linear function.
16.28 For the multistation network with admission control, show that the boundary
forms a prism parallel to (p1, ..., pr) [Wein|(1990)].
Solution
The solution of the singular control problem (16.42) defines a bounded region
in R/~ that includes the origin, in which the / — 1 dimensional transformed
workload imbalance (WZ can move, and the singular controls I’ () keep the
workload imbalance in this region. This region corresponds to a region in
which the original (untransformed) workload imbalance WA moves, and it
is kept this region by the singular controls 1 (1), denote this region in R/~!
by G. G is quite close to the transformed region, because all p; are close to
1, it is bounded, and it contains the origin. Consider now the / dimensional
process, W (). If W; (1) = y, then ‘WAJ-(t) = prWi(t) = piv, i # 1, s0
that

. 1 . ;
W) = —Wai()+ 2Ly
pI pI

So the I dimensional region in R in which w (¢) moves is a prism lifting
G /py in the direction parallel to p.

16.29 (*) Analyze the control of a closed MCQN with 7 workstations, in analogy
with Sections 16.4 and 16.6.
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Solution

This is as far as I know an open problem. Here are some thoughts on it.

The workload imbalance formulation of the problem is: For an / — 1 dimen-
sional Brownian motion Z  (r) with known drift and variance, find Q(¢) and
7(1) to solve

1-1
I | A
min TIEEOT El I,(T)
iz

K
sit. Wy = Z(pIMi,k — piMy 1) Qx (1),
=1

Win() = Zia() +prLi(t) - pil (1),

1'Q() =1, Q1) =0, 1;0)=0,1; non-decreasing,

Q(1), I (1) non-anticipating w.r.t. Za.
Clearly, since each control 7 ; affects only one the machines, we should idle
only when the workload at a machine is 0.

Next we want to minimize the imbalance between the machines. A heuristic
for this is to solve at each moment ¢ the problem:

-1
min Z(\;Vi(t)z
i=1
K
sit. W= Z(pIMi,k —piMy 1 )Qi (1),
=1

K
Wia(t) = ) MixQu(1),
k=1

K
Z@k(t) =1, Q@) >o.
k=1
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17.1

17.2

MCQN with Discretionary Routing

Exercises

Derive the factor three saving for the two station model with criss cross
customers and routing, over a random routing FCFS scheduling. Assume
Poisson arrivals and exponential service.

Solution

For random allocation of type A to the two stations and FCFS at each station,
station 1 will experience Poisson arrivals at rate 24, station 2 will have
arrivals of type A as Poisson of rate 4, and an independent Poisson stream of
customers of rate A that exit from station 1. So each station acts as an M/M/1
queue with arrival rate (3/2)A1 and service rate u. Sojourn time at each queue
is then m, and half the customers wait only once, the other half waits
at both queues, so in total, average sojourn is:

1 1 o1 2 3
2u—B/2)A 2u—-(3/2)A  2u-31

For the optimized system in heavy traffic, both servers will work all the time,
and there will be no queue of type B customers between stations 1 and 2. So
it will behave like a single system (state space collapse) with Poisson arrivals
of rate 31 and exponential service of rate 2u with expected sojourn time
2,u+3/1' To be exact, we control the queue between the stations to be short, and
service of 2 exponential servers in heavy traffic is the same as single server
with sum of the rates. So sojourn time is

1
- 2u -3

for a saving factor of 3.

For the two station model with criss cross customers and routing, repeat
the Brownian problem formulation and solution for general parameters,
AA, 4B, 115 U2

Solution

For stability we need to have: p = % < 1, and also Ap < p; and
Ap < pp. in heavy traffic we assume N (1 — p) is of mederate size for large

176
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N, so p =~ 1. We equate the load on the two machines by directing in the long
run a fraction 6 of type A customers to machine 1, so that 6 = ’%. We
could use any p1, o2 < 1 with N(p; — p) of moderate size, but the choice of
p1 = p2 = p will result in a drift of zero in the final analysis.

So we have:

Bi=Ap/u1, Pr=Ap/u2, P3=p—A/p1, Pa=p—Ap/u2,

and we have nominal allocations v = B¢ /p.

Our controls for this system are the time allocations, 7 (¢) to processing
buffer k, and the admissions A (¢) for the discretionary buffers, k = 3,4,
where A3(t) + As(t) = Aa(r), and the nominal rates of admissions are
a3 = 04, ag = (1 -0)A. We then have the deviations from nominal admission
rates, Vi (¢) = axt — Ar(t), k = 3,4, and free times Ji (¢) = vit — Tr (),
which embody our controls.

We scale the system: Q(f) = Q(N%r)/N, and approximate the netput by a
Brownian motion, and obtain for the Brownian approximation the Brownian
control problem:

1 LN
min lim sup —E[/ E Qi (t)dt ]
0 k=1

T —o0 T
st. Q) =X +RIT (1) -GV (), t>0.
In=cy@w), HV@)=0, t>0.
Q@) >0, 7(0)=0, 7 non-decreasing, >0,
Q, T,V are non-anticipating with respect to X (1),

where the controls 7 (¢) are the buffer free times J () = —v Ui with

g 0 0 O
1 phya |- o2 0 O {0 0 10
R= (=gl = | H 00, G—[O oo
0 0 0 wm
1 01 0
C‘[o 1 0 1]’ H=[1-1]
m 0 0 O
1 _ | m my 0 0 1 | M1 0 om0
R=10 o m o | M=CR _[mz my 0 m
0O 0 0 m
Workloads are given by

Wy =mam=| ™ ° m 0

my my 0 myp
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Similar to Chapter 15, routing pools the resources of the two stations in the
system. We therefore look at the sum of the workloads,

Wy, = [m1 +my; my; my; mz]@(t)

The pooled workload control problem is to find Q, 7 such that:

T —oo T

T 4
min lim sup lJE[ / Zé)k(t)dt]
0 =

st ((my+m2)Q1 (1) + maQa(t) + miQs(t) + maQu(t)) = Wa(t),
Wa () = Z(t)+ 11(0) + (),
é(t) >0, j(O) =0, 1 non-decreasing, ¢ >0,
Q(1), 1 (1) are non-anticipating with respect to Z(¢).

So clearly, inventory should be kept in buffer 1, at station 1 we give priority
to buffer 1 over 2, and we keep station 2 by means of the control V(). We
idle when both buffers are empty.

In summary, the optima Brownian control policy is the same as for the case
where 1 = up, and A4 = Ap.

17.3  For the two station model with criss cross customers and routing, perform the
Brownian problem formulation and solution for general parameters, 14, Ap
and individual processing rates, ux, k = 1,2, 3, 4.

Solution

There is not much different about this system for Exercise Once it is
in balanced heavy traffic, the calculations of workload at each station, and of
Wy are as before, and the optimal Brownian policy is the same. The only
question is when is it in balanced heavy traffic, and to find this we solve
the static planning problem. Assume there are a rewards of w 4, wp for unit
items of type A, B. Then:

max waA@ap3+waaa4+wWpap
vV,

w0 0 0 .
—H1 M2 0 0 _ 0
s.t. 0 0 u 0 y = ans
0 0 0 wm A4
1 01 O
o1 0 1)<t
a,v=>0

For properly chosen w 4, w g this will have a solution in which both servers are
fully utilized, and both a 4, @p are positive, and if we choose p < 1 such that
forlarge N we have N (1—p) of moderate size and take (14, 1p) = p(aa, @),
then the system will be in balanced heavy traffic.
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17.4 For the network of Laws and Louth, derive the formulation of the BCP,

17.5

equation (17.2).

Solution

There is little to say in this exercise. The matrix R is 8 X 8 and composed of
4 blocks reflecting transitions from entry to exit buffers:

R= [ Isxa  O4xa ]
—lys  Iaxa
The matrix G reflects input to the four entry buffers,
I4xa ]
G =
[ O4xa

The matrix C is the resource consumption matrix,

1 1.0 0 0 0 0O
C:OOOIIOOO
001 0O0T1O0O0
000 0 O0O0T11

and the matrix H embodies the constraint that the sum of deviations from the
nominal inputs for two horizontal buffers and for the two vertical buffers is
0,

In the pooled workload processes, ‘W) .4 includes all the work for workstation
1, which includes buffers 1,2, and for station 4 which includes what is cur-
rently in 7,8, and also what is currently in buffers 3,4, that will feed into 7,8.
Similarly, ‘W5,3 includes work for workstation 2, which is what is currently
in buffers 4,5 and also what is currently in buffer 1 and will feed into buffer
5, and work for work station 3, which includes what is currently in buffers
3,6, and also what is currently in buffer 2 and will feed into buffer 6. so:

| Wi | _ |1 1110 0 1 1|4
WP‘[W2+3 =Ml 11111 0 o Y0
For the network of Laws and Louth, obtain the drift and variance of X (¢) and
of Z (7).
Solution

For simplicity we assume that both input streams have the same c.o.v. ¢,
and the four service processes have the same c.o.v. c;.
We rewrite

K
Q1) = AW - Y FI(T;(0)),
j=1

J
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where Ay (1) is the controlled (routed) input to buffer k, and F ’ (t) is the
controlled flow due to completions of service at buffer j, so that F ]{ (75 (1) =
{ S, (77 (1)) k=j

Rik(Si(Tj(1) k#j
We then have, for the scaled process, Q(r) = Q(N?1)/N, that a fraction 1/2
of the input goes to each route, and that v (1) = pgy = ﬁ, k=1,3,5,7,
vi(t) = py = #, k =2,4,6,8. For the total system in balanced heavy
traffic, we have that N(24y + 2dy — 4u) for large N is of moderate size.
Accordingly, the drift for X (¢) i.e. for Q (r) when positive, is:

N(3dy - pup) k=1,3,57

Drift of Xy (1) 6k = { N(3dv —pvu) k=2,4,6,8

For the variance matrix of X (¢), we calculate the unscaled covariances, which
are the same as the scaled covariances. We note that A, F/, 1,...,% are
independent, to get "' =14 + Zf: 1 Tri

Assume that arrivals are allocated randomly with probability 1/2 to each
route.

A (1+c2) 0 —IAn(1+c2) 0
0 v(1+c2) 0 v (1+c2)0
I (1+c%) 0 g (1+c2) 0
I = 0 v(1+c2) 0 —fv(1+c2)
0 0 0 0
0 0 0 0
0 0 0 0
0 0 0 0

The variances for F/ are calculated similarly, we write just the first:

vige2 0 0 0 —viuc2 0 0 0
0 0 0 O 0 0 0 0
0 0 0 O 0 0 0 0
o= 0 0 0 0 0 0 0 0
FI'Z 1 oy 0 0 0 +viuc 0 0 0
0 0 0 O 0 0 0 0
0 0 0 O 0 0 0 0
0 0 0 O 0 0 0 0]

or, more sucsicntly, the non-zero elements are:

(Tri)j.j = pupcs, (Tri)jjea = —pupcs, (Tri)ja; = —pupcs, (Tri)jss jsa = PHUCS,

(Tri)j.j = pvuc, (Tri)jjsa = —pypct, (Tpi)jwaj = —pyvpct, (Cpi)ja,jra = pypct,

(Tri)j.j = papct, =57,
(Tri)jj = pvuct, j=6,8.

S OO OO o oo

S OO O oo oo

SO OO oo oo

(= elel ool

j= 1a3’
Jj=2,4,
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We do not write down explicitly the sum of the 9 matrices in I'x = I'4 +
Zf:l |
In the pooled workload, we have (with m = i):

A o 11
Zw=m&o=m| | | |
For 2(t), it would at first glance appear that the drift of Z (t) is MOy and
the covariance should be MT x M7 but this is misleading. We note that

Wisa(t) = m(A (1) + A (1) + As(1) + As(1) — S1(T1(1)) — Sa(T1(1)))
Wris(1) = m(A;1(2) + Ax(1) + Az(1) + As(2) — S3(71 (1)) — Sa(T1(1)))

and we obtian immediately that:
Drift OfZ(l‘) 0144 = 6243 =Nm(/ly + Ay —2[1)
and the variance covariance matrix is:

= (/lH +/1v)6% + Zucz (/lH +/lv)6%
Z (ﬂH +/lv)Ci (/lH +ﬁv)Ci +2ﬂC§

Explain why the Brownian Laws and Louth network under optimal control
behaves exactly like the fork-join network, and explain why for the original
network the fork-join network provides a lower bound.

Solution

Consider the following fork-join system: There are two servers of service rate
2u each, these represent the combined servers 1+4 and the combined servers
2+3. Customers arrive at rate Ay + Ay, and each arrival sends a task to each
server, and the customer leaves when both tasks are complete. Let by, b, be
the queue lengths at the two servers. Then the number of customers in the
system that are waiting to be completed is b V bj.

But in the Laws and Louth system, under the optimal policy for the BCP,
the total number of customers in the system is also by V by, where by =
UW 144, by = uWass. So under balanced heavy traffic the fork-join system
approximates the behavior of the Lasw and Louth network.

It is a lower bound, since in reality, the fork join system will indeed achieve
b1V by, the 4 station system will not. So in the Brownian solution the servers
144 are pooled and servers 2+3 are pooled, and the two services of each
customer are performed in parallel rather than in series. The analogy to the
fork-join can be though of as if an arriving customer flips a coin and goes to
1+4 or to 2+3, and we clock the departure of the latest of the two.

In the network of Laws and Louth, assume Poisson arrivals and exponential
service times, and use the policy of random routing and FCFS. Analyze this
as a Jackson network, and find total expected number of customers in the
system, expected total workloads, and expected sojourn times.
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Solution

Under this regime, the network behaves like a feed forward network, and all
the flows of customers will be poisson. Then each of the stations will have
Poisson input at rate 4 = Ay + Ay, and will serve it with exponential service
of rate u, with p = 1/u. Hence, the distribution of the number of customers
at the stations, given by n1,...,nq is

4
P(ny,...,n4) = (1 —p)4l—[p"“.
i=1

Each customer will require two services, each distributed ~ Exp(u — 2). The
expected sojourn time of each customer will be ﬁ
(*) For the fork-join network that imitates that Laws and Louth network,
under Poisson arrivals and exponential service times, find estimates for ex-
pected number in system, total workload, and sojourn time. Compare it to
the uncontrolled Jackson network.
Solution
We have a fork-join with two -/M/1 service stations. Arrivals are at rate 24
service of each task is at rate 2u.
It has been shown by Nelson and Tantawi|(1988)) that for this fork-join system,
the expected sojourn time is
12-p . .
T = TTI, T1 = M/M/1 sojourn time.

. . . . 11 1
Hence, in heavy traffic, when p ~ 1, the sojourn time will be ~ T a1

The savings compared to random routing FCFS are by a factor of 32/11 =~ 3.
For the network of Laws and Louth, repeat the derivations when service rates
of the four stations are not all equal. Notice that there are some conditions
on the processing rates that are needed so that the resulting balanced heavy
traffic network will behave like the symmetric network.

Solution
Assume now that processing rates are y; at station 7, and that c.o.v. of arrivals
are ¢4 H,Cq,v and for service are ¢s;, i = 1,...,4. The new matrix R will

be (I — P")diag(u) where the elements 7,7 + 4 share the same y;. Input to
buffer k is ag, k =1...,4and ax =0, k =5,...,8. The static planning
problem is:

max wga)+wgasz+wyay +wyay

v,a

s.t. Rv=aq,
Cv <1,
a) + a3 = Ay,
) + a4 Zﬂv,

a,v >0
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A sufficient condition for balanced heavy traffic is:

Ag +Ag =+ ps = pup + us,
A < (1 +p3) A (p2 + pg),
Ay < (p1+p2) A (U3 + pa),

where the approximation is such that the difference time N is of moderate
size for large N.

Once this the system in in balanced heavy traffic, the Brownian control
problem is exactly the same as for the symmetric case (17.2), and for the
“workload formulation” it is convenient to take the number of customers
in the buffers of 1+4 and of 2+3, rather then workload, and thus define
(WW;, (Wz+3, and the Brownian motion 21+4, 22+3.

The drift and variance of Z are:

Drift of Z(f) 0144 = N(Ag+Ady —p1—mus), 6243 = N(Ag+dy —po—mus3)
and the variance covariance matrix is:

AH63H+Avczv+plc§|++p4c§4 /IHCZH+/1\/C(21V
Tz = ’ Apc? i +/lvc2’ ' Agc? +/lvcy2 +,u2c27 ++u3c?

a,H a,vV a,H a,V s,2 5,3
This is independent of the controls and the policy. The solution of the Brow-
nian control problem is therefore the same as for the symmetric problem.

17.10 (*) Formulate the control problem for the Laws and Louth network with
additional admission control, and required total input rate of A and describe
its optimal solution.

Solution This problem is open, to the best of my knowledge it has not been
discussed in the literature.

We now assume that A(7) is controlled, and each admitted customer will be
horizontal with probability py and vertical with probability py. We write
the queue dynamics for some of the buffers. For buffer 1,

Qi (1) = Q1(0) + M (1) - S1(71 (1))
=@+ (bpuit - pumn) - (S1(Ti () - mTi (1) |
+u(put = T1(1) = Spu (@t — A@) + (N (1) = Lpu A1)

= X1 (1) + i Fi (1) = span(@) + Vi),
Here the input to buffer 1 is totally controlled, we decide when to admit
a customer, and we then send it horizontally or vertically in deterministic
splitting according to pg, py . Once a customer is admitted to the horizontal
stream, we decide to route it to buffer 1 or to buffer 3. Hence in the netput

we include just the deterministic input to buffer 1, % pPHAL.
We then have 3 controls: 7 is the free time for processing at buffer 1, V) is
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the control for routing admitted customers to buffer 1, beyond the nominal
%, and n(¢) is the admission control.
The dynamics of buffers 2,3,4 are analogous. Similarly for buffer 5 (analo-
gously for buffers 6,7,8),

Qs(1) = Qs(0) + S1(71(1)) — Ss(T2(1))

= [Qs (0) + papuit — pruat

+HSUTH(0) = T (1)) = (S5(Ti (1) = paT5(1) |
—pi(put = Ti(1) + p2(put = I5(1)),
with free time controls i, Js.

We can now scale time by N> and space by N and write the approximately
Brownian dynamics as

Q@) = X(t) + RT (t) - GV (1) + DA (1),

where DT = [%py S3PV 3 3PH 5 5Pv 305035050].
The Brownian control problem is

1 rd.,
min lim sup —E[ / ZQk(t)dt],
0 =1

T —o0 T

st. Q) =X() +RT (1) + GV (1) + DA(¢),

In=cjm, HV@=0,
1
lim =E(A(T)) > &
Jim —E(AT)) 2 a,
é(t) >0, j(O) =0, 1 non-decreasing,
é, J.V, 7 are non-anticipating with respect to X (1).
This leads to the pooled workload formulation at the cut defined by stations

144 and 2+3, with (note, we call this workload, but in fact it is the pooled
number of customers)

w 1 11100
(WP= l+4]=[ L

Wais 11 1 1

1 1

0 0 ]Q(r) =MQ(1).

and with the two dimensional Brownian motion Z (f) = MX (1), where:
Drift of Z(f) 0144 = 6243 = N(@ - 2p),

0 2uc?

S

2
Variance of Z(t) T'z = [ 2ucs 0 ]

The pooled workload Brownian control problen is: For Z (¢) find Q, 7, V., 7
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such that

1 T,
V =min lim sup —E[/ > Qunar],
0 =1

T —o0 T
st. Wp=MQ(>1),
(Wl,4(f) =Zi(t) + T1(0) + T4(1) +7i(2),
Wa3(1) = Zo(t) + To(t) + I3(1) +7(2),

Jim LE(7(T) + Z4(T)) < N(1 - p),

Jim LE(B(T) + (7)) < N(1 - p),

é?(t) >0, j'(O) =0, 7 non-decreasing, ¢ > 0,
@, 7 , 7, are non-anticipating with respect to Z (1),

with p = a/u

In the original problem we were given X and wished to solve for Q, 7, V. 7.
We now defined Z to solve for é, 7 ,77. We claim that any solution of the
workload formulation, i.e. given X , and a solution @, 7 , 7} for the workload
formulation, we can retrieve ﬁ s P. They should come from the equations:

RT+GV=Q-X-Dj,
cy=1,
which have unique solution, since the ranks of the coefficients matrix without

or with the added column of the r.h.s. agree and are 10.
We now note that given the pooled workloads the optimal solution will be:

V=WV Was,
@1 +é)2 +é3 +é4 = (W1+4 /\(W2+3
Qs+ Qs = (Wisg —Wa3)™, Qr+Qs= (Wi —Was)'.

Similar to the control of the Laws and Louth network with uncontrolled
input, we would keep 0 inventory in one of the sets of buffers at all times, i.e.
Qs + Q¢ A Q7 + Qg = 0. But we now have an additional control, 7(7)
for admissions. Using the admissions control we can keep all the input
buffers, C:?k, k =1,2,3,4 empty while they still process customers. So all
the variability is concentrated in the otput buffers @k, k=5,6,7,8.

We now look at the pooled workload imbalance: w A= w 144 — W2+3. It
satisfies the following dynamics:

hWa = Za+ (L1(0) + 14(1)) = (Z2(2) + T5(1))

where the Brownian motion 2 A= 2 144 — Z 243 has drift m = 0 and variance
2 _ 4 2
o =4uc;.
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Our optimal policy then is: use 7 to keep the input buffers empty. Keep one of
the output buffer pairs Qs+Qs or Q7+ Qg empty, using the routing controls,
and the sequencing at server 1. Use idling so as to keep —a < W < awhere
a is determined so that each server is idle a fraction N(1 — p) of the time,
calculated from (7.19). Sequencing at servers 2 and 3 gives priority to output
buffers, sequencing at server 4 is FCFS.

17.11 For the cube network with three types of customers, formulate the BCP
and derive the optimal Brownian solution. Show the analogy to a fork-join
network.

Solution

In the cube network there are 8 servers, and there are 24 buffers, 3 for each
server. 12 of the buffers are input buffers, the other 12 are exit buffers.
Server 1 serves 3 entry buffers, servers 2,3,5 serve 2 entry buffers and 1 exit
buffer, servers 4,6,7 server 1 entry and 2 exit buffers, server 8 serves 3 exit
buffers.

We can number the buffers according to the route, (a,ij,i2), (b,i1,i2) for
entry and exit buffers of the route of servers iy, i>, with dynamics:

Qui 1) = | Qs (0) + (A = 1)1 = (83, (T () - T (1)
w1 = 75 (0) + (Vi (1) = 0,
Q1) = | @ (0) + (4,5 (0)) = W75, 1)) = (Si (T (1) — T, (1)

(31 =T () + w51 = T ().

We then scale and use a Gaussian approximation to get the Brownian control
problem:

1 TZ ,
min lim sup T]E['/O Z4Qk(t)dt],
k=1

T —co
st. Q) =X +RIT (1) +GV (1),

In=cgw, HV@=0

Q(r) >0, 1(0)=0, I non-decreasing,

Q. J,V are non-anticipating with respect to X (7).

Where R = u(I — PT7), G is identity matrix for the 12 entry buffers and O for
the exit buffers, C is the constituency matrix, and H has 3 rows, adding up
the 4 routing controls of each face.

We now note that each customer has to go through one of the servers S| =
(1,4,6,7), and also through one of the servers S» = (2,3, 5, 8). We define
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the pooled workloads (actually numbers of customers):

(Wsl = éa,l,Z + @a,1,3 + @a,1,5 + @a,2,4 + @a,z,s + @a,3,4
+éa,3,7 + é?a,4,8 + éa,5,6 + éa,5,7 + éa,(),S + éa,7,8
+@h,2,4 + éb,z,é + @h,3,4 + GA21b,3,7 + @b,s,() + @b,s,%

(W«Sz = @a,l,z + éu,l,'j + @a,l,s + @a,2,4 + @a,z,é + @a,3,4
+éa,3,7 + @a,4,8 + éa,5,6 + éa,5,7 + @a,é,s + @aj,s

Qp12+Qp13+Rp15+Rpag+Qpss+Qp7s.
‘We note that we can write
WSl = Qin + Qout—Sl’ (WSZ = Qin + Qout—Sp

where @m are all the input buffers, and @Ou,_ s;» I = 1,2 are the exit buffers
of §;,i=1,2.
The workload formulation of the workload Brownian control problem is

1 TE
min lim sup —E[/ Z 4Q (t)dt ],
T —o0 T 0 =1
s.t. (wpooled(t) = M@(t)
Ws, =Zs, +L1(0) + Ta(t) + T6(t) + I7(0),
Ws, = Zs, +1o(t) + T3(1) + Is(t) + T5(),
Q(t) >0, 1(0)=0, 7 non-decreasing,
Q, T are non-anticipating with respect to X (¢).
It needs to be checked that for given X, Z s é, 1 we can reconstruct also g k>
V. This is done by solving:

RT+GV=Q-2X,

cy =171,

HV =0.
There are 44 equations, for 36 unknowns. However, a solution exists, because
one can check that the ranks of the coefficient matrix with and without the

r.h.s. is 36.
The optimal policy is to idle only if W s, or W s, or both are empty, and

V= rW& \% (‘:VSI, é)m = (WSI /\(WS,
Qour-s5, = (Ws, = Ws)* Qoures, = (Ws, - W)™

This behaves exactly like the Laws and Louth network, and in balanced heavy
traffic limit it behaves like a two station fork join network.
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17.12 For the ring network with six stations and three types of customers, formulate
the BCP and derive the optimal Brownian solution. Show the analogy to a
fork-join network.

Solution

The system has 18 buffers, that corresponds to entry, passage and exit of
each of the 6 routes (2 for each type). We index the buffers by (x, i1, i2, i3, X)
where x = 1,2, 3 is the type of customer on the route, , i1, i», i3 is the route,
and y = I, P, E for entry, passage and exit, for processor is the stage on the
route. The dynamics are:

Q. iy in,is,1 (1) = [Qx,il,iz,ig,l (0)+(3A= 31wt
+5 (A (1) = A0) = (Sxiyinsisd Trivinaind (1) = UTxiy a1 (l))]
(3t = Tt i1 (D) + (A iy — A AL(D)),
Qxiy iz, P (1) = [Qx,il,iz,ig,P(o) + (Sxiyizisd (Txsiysinis d (8) = BT iy i1 (1))
—(Sx.irinnis, P (T, iy insiz, P (1) — ,u(];c,il,iz,ig,P(t))]
—p (31 = T sinaind () + 1H(31 = T iy iz, P (1)),
Qx.iyin.is.E(1) = [Qx,il,[z,ig,E(O) + (Sux.iy.igis, P (Txciy inis, P (8) = PTx iy iy, P (1))

= (Sx,irin,i5,E (T iy i,z E (1) = ﬂﬂ,il,iz,ig,E([))]

—H(%l = Txir,ini5, P (1)) + ﬂ(%f = Tx,in,in,is, E (1))
We scale time by N2 and space by N and we write:
Q(t)=X(1)+RT (1) + GV (1),

where X is the Brownian motion netput, () the sequencing control, and

9 the routing control. The matrices R and G are obtained from examining

the dynamics equations above.

We note that every customer needs to go through one of the processors (1, 4)

one of (2,5) and one o (3,6). We look now at the workloads (number of

customers) in the system that require processing at the pooled server pairs

(1,4), (2,5), (3,6). This is non-overlapping, and includes all the work in the
(W1+4

system. The scaled Pooled workload is W Pooled(t) = wW 25 | = MQ(1).
(w3+6

The matrix M is described in the following table: on top are listed the buffer,

given by the route (vertical) and the step, I,P,E, and the three rows correspond

to the pairs of stations, (1,4), (2,5), (3,6).
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1 2 3 2 3 4
6 1 2 3 4 5
5 6 1 4 5 6
1 p E 1 P E 1 P E I P E I P E I P E

1 1 1 1 1 1 1 1 1 1 1
1 1 1 1 1 1 1 1 1 1 1 1
1 1 1 1 1 1 | O | 1 1 1

Having gone through the laborious process of identifying
The pooled Brownian control problem is now:

T —o0

1 TS
min lim sup TE[_/O ZSQk(I)dt],
k=1

st. W pootea(t) = MQ(1)
Wirat) = Zria(t) + 11() + T4(0),
Wais(t) = Zows(t) + 12(t) + I5(0),
Wiss(1) = Zaas (1) + T3(0) + L6 (1),
Q(t) 20, 1(0)=0, I non-decreasing,

Q, I are non-anticipating with respect to X (7).

We check that for given X, Z , the values of @ 7 can be used to obtain the
controls of the original scaled network 5, V. There are 27 equations for 24
unknowns, but 3 equations are redundant because they just say that the sum
of the relevant buffers in X equal the component of Z, on both sides of the
equations, and a solution exists (in fact is unique)

We can now solve the pooled Brownian control problem: We keep all the
inventory in the 6 input buffers, balancing the contents of the two routes, we
balances the workloads in the two servers of each pooled pair, and we idle
only when the pooled workload is 0.

We return to determination of the queue lengths. Denote b () = Wi (1), ba(t) =
W 245(1), b3 = W 3+6(1). Then the minimization pathwise is to solve for each
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t the problem:
18
min ZQk(I),
k=1
st ) Qp+Qs(1) + Qo()Q1o(1) + Q11 (1) + Qua(NQu7(1) = by (1),

Qi +Q1(1) + Quo(NQ11 (1) + Q12 (1) + Q13(1)Qu6(1) = ba(1),

Qi + Q7 (1) + Qs(NQo (1) + Q12 (1) + Qi5(1) Q13 (1) = b3 (1),

i I T

and the solution to this is:

VE(t) = bi(1) V ba(t) V b3(2),
6
Qi = b1 (1) Aba(t) A bs(1),

~

Q7 (1) + Qu2(1) = (b2 (1) Ab3(1) = bi(1))"
Qs (1) + Qo(1) = (b1(1) A b3(1) - ba(1))"
Qio(t) + Qi1 (1) = (b1 (1) Ao (1) = b3(1)"
Qi3(1) + Qis(t) = (ba(1) = by (1) V b3 (1)) "
Q14(1) + Q17(1) = (b1(1) = ba(r) V b3(2)
Qi5(1) + Qi5(1) = (b3(1) = b1 (1) V ba(1))"

)
)
)+
)

This is analogous to a fork join network with 3 parallel servers, where each
arriving customer splits into 3 tasks that are processed in parallel at the 3
servers, and a customer departs when his three tasks are complete.

bt~ | 1 I e[

customers

17.13 (*) For a ring network with 8 stations, obtain a pooled workload Brownian
problem, and show how to minimize the pooled workloads a.s. pathwise, but
then show that this solution does not minimize the sum of queue lengths, and
there is no a.s. pathwise optimal solution to the original BCP.
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Solution

This is based on|Laws|(1990). In this network there are eight workstations and
4 types of customers, each type can choose to go clockwise or anticlockwise
to receive service at four stations, as illustrated here:

Type 1

Following the same steps as for the six station network, we pool the queues
for stations (1,5), (2,6), (3,7), (4,8), and obtain W poorea(t) = MQU(2),
-Zpooled(t) = MX(I), where

1 keCrUCria

0 otherwise r=1,...,4, k=1,...,32.

Mr,k = {

and we get the workload BCP:

T 32

min lim sup lIE';‘,[‘/ Z@k(t)dt],
0 k=1

T —o0 T
s.t. (Wpooled(t) = M@(t)

Wiss(t) = Zias(t) + 11 (1) + I5(1),

Ware(t) = Zawe(t) + 12(1) + T6(1),

Wi (1) = Zaa (t) + I3(t) + I7(1),

Wass(t) = Zars(t) + T4(t) + I5(1),

Q(t) >0, 1(0)=0, I non-decreasing,

Q. I are non-anticipating with respect to X (7).

The solution to this workload BCP is similar to the one for the six stations

network: Since the pooled stations do not overlap, we can choose the idling for
each pair of stations independent from the others, and so, for given Brownian
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motion Z , we let

I+ Tra(t) = sup (Zr()+ Zraa(s))s r=1,....4

O<s<t

We now try to minimize the queue lengths, by solving the LP at each point ¢,

and see that there is a problem. Denote b, (t) = W, ,u(t), r=1,...,4 we
get:

32
min V(7) Z Qi(1),
k=1

s.t. Z Q) =by(t), r=1,...,4,

keC,UC) 44
Q) > 0.

It is immediate to see that (as in the six station case), V() > max(b, (t), r =
1,...,4). In the six station case for any values of b, this lower bound could
be achieved. However, this is no longer the case for the eight station case.
One can see that:

32
by < by A (by Ab3 = by) = > Qi(t) > max(b,(1), r = 1,...,4.
k=1

It then turns out that to get close to this lower bound value it is better some
times to idle some stations even when there ar customers in the station. For
details see|[Laws|(1990)

17.14 Obtain the exact expressions for R, G, C, H in equation (17.3).
Solution
The matrix R is the input output matrix, (I — PT)diag(u). The matrix G has
dimension K X L where L is the number of routes, K the number of buffers
(classes), and G ; = 1 if k is the first buffer on route / and 0 otherwise. C is
the constituency matrix, with C; = 1 when buffer k is processed at station i,
0 otherwise. H is the flow allocation matrix, of dimension M X L, where M is
the number of customer types, and H,, ; = 1 if route / is of customers of type
m, 0 otherwise, so multiplying by M sums the total flow rate of customers of
type m.
Thus, the first constraint writes the scaled buffer contents @(t), as netput
under the nominal control, approximated by a Brownian motion X(1), plus
sequencing control given by the free times J () times R, plus discretionary
routing controls V() times G. The next two constraints say that the free
times have to add up to the total idling 7 (1), and the routing controls which
are deviations form the nominal controls that determine the netput, have to
add up to zero.

17.15 Justify the formulation and the solution of the BCP (17.4).
Solution
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To wish to show that the solution of the BCP (17.4) is indeed the solution of
the Brownian control problem (17.3).

Consider first the workload Brownian control problem (17.4). We can solve
it optimally for every sample path and the solution is path-wise optimal:

T K
min / Z Qi (1, w)dt ]
0 k=1

K
st W w) = > mQu(t, w)
k=1

I
W(t,w) = Z(1,w) + Z mipidi (1, ),

i=1
é(r, w) =0, 2'(0) =0, 71 non-decreasing,
@, 7 are non-anticipating with respect to z (t,,w),

Then for given "W(t, w), we can solve for é?k (t, w) pathwise at every t:

K
min Z Qi (1, w)dt |
k=1

K
st. W(tw) = > mQu(r,w)
k=1

Q(t,w) >0,

and the solution is any choice of @k (t, w) such that only buffers with 772y = i
have any fluid.

> = —W(t) Qu(t)=0, keKk".

keK*

These will be first buffers on their route, and for those we have 7 = max, hy..
Clearly we should try and minimize W (t, w), and this is done by the Skoro-
hod reflection. we can choose any combination of idle times that satisfy:

1

Z ﬂ;ui:fi (t,w) =— inf Z(s,w),

= 0<s<t
We now need to show that the solution of (17.4) solves (17.3). We first claim
that solution of (17.4) provides a lower bound for (17.3). We can see that
the single constraint expressing W in terms of Z in (17.4), is obtained by
multiplying each buffer constraint in (17.3) by 7 and summing up. Hence
(17.4) is a relaxation of (17.3) and provides a lower bound.

Next needs to show that from a solution of (17.4) we can construct a solution
for (17.3). Solution of (17.4) determines Q(z), £ (¢), and we still also have
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the original X (). Form these we wish to determine J (¢) and YV, (1). They
are connected by a set of linear equations. One can show that these equations
always have a solution, which is a feasible set of controls for (17.3).
For details of the proofs see|Laws|(1990,|1992).

17.16 For the six node network of Figure 17.6, write the compatibility linear
program and its dual, and identify all the 29 cut constraints. Show that there

are no more than 29.
Solution

The network has machines 1, ...,6 and flows 1,. .., 5. The compatibility LP

182

min n
1.0 1 0
1 0 0 1
1 0 0O
01 1 0
01 0 1
L0 1 0 0
1 1.0 0
0 0 1 1

£20

The dual compatibility LP is:

max A1 hy + Aohy — Py — UM — U3T3 — a4 — [STT5 — [6TT6

1 0 1
10 0
0 1 [:1 <|1
0 1 2 0
0 1 0

1t =1, ;>0

—_ o O = O O

- o

-0 O O =

A

S
f3
Ja

| f5 ]
T

b
3
Ja

L f5 ]

SO = = O

-In <

S — O = O

—_ o O = O

M1
M2

M4
Us
M6

m
m
3
T4
s
6
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The matrix of coefficients, including slacks y,., looks like this:

[ 4 A2 o p2 g3 g4 Ps o e
hi hy m m m3 m4 A5 T Y1 Y2 Y3 Y4 Y5 r.h
-1 0 1 1 1 0O 0 O -1 0 0 0 0 0
-1 0 0O 0 O 1 1 1 0o -1 0 0 0 0
0o -1 1 0 O 1 0 O 0 0 -1 0 0 0
0 -1 O 1 0 0 1 0 0 0 0 -1 0 0
0O -1 0 O 1 0O O 1 0 0 0 0 -1 0
1 1 1 1 1 1 1 1 1 1 1 1 1 C

In principle we may have as many as ( 62316) basic solutions. We are interested

in feasible bases, i.e. basic solutions which are non-negative. By putting C

on the r.h.s. of the last constraint, we can make all solution be integer. We are

interested in cut of flow, so each basic solution must involve at least on A.. i.e.

have at least one of the 4. > 0. Also we need at least one r; positive by the

last constraint. in fact, to be a cut for 1; we need at eastone n; > 0,i = 1,2,3

and one of ; > 0.i = 4,5,6. For 1, we need at eastone 7r; > 0,i = 1,4 and

oneof r; > 0.i =2,5and one of mr; > 0.i =3, 6.

The 29 generalized cuts are.

(a) Cuts for A1, no cost for Ay: A1 < puy + pug orany Ao < ug +pp, k €
1,2,3, 1 € 4,5, 6. In these basic solutions the slacks y3 = y4 = y5 = 1.
If this cut is the only tight cut, customers of type ¢ = 2 have routes that
are not moving through bottlenecks. Value of C = 2. Total of 9.

(b) Cuts for A3 no cost for A1: Ay < g + po + p3z or Ay < g + ps + . In
these basic solutions the slacks y; = y, = 1. If this cut is the only tight
cut, customers of type ¢ = 1 have routes that are not moving through
bottlenecks. Value of C = 3. Total of 2.

(c) Cutsfor 1y, Ay, involving just three positive m;, like: 11+A2 < py+ua+ue,
orany Ay +Ay < pr+pi+pm,, wherem € (1,2,3,4,5,6), and conditional
on m, k < [ are in another row, in the other two columns. In these basic
solutions one of the slacks y; or y; equals 1, in fact the one of the row
that has k, [. If this cut is the only tight cut, customers of type ¢ = 1
will not use the route through k, [, because it is too expensive. Value of
C = 3. Total of 6.

(d) Cuts for A1, Ay, involving just three positive r;, like: 241 + A < pp +
Ur+2ug, orany Ay + Ay < pg + (g + i, wherem € (1,2,3,4,5,6), and
conditional on m, k < [ are in another row, in the other two columns.
In these basic solutions the slack corresponding to node m i.e. y3 for
m = 1,4, yqg for m = 2,5, y5 for m = 3,6 equals 1. If this cut is the
only tight cut, customers of type ¢ = 2 will not use the route through m,
because it is too expensive. Value of C = 4. Total of 6.

(e) Cutsfor Ay, Ay, involving foru positive r;, and no slacks, like: 31, +21, <
2uy +2us + U3 + pe, or any 34y + 2o < 2up + 24 + i + Hn, where
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m < n are one of (1,4), (2,5),(3,6) and m,n, k < [ are located k in
top row, [ in bottom row, occupying the two columns left by m, n. There
are no slacks. If one of these cuts is the only tight cut, all the nodes are
heavily loaded, all the customer types need to use bottlenecks, and all
the routes of each type have the same cost and will be used. Value of
C = 6 Total of 6.

It is clear that these 29 cuts comprise all the possible cuts (i.e. some positive

h, cuts for some A, with 3, 2, 1, and 0O slacks.

17.17 Consider the six node network of Figure 17.6, with the following arrival and
processing rates: 1 = (2,4), u = (2,6,3,6,2,3). Locate the critical general-
ized cut constraint and formulate and solve the BCP. Obtain the distribution
of the pooled workload of the solution.

Solution
The network is given by the following figure:

Type 2
Customers

Ay =4

#1=2|3_) /J2=6|i) /~l3=3|£)
/EG) —>6[2 —> 13—

Type 1 l l l
n Kﬂ% —»E(% —»E% —

,U4=6l #5=2l ,U6=3l

We can do one of three things: solve the LP(A, u) to obtain the optimal flows
and n, or solve the dual LP* (4, u), to obtain the tightest cut, or calculate the
29 cut constraints, get those that go intto Heavy traffic first.
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We take the third option:

[ # typ A Lhs. u r.h.s 0
1 a 1 2 1,4 8 4
2 a 1 2 1,5 4 2
3 a 1 2 1,6 5 2.5
4 a 1 2 2,4 12 6
5 a 1 2 2,5 8 4
6 a 1 2 2,6 9 4.5
7 a 1 2 3,4 9 4.5
8 a 1 2 3,5 5 2.5
9 a 1 2 3,6 6 3
10 b 2 4 1,2,3 11 2.75
11 b 2 4 4,5,6 11 2.75
12 ¢ 1,2 6 5,6,1 7 1.167
13 ¢ 1,2 6 4,6,2 15 2.5
14 ¢ 1,2 6 4,5,3 11 1.833
15 ¢ 1,2 6 2,3,4 15 2.5
16 ¢ 1,2 6 1,3,5 7 1.167
17 ¢ 1,2 6 1,2,6 11 1.833
18 d 1,2 8 5,6,1 9 1.125
19 4 1,2 8 4,6,2 21 2.625
20 d 1,2 8 4,5,3 14 1.75
21 d 1,2 8 2,3,4 21 2.625
22 d 1,2 8 1,3,5 9 1.125
23 d 1,2 8 1,2,6 14 1.75
24 e 1,2 14 1,5,3,6 14 1
25 e 1,2 14 4,2,3,6 30 2.143
26 e 1,2 14 1,6,2,5 18 1.286
27 e 1,2 14 43,25 26 1.857
28 e 1,2 14 2,6,1,4 26 1.857
29 e 1,2 14 53,1,4 18 1.286 |

We obtain that the tightest generalized cut is
31 + 227 < 2uy +2us + u3 + e

and in fact with the values 1 = (2,4), u = (2,6, 3,6,2,3) this cut becomes
critical, and the system becomes unstable. We assume then that the input
rates are 1 = (2p,4p) withp < 1, = 1.

For this cut we have: i} = 3,1 =2, 7" = (2,0,1,0,2, 1) (not normalized)
Looking at the primal problem, we note first that stations 2,4 are not bot-
tleneck, and we can discard those stations, and also discard buffers 2,4,6,8
which will be empty.

We now solve LP(A, u for the various flows. Given the dual solution we can
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obtain these flows for the equations (note that = 0):

1 0100 2p w
0101 0l|7 2p s
10001f2_3 s
o100 1||P]7]3 Ue
1100 0] 2 A
00 1 1 1 5 4 A

(note that 7 = 0) This is solved uniquely by the flows: fi = o =p, 3= f1 =
1, f5s = 2. Recall, these are the nominal flows.

These flows are the nominal rates. At the various buffers, £k = 1,...,12 we
then have the free time controls Jx(#) = vit — Tx(t), and for the routing
controls we have Vi (t) = Ar(t) — fxt. The Brownian control problem is
formulated for the scaled queues, Q () = %Qk (N?1), as (17.3), where:

1 3 5 7 9 10 11 12
1 w 0 0 0 0 0 0 0
30 44 0 0 O O 0 O
5 0 0 w3 0O 0 O O O
R=|7 0 0 0 u 0 0 0 O
9 0 0 0 0 us 0O 0 O
0 0 0 —u3 0 0 p 0 O
11 0 0 0 0 0 0 u O
12 0 0 0 -us 0 0 0 pu

For the various buffers we have m; i as follows:

Ne 1 3 5 7 9 10 11 12
1 1 1

31 1 1

5 1 1

6 11 1 1

R =

and we obtain my as 7'[m; xlaxg (recall, 1y = 5 = 2, 13 = 16 = 1, so
= (2,1,2, 1)which needs to be normalized):

m=(3,2,27321,21)/6

We already see that K* = (1,7) so we should hold all the inventory in those
two buffers.
The pooled workload is:

. 14 1.4 14 14 14 14 14 14
Wp(t) = EQI(f)+§Q3(f)+§Q5(f)+§Q7(f)+§Q9(f)+6Q10(f)+§Q11(f)+8Q12(f)-
and we have:

(WP(I‘) = ZP(t) +jP(t)’
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where Z p (t) is a Brownian motion with drift:

6= N((341 +222) = (2411 + 245 + p3 + t6)) )

=N(3-2-p)+2-4-p)—(2-2+1-3+2-2+1-3))

=N(p-1)-14
If we take N = 1000 and p = 0.999 we get drift 8 = —14, so it will take about
1000/14 =~ 70 time units to drift from 1000 to 0.
The variance of Zp(7) is

ol = 9/11031,] + 4/1202’2 + 4;1103,] + u3ci3 + 4u5c§’5 + ,uécf’ﬁ

=22 for Poisson exponential with ¢? = 1.
We will not calculate the exact values of ¢ (¢), V(¢) for each realization
of Q(t), hX (¢) that need to be solved at each ¢. However, for the Brownian
system our policy is: Work fully at all stations if there is fluid in the system,

keep all fluid in buffers 1 and 7, make sure that they empty together, and idle
all the machines whenever the system is empty.
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18

Infinite Servers Revisited

Exercises

18.1 Calculate the auto-covariance function of the Brownian bridge BM (x) —
xBM(1), 0 < x < 1, and conversely, show that the unique Gaussian process
with continuous paths and auto-covariance x Ay—xy is BM (x)—xBM (1), 0 <
x <1
Solution
The auto covariance is:

E((BM(t) —tBM(1)) (BM(s) - sBM(l)))

= E(BM(1)BM(s))sE(BM(1)BM (1)) — rE(BM (s) BM(1))
+stE(BM(1)BM (1))

=SAt—St—Sst+st=85At—st.

Clearly, BM (¢) is a Gaussian process, i.e. all its joint distributions are mul-
tivariate Gaussian, and so then is BM (¢)tBM (1), and a Brownian process is
determined by its mean and auto-covariance function. Hence the only pro-
cess which has mean 0 and auto-covariance function s A ¢ — st is indeed
BM (1) —tBM(1).

The true question is to show that BM(¢) — tBM (1) is the process Z(t) =
(BM()|BM(1) = 0). We show that now.

For t; < t,, we look at BM (t1), BM(t)|BM(1) =

IP’(BM(tl) = x1, BM(13) = x2|BM(1) - 0)

= p(—= 0
90(\/_)(\/_)(\/_/()

~ 1 o {_f2(1—fz)x%'i'fl(l_fl)x%_zﬁ(l_tz)xlxz}
(=) (1 =1) 2t1(n—11)(1 - 12)

_ 1 -1 X1
_27l'|2| exp{—(xl,xz)z ( X2 )}

203
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n(l-n) n(l-r)
ti(l-t) t(l-1)
So the two Gaussian processes BM (1) —tBM (1) and Z () = (BM (1) |BM( 1) =
0) have the same auto-covariance function, so they are the same.
18.2 For a Brownian bridge B(y) and a distribution function F(x) of a non-
negative random variable, derive the auto-covariance function of the process
B o F(x) (calculated as B(F(x), x > 0).
Solution
Since for a random variable X with distribution F, that is strictly increasing
from 0 to 1 in an interval [a,b] (a > —oco,b < o), F(X) ~ U(0,1),
we have that B(F (x) has the auto-covariance function for x < y given by
F(x)(1-F(y)),fora<x<y<b
18.3 Specialize the results of Theorems 18.3 and 18.4 to the GI/Gl/oo, with inter-
arrival time distribution F service time distribution G, starting empty.
Solution
We consider a sequence of systems, where the arrival stream for system n
is a renewal process A" (¢) with interarrival times u;/n, where u; are i.i.d.
with distribution F and mean 1/4, and coefficient of variation c,. Hence,
by FSLLN rllA”(t) — At v.o.c. a.s., and by FCLT for renewal processes,

\/ﬁ(%An(t) - /lt) — VACEBM(1).

Substituting into the expressions in Theorem 18.3, the fluid limit is:

which is the joint distribution of (X,Y) ~ N(0,X) where X =

1 r_
-Q" (1) —p /l/ G(s)ds, u.0.c.as.asn — oo.
n 0

Substituting into the expressions in Theorem 18.4, the diffusion approxima-
tion is, that

Q' = \/ﬁ(%—ﬂ/oré(t—s)ds).

n

converges weakly to Q(7),

Q@) = \/E/Otc‘;(z—s)dBM(s) —/Otfotn(ﬁx < 1)dB(1s,G(x)),

Note that for this case, @(t) is obtained as a linear transformation on gaussian
processes, and so this is a Gaussian process. We have already derived the
form of this Gaussian process for the G/G/co model with renewal arrivals
and services in Section 6.9.

18.4 Specialize the results of Theorems18.3 and 18.4 to the G/G/co, with interar-
rival time distribution F and i.i.d. service time distribution G, starting with
initial number of customers Q" (0)/n — go, Vn(Q"(0)/n — go) — Q that
have i.i.d. residual service time distribution G-

Solution
For the fluid limit the only added term is: goG ¢4 (7).
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18.6
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For the diffusion limit we need to add two random terms: Geq(t)Qo, and
V3B (Geq (1)).

Remark: It is tempting to think that if Qy has the stationary distribution then
this will be the stationary process for this G/G/co process. However this is
wrong: the diffusion limit is not a diffusion, it is not Markovian, and so its
stationary distribution is not determined by its state at a single point in time.
Specialize the results of Theorems 18.3 and 18.4 to the G/M/co, with inter-
arrival time distribution F and exponential service time, starting with initial
number of customers with the same exponential service time.

Solution

The fluid limit is:

A
goe M + ;(1 —e™H

In particular, if gg = ﬁ then £Q" (1) — ;iz
For the diffusion limit we have:

t
Q1) = e Qo+ VgoB (1 — e M) + \JAc2 / M=) ABM ()
0

t t
—/ / I(s+x <1)dB(as,1 —e™H)
0o Jo

One can then show that if gg = %, then @(t) satisfies the linear Ito equation:

t
Q1) = Q(0) —y/O Q(s)ds + (3 +1)BM(1),

that is, @(t) is an Ornstein-Uhlenbeck process. This is given as Theorem
3, part II, of [Krichagina and Puhalskii (1997), where the complete proof
appears.

Specialize the results of Theorems 18.3 and 18.4 to the M/G/co, with service
time distribution G, starting with initial number of customers Q(0) where
Q(0) is a Poisson random variable, and the initial customers have i.i.d. service
time distribution G .

Solution

The fluid limit is

t
Q1) = qoGeq (1) +/1/ G(s)ds
0
and the diffusion limit is

Q(1) = Gog (NQo + VG0 B (Gey (1)) + \/E/OI G(t — s)dBM(s)

_/I/tl(s +x < 1)dB(1s,G(x)),
0 0
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There is no simplification beyond that obtained for the general G/G/co case,

except in the third term we have ¢2 = 1.
18.7 Specialize the results of Theorems 18.3 and 18.4 to the M/M/co stationary

process,

Solution
The answer is exactly as for Exercise 18.5 with the only simplification that

now ¢2 = 1.
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Asymptotics Under Halfin-Whitt Regime

Exercises

19.1 Assume (1 — p,) vn — B, and let X,, be a Poisson random variable with
parameter np,. Use CLT to show that P(X,, <n - 1) — ®(B).
Solution
P(Xy < n=1) = P((Xa—npn)/ \ipu < vn) Where vy = (1=py) Vit p,'> =
(npn)~'2, but v, = B, so by CLT, P(X,, < n—1) = ®(B).

19.2 Assume (1 — p,)vn — B, and let X,, be a Poisson random variable with
parameter p,,. Use Stirling’s approximation to n! to show that P(X,, = n)/(1-

pn) = $(B)/B-

Solution

P(Xn = n)/(l —pn) = n‘((r;p—_")pn) —npy

~ e IPnrloePn) J (\Dan (1~ pu))
~ PR (V2 (1~ pu))
L en
B V2r
19.3 In an M/M/n system show that if (1 — p,) 4/n — 0O then the probability of
delay @, — 1, and if (1 — p,,) v/n — oo then @, — 0.

Solution
The limits for y,, &, are valid also for 8 = 0, and S — oo. Recall that the
limitis @ = lim,_e[1 + g]" =[1+ [%%’;)]‘l. Clearly, Bf(([fg) converges to

oo for § — oo andis O for 8 = 0.

19.4 Show that a is monotone decreasing with 3, for 0 < 8 < oco.
Solution
Note that () is increasing, so B®(3) is increasing, and ¢ () is decreasing
f0r0<,8<oo,soﬁ(;b(([g) B;D(f)) -
for0 < 8 < 0.

19.5 Verity equations (19.7), (19.8).
Solution

is increasing, and hence [1 + is decreasing

207
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To prove (19.7), by CLT for Poisson random variables:

P(Qn < 6, |Qn < )_Z(” /Z(npn)

_ Z (ﬂpn) o~ Pn /Z ('lpn) o~1Pn

P(X, < 6,,)/]P(Xn <n) where X,, ~ Poisson(np,,)

P(Xn—npn < 6n—npn)/P(Xn—n < n—npn)

\Vipn T Anpn \Vpn T Anpn
=P(Xn_npnS("_”pn)_(”_(sn))/P(Xn_nSn_npn)
npn non nPn — Apn

— ®(B-06)/P(B)

To prove (19.8):
k nnpk
P(Qn(0) 2 6, Qn(e0) = 1) = Z T /Z a0
_ o oy [ enl
T -p Pl =)0
= py"

exp ((6, —n)log(1 = (1 - py,)))
exp ((6n - I’l)( (1- pn)))
xp (

‘5" [~(1 = pu) V1))

~

— e %8

19.6 Verify the infinitesimal mean and variance (drift and diffusion coefficients)
for M/M/n.
Solution
We have

1
ma, (k) = lim ZE(Qn(t +h) —Qu(t)|Qu(t) =k
=A-min(k,n)u=2—un+pu(n-k)*,
1
o, (k) = lim ZVar(Qn(t +h) — Qu(t)| Qu(t) = k)
=A+min(k,n)u=A+un—pun-k)*.

, so that

We now center and scale the queue length, so that @n(t) = M\ﬁ:_"

if Q, (1) = x then Q, (1) = Vnx +n. When n — co and Vn(1 — p,) — B we
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have:

Mg, () = —=ma, (Vix+n)

n \/ﬁ

% (A=np+p(n—n— Vnx)*)
= (e

i
_){ —upB, x>0,

—u(B+x), x<0.

1
—a'é (Vnx +n)
n n

q
RS
N
¥
Il

%(/l+n,u—y(n—n— Vnx)*)
A—np  p(=x)*
P

— 2u.

19.7 Consider the embedded Markov chain at arrival times of the GI/M/n system.
Derive the limit infinitesimal drift and diffusion under Halfin Whitt regime
for the sequence of centered and scaled queue length at the embedded times.
Solution
Let Q,(M), M = 0,1,2,... be the embedded Markov chain just before
arrival times.

E(Qn(M + 1) = 0 (M)|Qn(M) = k) = 1 - /ll(un (n— 1))
= %(/l—,un+p(n -k)*)

To calculate the variance we condition on u, the length of the period between
the arrivals:

Var(Qn(M + 1) — Qu(M)|Qn(M) = k)

= E(Var(Qn(M + 1) = Qu(M)|Qn(M) = k,u))
+Var(B(Qn(M + 1) = Qu(M)|Qn(M) = k,u))
=E((u(un — p(n—k)*)) + Var(1 — u(un — u(n - k)*))

= L un = =0 + 220 - (n - b))

A
= 2= (=19 + &3 (5) 0 = (n - 0

, so that when Qnt =X

We are centering and scaling the queue, Out = Culion i%ﬁn
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19.8

19.9

Asymptotics Under Halfin-Whitt Regime

then Q,,(t) = n + +/nx. We then get the limits:

mg(x) = %(A — n+ p(=2)")
—up, x>0,
- —u(B+x), x<0.

o 00 = Jim (3 (an = V(=) + 3 (50~ Va(-x)?)

)7
7)
-t (1= (- ) 5 - (- ) T)
=(l+co)u

We note that events in the embedded Markov chain occur at rate ~ 24,, as
n is large, independent of the state. So these are also the infinitesimal rates
for the continuous time process. What we do is to define Q" (¢) = 0" ([nt]),
then this continuous time process is a Markov chain, with the same infinite
mean and variance, and will converge to the Halfin-Whitt limit. We then also
get be time change that (:ln(t) converges to the same Halfin-Whitt limit.

(*) For the Halfin-Whitt diffusion limit of the centered and scaled M/M/n
process, in state @(l) = x, calculate the distribution of the times to return to
0 (no queue and all busy), from position x > 0 and x < O (hitting times).
Solution

We will only calculate the hitting time from x > 0. The calculation of hitting
times for Ornstein-Uhlenbeck process is a hard problem. A recent paper
on that question is [Lipton and Kaushansky (2018), which gives theoretical
derivations and numerical metods.

For x > 0, we use the results of Section 7.7.2. For a Brownian motion
starting at 0, with drift m and diffusion -, the first passage time distribution

to reach level y by time ¢ has the distribution P(T(y) > 1) = @(Lm) -

otl/2
2my/o? —y—-mt
e my/o (I)( s )
For our case, we start at level x and want the hitting time of 0, where the drift

is —u8 and the diffusion is o2 = 2. We need to go from x > 0 to 0, which
is the same as from O to x with drift m = uS. Hence:

— t —_ — t

P(return to O fromx > 0 > 1) = q)(ﬂ) - eﬁxq)(x—“ﬁ)
(Qut)l/2 (QQut)'/?

Solve the renewal type equation for the Example19.9.

Solution
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The equation for the fluid limit is:
t
Q1) = min(go. DGo(1) + (qo — )G (1) + / Gt - s)das)
0

+'/0 (Q(t—s) - 1)TdG(s).

We assume: G, G are deterministic 1, go = 1, and a(z) = ¢, and we then
have:
ForO<t<1:

Q) =1+0+r+0=1+¢

where the last term is 0, since G(s) =0for0 < s < 1.
Forl<t<2:

Q) =1+0+0+Q(1t-1)-1)=Q(t-1)

where in the last integral, dG(s) has a single jump o 1 at s = 1, where the
integrand is (Q(r — 1) — 1)*.
Form <t <m+1:

Q) =1+04+0+(Q(t-1)-1)=Q(r-1).

This is exactly the saw-tooth discontinuous periodic function.
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Many Servers with Abandonment

Exercises

20.1 Use Figure 20.1 to obtain the limiting expected sojourn time for an arriving
customer if he abandons, or if he waits and and is patient enough to receive
service.

Solution
For customers that abandon, the mean sojourn time is:

w
mean sojourn for abandon = / (1 -=H(y))dy
0

This is the integral of Figure 20.1, from O to w, divided by p.
For customers that wait and get served, the sojourn time consists of waiting
for w and service of 1,

mean sojourn for served = w +/ (1-G(y)dy=w+1.
0
It equals the area in Figure 20.1, under a level of 1.

20.2 For the M/M/n+M system, represent the queue length process as a birth and
death process and derive its stationary distribution.

Solution

A A A A A
QRO QY > AW

u o 2u ny ni+y np+sy
The stationary distribution is:

1 (A\k
HOF(;) N OSkSn,
Tk = k-n




Exercises 213

20.3 For the M/M/n+M system, assume that »n is fixed, and that the value of u
increases according to the arrival rate A, so that u ¥ = (1+8 V) /n. Calculate
the infinitesimal mean and variance for the birth and death queue length
process and obtain its limits as 4 — co. Obtain the diffusion approximation
for the scaled queue length [Ward (2012)].

Solution
We have

man (k) = lim TE(Q@" 1+ k) - Qu(1)| Qu(1) = )
=A-min(k,n)u —y(k —n)*
=A—pn+pu(n—-k)* —yk-n),

o (k) = lim %Var(Q"(r +h) — Qu(1)| Qu(t) = k)
=A+min(k,n)u+y(k —n)*
=A+un—pun-k)"+y(k-n)*.

We now scale the queue length. Since n is fixed, and A as well as u tend
to infinity, the proper scaling is Q" (1) = Q ‘;’) , for which the infinitesimal

means and variances are:

e () = —=man( V)

VA
= %(ﬂ—n,u+u(n—\//_lx)+—y(\//_lx—n)+)
_ J}( _u+ﬂx/')+“ﬁ‘/— —«/Exr—y(w/ix—nr)
—>{ ;),B—yx, izg’ as 1 — oo,

O'én (x) = /lla'én(\//_lx)
= % (/1+n;1 —u(n- \//_lx)++y(\//_1x—n)+)
= % (2“5\/1—#(;1— \//_Lx)++y(\/§x—n)+)

=—2, asd— oo,

What we see here is that the limiting process behaves as an Ornstein-
Uhlenbeck process when positive, and is reflected at zero.

20.4 For the M/M/n+M system, assume that both n and u increase according to
the arrival rate A, so that u@ = p(A1=® + BA2-9), and n = A1/ for
0 < a < 1. Show that the system goes into heavy traffic with p, — 1 as
A — oo. Calculate the infinitesimal mean and variance for the birth and death
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queue length process and obtain its limits as 4 — oo, and obtain the diffusion
approximation for the scaled queue length [Ward|(2012)].

Solution

The arrival rate is 1. The service rate is

pOn@ = f(A1 4+ AT = A+ BVA,
so indeed, py = W — lasd — oo.
As before
1
man (k) = Jim Z]E(Q"(t +h) = Qu(1) | @Qu(1) = k)
=A-min(k,n)u —y(k —n)*
=A—pn+pu(n—k)* —y(k-n)",
1
o (k) = lim zVar(Q"(r +h) = Qu(1)| Qu (1) = k)
= A+min(k,n)u +y(k —n)*
=A+un—pun-k)*+yk-n)*.

Q" (1)-n
va
(@n(t))+ is the scaled number of customers that are waiting, and (—@" (0)*
is the scaled number of idle servers. With Q" (r) = x, we have Q(r) =

Vax +nW. We get:

We scale the queue length process, definin Q') = , so that
q gih p g

meyn (x) = %man(\/}x+n(’l))
= % (/1 —n@ O 4 D)t = y( \/zx)J')
= = (1= AV 1 4 2 (VI - (V')
(2T e

O'én(x) = écén(\/zx+n(’l))

1
7 (4 Ou = O A+ (V)

1

~ (1 e BVD) = p(7 4 ) (= VI + (VA
— 2 forx > 0.

which again is a reflected Ornstein-Uhlenbeck process.

20.5 For the M/M/n+M system in Halfin-Whitt regime, derive the asymptotic
distribution of the number waiting in queue when positive, the number of
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idle servers when positive, and the probability of waiting, as given in equation
(20.1) [Browne et al./(1995)].

Solution

We found that Q(r) is the diffusion process defined by,

dQ(1) = m(Q(1))dt + o(Q(1))dBM (1)

where the drift and diffusion coeflicient are:

m(x):{ By x>0, o (x) =2.
B—ux, x<0.

This is a piecewise Ornstein Uhlenbeck (OU) process, which for x > 0 is
centered at B/y with drift down at rate yx, and for x < 0 it also is centered
at B/u and drifts towards it at rate pux. The OU process is time reversible
and the restriction of its state space to an interval has the same stationary
distribution as the OU process over the whole real line, renormalized.

The OU process has drift m(x) = —a(x — m) and diffusion parameter
o%(x) = o2, and its stationary distribution is ~ N(m, o%*/2a), with den-
sity %(ﬁ( %(x - m)).

So, for m(x) = B — yx, o> = 2 we get that the OU process has density

V7o (V7 -2))

(@0 ="

Ny E(X,x+dx)|@([)>0):\/y

and for m(x) = B — ux, o2 = 2 we get that the OU process has density
\/,Tuj)( VR (x - f—j)), and we are interested in —Q(x), x < 0, so

ol 7))
*(- )

We now want to obtain e > 0, the probability of waiting, i.e. Q(r) > 0). We
wish to have that P(Q(¢) < x) be continuous at 0, so we need to have:

x> 0.

p((2= Q0"

w it (x,x+dx)‘@(t) <0)= &

ol-8) . olalt)
of5) V(o2

.. 2 Y ¢
a = P(waiting) = P(Q(¢) > 0) =| 1+ \/;
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20.6

20.7

20.8

Many Servers with Abandonment

For the M/M/n+G system, explain why (N(z),V(z)) is a Markov process
[Baccelli and Hebuterne (1981)].

Solution

Clearly, while not all the servers are busy, the system behaves like an M/M/n
system, with arrival rate A and departure rate N(¢)u. When all the servers
are busy and V(¢) = x > 0 then V(¢) decreases at rate 1 until either an arrival
occurs, or V(¢) reaches 0. If an arrival occurs then all servers remain busy,
and the virtual waiting time V (¢) is unchanged if the new arrival does not join,
which has probability G (Vr)), or it is increased with probability 1 -G (V (¢)),
and the increase is by a quantity which is exponentially distributed with rate
ny.

For the M/M/n+G system, explain the Kolmogorov transition equations (20.2)
for the process (N(¢),V(t)) when N(t) = n, V(¢) = x > 0 [Baccelli and
Hebuterne|(1981)].

Solution

The states N(f+6) = n, and V(t+6) > x > 0 will be reached from N(¢) = n
and V(¢) > x + 6, if no arrivals occur in (¢, ¢ + 6). If an arrival occurs, which
has probability 49, then this state can be reached from one of the following
states: from (N(z) = n,V(t) > x) with certainty, or from N(t) = n — 1 if
the arrival has processing time > ﬁ which has probability e "#*, or from
N(t) = nand V(¢) = u where 0 < u < x and the arrival has patience
exceeding u which has probability 1 — H(u), and has processing time > %
[[Baccelli and Hebuterne (1981)].

For the M/M/n+G system, show that for the stationary system, p; and v(x)
satisfy the equations (20.5) [Baccelli and Hebuterne (1981)].

Solution

The expressions for po, ..., py—1 are those for the standard M/M/n system.
In the equation (A + (n — D)) pp—1 = Apn—2 +v(0), the terms (n — 1) up,—1
and Ap,_» cancel to give: v(0) = Ap,_1.

Equation (20.2) leads to the differential-integral equation:

P(N(t +6) = n, V(i +6) > x) = P(N() = n, V(1) > x + 5))/5

= /l[ —P(N(t) =n,V(t) > x+6)) +P(N(t) = n, V(1) > x))

+P(N(t) =n—1) e

+ /X P(N(t) =n,V(t) = u) (1 - H(u)) e_””(x_”)du] +0(58)/6,
0
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Which is in fact
(% + %) P(N(t) =n,V(z) > x)
- A[P(N(z) = 1) eHx

X
+ / P(N(t) = m, V(1) = u) (1 — H(u)) e’”"(x’”)du].
0
When ¢ — oo, i.e. for steady state, % =0, and we have:

v(x) = /l[pn,le_”’” + /Ox v(u)(1 — H(u)) e_”“(x_“)du].
and multiplying by e"** we have:
v(x)e™ = Apy_1+ A4 /Ox v(u)e™ (1 — H(u))du
For the M/M/n+G system, verify the solution of the integral equation (20.6)
for v(x) [Baccelli and Hebuterne (1981)].

Solution
Let f(x) = v(x)e™™*. the equation to be solved is:

X
70 = Ao+ [ )1~ )
0
taking derivatives we get:

[0 =afx)(1 - H(x))

o)
e
0 A(1 = H(x))
solved by:
log(f(x)) =c1+ ‘/Ox/l(l — H(u))du
SO

F(x) = caeth (1-H@w)du
and substituting x = 0 we find: ¢ = Ap,,_;, and so
flx) = /lpn_le/lfox(l’H(u))du

and we have:

V()C) — ﬂpn_leﬂfox(l—H(u))du—nyx
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20.10 For the M/M/n+G system, verify Theorem 20.3 [Zeltyn and Mandelbaum
(2005)].
Solution
(i) The probability of needing to wait is p,. We saw that p,, = Ap,—1J. By
definition, p,—1(EAJ) = 1, and (i) follows.
(ii) Start from equation (20.5) and integrate both sides from 0 to oo to get:

DPn z/ v(x)dx z/ /lpn,le_"’”dx+/ /1/ v(u)(1 = H(u))e "5 gy dx
0 0 0 0
/l (o) (o)
= —pn-1 +/ / v(u)(1 = H(u))e ™5 dx du
nu 0 u

/l [ee) o0
:_%H+/ hwmew»/ e g dy
nu 0 u

A A A
=+ —/ v(u)(1 = Hu))du
ny nu Jo
A A A e
=—Pn-1+—DPn— —/ v(u)H (u)du.
nu " np Jo

and we obtain:
P(ab) = v(u)H (u)du = (1 - 7)17" + Pn-1
0

and (ii) follows.
(iii) follows immediately from

/Om xv(x)dx _ /Omxv(x)dx _ foooxv(x)dx _ Apn_1di
P(V(t) >0 Pn fom v(x)dx Apn-1J

20.11 For the M/M/n+G system, verify the asymptotics for QD, ED and QED
[Zeltyn and Mandelbaum (2005)].
Solution
The calculations of the explicit expressions for the probability of waiting, the
average waiting time, and the probability of abandonment, are quite complex.
The interested reader is directed to the internet supplement to Zeltyn and
Mandelbaum|(2005) and to its internet supplement.

E(V)V(1) > 0) =
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Load Balancing in the Supermarket Model

Exercises

21.1 Consider the n server system with Poisson arrivals and exponential service
time, and assume that customers are dispatched to the servers in round robin
order. Show that in heavy traffic, the expected waiting time of each customer
approaches ﬁ as n — oo, i.e. half of the time under random dispatching.
Solution
Under round robin dispatching the interarrival times of each server will by

~ Erlang(n, An), with mean A. But then cg = % — 0 as n — co and by

Kingman’s bound the expected waiting time approaches % - ﬁ
21.2 (*) Show that the stationary queue length for choose shortest of d, 9Q" is

smaller in the sense of convex majorization than the stationary queue length

under random dispatching 'Q", and prove that the choose shortest of d is a

stable ergodic system [Vvedenskaya et al.| (1996))].

Solution

We will show convex majorization, i.e.:

E(('Q"(1) - k))) = E((“Q" (1) - k)™)).
Clearly, if this holds then the ergodicity of choose shortest of d follows from
the ergodicity of random assignment, when 4 < 1.

‘We note that:

P(IQ" () = k) = E(“Sy (1) =9 S}1 (1)),
P(IQ"(1) = k) = E(S;(1)),

E((‘Q" (1) - b)) = D BEQ (1) = j) = D B(IS;(1).
j=k =k
Similarly,

E(('Q"(1) - k") = D E(S ().
j=k

219
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Load Balancing in the Supermarket Model

So, what we wish to show is that:
o0 _ (o) _ d
M (1) = Y BOSH(0) = Y EES () = M ().
j=k =k

The proof of this is quite technical. We recall the equations:

E(USy (1 + h) = S.(0)|*S (1))
= Ah(4S_ (1) =1 S5 = h(S} (1) = S (D) +o(h),  95G(n) =1,

B('Sy (1 +h) =1 S3(1)]'5(1))
= (S (1) =" S (1) = h('Sp (1) =4 5 (1) + 0(h),  'S5(1) = 1.

(These are the equations for the generator of the Markov chains (4S" (r), (!S" (¢).)
Adding up the first one from k:

PR CHETIEIHGIRG)

=k

= LISy (D)4 = h9S3 (1) + o(h)

< R4S (D = IS} (1) + o(h),
where the inequality follows from S} _,(#) < 1 (< 1, k > 1).
Taking expectations, and going to the limit as # — oo, we get the following
difference-differential set of inequalities for M ,Ed) (1).

d dg dg
ML (1) < AE(SE (0) ~B(S; (1)
d d d d
=AM 1) = M @) = (" 1) = M ),
M (0 -M P (1) = 1.
Similarly, without inequality, for the random choice policy:
d
=m0 =4 (0 - " ) = (4 (0 - M) ),
M (1) -mD (1) =1.
The result follows by showing the for any initial values mj with 1 = mg—m >
my —my > -+, mg — 0, k — oo, this implies Mlil)(t) > Mlgd)(t).

21.3 Justify the inequalities:

oi[n [ % opas)
< sup D; (nfu)

u<t

< [D[ (l’lﬁ_[l) + nﬁ_[t]
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Solution

(i) For the first inequality, we note that D; (n fot Bi(X" (s))ds) is the value of
the process D;(w) — w at the single point w = n fot B1(X"(s))ds, and so it is
less or equal to sup,, <, |D;(u)—u|. Next we see that w = n /Ot Bi(X"(s))ds <
ntB;, and so it follows that the D; (n fot Bl()_("(s))ds) < SUPy, i, |1 D1 () —
u| = sup, <, |Di(ntBy) — ntfi| = sup,, <, |Dy(ntpy)l-

(i) For the second inequality, we note that both D(u) and u are monotone
non-decreasing functions, and hence sup,, ., |D(u) —u| < D(t) +t.

Show that with
F(s(t) = [A(sk-1(D? = si()9) = (sx (1) = ka1 ()] PR
F is Lipschitz continuous, i.e. there exists M such that |F(x) — F(y)| <
Mlx - yl.
Solution

We use the norm:
lu — vi|
lu—v|= sup —
k=12.. k
under which the space of decreasing sequences is compact, and convergence
is equivalent to component-wise convergence. We have:

[A(ur—1 — ur) = (g — g1 — AWkt — Vi) — (Vk — Va1

|F(u) = F(v)| = sup

k=1,2,... k
Alug—1 — vi-1l Alug — vkl g — vkl
< Sup —————— 4 Sup ————+ sup ————+ sup
k=1,2,... k=1,2,... k=1,2,... k=1,2,..

<5lu-vl.

Complete the steps of the proof of Proposition 21.6.
Solution
We first check that substituting s} gives %sk(t) =0:

[ dk-1\d dka\d dk1 ak+l
A (/l d-1 ) —(/ld—l) _[/ld-l — A a1 ]
ak_g ak+l_g ak_i ak+l_y
A (,{ -1 — ] a1 ) — (,{ a1 — ] d-1 )
_ (/ld";:ld_'_l _ Azl’:1;(1+l) _ ( (iik:]] _ /151’;'_‘(1 )

dk-1 ak+l_y ak-1 dak+l_y

=[(AdT —Q a1 )—(ﬂd—l — a- )

Next, we show that if %sk(t) =0, k > lthen sg (1) = s7, k> 1.

[Uks1 — Ukt

k
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21.6

21.7

Load Balancing in the Supermarket Model

The added conditions apply X.;7; sx(f) < oo, and s¢(¢) > 0,50 we can sum
all the equations:

0= 3 (Askc1 ) = s = (51.(0) = 5001 (1))
k=1

= A(so()? = 5;()) = (s1(t) = 5541(1))
=21 -s51(2),

hence for the fixed point 51 (¢) = 1. We now proceed by induction:

Assuming s; (1) = /l%, i < k we need to evaluate sy, (f), where we use
the kth equation and %sk(t) =0:

d a1\ d ak_ind ak_
0=Lsi(r) :/l[(/lld—l ) - () ]— |1 = s

dt
and looking at the first derivation above, we get: 541 (f) = /ldtf—lfl .
Note that the condition s () = 0 for all # > 0 is necessary. Without it we get
that S(r) = {1, 1, ...} is also a fixed point.
For the supermarket model, under choose shortest of d, show that in the
limiting infinite server system (21.5) if we increase s;(0) for some j, this
will increase or leave unchanged s () for all # > 0 and all k.
Solution
Consider the n server system with states Si(7) at time 0. Assume we add
a single customer to a queue of length i — 1. We now couple the original
system to the system with the added customer, with state Sy (). We do
the coupling by uniformizing all events to a single Poisson process of rate
(A + I)n, and then choosing randomly if arrival or completion, and in the
case of completion, decrease queue if > 0 or have dummy event, but, exclude
the event of completion of the added customer. taking out one point from
a Poisson process, leaves it as a Poisson process. Then, for as long as that
new customer is in the system, the new system has one more customer in that
particular queue, but that implies that so S (¢) > Sk (¢) for all k and ¢ up
ot that time. Once it leaves the system we have equality S (f) = Sk (¢). This
holds for any n, and should also hold for the continuous s (7).
A formal proof is as follows: we see from d%sk (1) = /l(s,”{lf1 - SZ) —(Sk—Ske1
that %sk (#) is increasing or unchanged by increasing any s; (), j # k. This
means that the sequence sy () is quasimonotone. This implies that increasing
any component increases or leaves unchanged all others as proved inDeimling
(2006), pages 70-74.
In the proof of Proposition 21.7 show that M (0) < 1/AY/(d=1,
Solution
(1) Let m = ATT be the fixed point. Define M(t) = supy (sk (t)/ﬂk)l/dk
Then: M(t) < M(0).
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Proof Recall from above, that increasing s;(0) increases all s (z). For the
sequence sy (), consider the sequence that will be obtained by increasing all
components (including sg, to start with 5 (0) = M (O)dk k.

We show that 5 (0) is a fixed point of the differential equations (with perhaps
50(0) > 1:

Ak-1(0)7 = 5 (0)7) = (5£(0) = $x41(0))
1 [(M(0>d""nk_1)d - (M<0>dkm<)d] - [ MO 7 - MO 7

1 (M(o dipd M(O)d“‘n;j) - (M(O)dkﬂk — M) 7rk+|)

MO (Ariy — mx) = MO Ay = maen)
0

where in the last expression equality to 0 holds for each of the two terms.

Therefore 5 (¢) = M(O)dkﬂk for all ¢, so M (r) = M(0) for all r. However,
since 5 (0) > s¢(0) for all k, we also have 5 (¢) > s, (¢) for all k, ¢, and so
M(t) < M(r) = M(0) for all 7. O

(ii) So we have seen that M(r) < M(0). Let j be the smallest for which
57(0) = 0 (we assumed there is such a j). We then start from the smallest
non-zero, which is s;_1(0). Recall also that s < 1 (by definition), and that
A < 1 (by stability). Then:

M(©0) < (1/m; )4 < 1/aa
To see this:

M (0) = sup (s (1) /mi) 4" < supo<i<j(1/m) "
and

akoy 1/d" 1 JR B
) = dd-1 //ld"'(d—l).

() 4" = (/l -

1
but A4*@-1 < 1 and it is increasing in k. Hence, forall 0 < k < j — 1:

(m) 4 = /lﬁ//ld“ii*l) > (m)4 = /lﬁ//ldf“]wf” > AT,

‘We then have:
dk

se() < MO 1 < M(0) % my = A-7 ()ﬁM(O))
and we saw that 177 M(0) < 1, so:
sk(t)Sya"Bk, a:/lﬁM(O)<1, B=d=>2, y:/l_ﬁ.

(iii) If the system starts empty, then M (0) = 1 so sg(¢) < 7.
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21.8 Show that one can find an increasing sequence wy > 1 and > 0 that satisfy

(1 =8)wg —wi

< wi+
Whel = Wk 12 + 1)

so that this sequence is bounded by a geometric sequence.

Solution

‘We now construct an increasing sequence of wy starting withwg =0, w; = 1,
that satisfies this inequality. For the finite number of k such that A(27; +1) >

1’5’1 we take: Wi, = wi + (1_6)W+Wk", for the rest of k, with (27 + 1) <
2(1—5)Wk—2Wk 1

];’1 we take: wip1 = wi + = . We can choose ¢ small enough
that this sequence is increasing, and it is dominated by a geometric increasing
sequence.

To see the choice of §, note that for (27 + 1) < 1*’1

2 2
— _ 1- —_— < — < — )
(Wi = wi—1)( 6)1+/1—Wk+1 Wi < (W — wg 1)1+/l
21.9 Prove that
00 /ldk
lim L _ |
A—1 10g_ logd

and use this to prove Proposition 21.10 [Mitzenmacher|(1996)].

Solution

The proof of the limiting result is quite lengthy, it is given in Mitzenmacher
(2001), as Lemma 3.

We now use this limiting result to prove Proposition 21.10 . Let A = A1/(d=1)

Then:
dk d Zl ]/ldl
Wa(d) = Zﬂ = S
Hence:
g Wa@) _ o Wa)
1m m
71T W (Q) T a1logl/(1-2)

= lim Zl l/ldl
271 A4/d=-D Jog 1/(1 - Q)
= lim 25:1 /ld log 1/(1 - /i) 1
“ A/l log1/(1 = 2) log 1/(1 = 2) Ad/(@=D”

The last two terms tend to 1, and the first converges to 1/log d, by the above
result.

21.10 Show that the M/M/n-JSQ model can be described by a density dependent
Markov chain.
Solution
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Strictly speaking, this will only be the case if the arrival rate is An, which is
not the case for the Halfin-Whitt regime. If we make this assumption,

S§7%(t) = number of queues of length k, Transitions are +ey
st st

qx,x—ey =n(_k— k+1), k=1,2,...,
n n

Sn
qx,x+e; = n/l]l(# < 1),

st sn
Grvrer =ndl (=1, 2 <) k=23,
n n

21.11 For the M/M/n-JSQ model, prove that for the limiting system, the scaled
counts of the queues Sy (1), k > 3 are given by

i-k j

Sk(t) = (Sk(o) + Z %§k+j(0)) e’ 3<k<i,

J=1
Si(t) = 8i(0)e™"

Solution
The limiting equations for Sy (1), 3 < k < i are

t
50 =500 - [ (e =S (0))as. 2< k<,
0
t
50 =510 - [ Sitspas
0
For i we have:
d , A . A
ES[(I) = —S;(z), with boundary value S;(0),
which is solved by:
Si(1) = $i(0)e™
Next we have:
Sic1(t) = 8i1(0)e™ + S;(0)ze™
and it is then easily checked by induction that
d , A A A
ES"(t) = —Si(t) + Sg+1(2), with boundary value S (0)

is solved by

R R i—k j R
Sk (1) = (Sk(o) + ,Z::‘ %Skﬂ*(o))et
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21.12 Show thatif w (), W, (t) solve equations (21.28), then (w, wp) = (W1, o+
¢o(W1) solve equations (21.27), and show that if (w1, wy) solve equations
(21.27), then x1 = Yo(w1), u1 = po(w1), x2 = Yp(w2), us = pp(w) solve
equations (21.25).

Solution

Define the Skorohod reflection transformation: for y € D and a constant B, let
z be non-decreasing z(0) = 0, x(¢) = y(¢) — z(¢) < B,and 1(x < B)dz =0,
then the transformation is x = Y5 (y), z = ¢p(y), which is unique and
continuous.

Consider first the equations:

1) = br +y1(0) - /0 ($o(1(5)) = 0z (2(5) + B0 (i1 (5))) ) s,

#2(t) = b + 52(1) - /0 U (2(5) + 6o (71 (s))) ds,

and let (W1, W) be their solution.
Let (Wi, wa) = (W1, W + ¢do(W1). Then we first show that (wy, w;) solve the
equations:

wi(1) = by +y1(0) —/0 Wolw1(s)) = W (wa(s))) ds,

Wa(1) = ba + a(1) + do(wi (1)) - /0 w5 (wa(s))ds.
Proof
Into wa(t) = by + F2(1) + o (w1 (2)) — /o wp(wa(s))ds,

Substitute (w1, wa) = (W1, Wa + ¢o(W1),

B2(1) + Go(1(1)) = by + 52(8) + o (91 (1)) /0 W (92(s) + do(1 (5)))ds,

or wa(t) = by + $2(t) — /0 Y (Wa(s) + do(W1(s)))ds, as required.

nto w1 (1) = by + y1 (1) - /0 Wo(wi () — s (wa(s)) ds,

Substitute (w1, wy) = (Wi, wa + do(W1),

W1(1) = by +y1(y) — /0 (lpo(wl(s)) — g (Wa(s) + ¢0(W1(s))))ds, as required.
O

Let (wy,w7) be the solutions of the second set of equations. Let x; =
Yo(wy), uy = ¢()(W1), xp = Yp(wy), up = ¢p(wy). We next show that
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(x1,%2) solve the equations:
x1(1) = by +y1(1) - /0 (x1(5) = x2(5)) ds — w1 (1),
xa(t) = b + 5(1) - /Otm(s)ds bur (1) — (1),
0= /Ot]l(xl(s) < 0)duy (s),
0= /Ot]l(m(s) < B)duy(s),

X](t)SO, Oﬁxz(t)SB, tZO’

Proof

Into x1(¢) = by + y1(¢) — /Ot(xl(s) —x2(s))ds —ui (1),

Substitute x1 = o (w1), uy = do(w1), x2 =Yg (w2),

Yo(wi(1)) = b1 +y:1(1) - /Ot (llfo(wl(s)) - l!fB(Wz(S)))dS — ¢o(w1(1))
and using wy (1) = Yo (w1 (1)) + do(w1 (1))

we get wi (1) = by +y(¢) — ‘/0 (lfxo(wl(s)) - (,Z/B(wz(s))) ds as required.

Into x2(7) = by + §2(1) — /Otxz(s)ds +u (1) —ua(1),

Substitute xp = Y g(w2), uy = go(w1), ur = $pp(wa),

Yyp(wa(1)) = by + 52(1) - /Ot Y (wa(s))ds + ¢o(wi (1)) — pp(wa(1))

and using wo (1) = Y g(w2(1)) + pp(wi (1))

we get wa (1) = by + J2(2) + o (w1 (7)) — /Ot Yp(wa(s))ds, as required.
u!

21.13 For the M/M/n-JSQ model, show that the transformation:
t
Ty (w1, W2)) = b1 +y1(2) — /0 Wo(w1(s)) — s (W2(s)) — do(W1(s))) ds,
t
T5(91,2)) = ba + 5 (1) - /0 (W5 (72(5)) = o1 ())) ds,

is a contraction mapping from D? to D?.
Solution
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By standard estimates,
171 (W) = T (D], < 5t||w =3l
1T2(W) = T2 (D) || < 3t — 3]s,

so for #p < 1/5 this is a contraction mapping, so the solution exists and
is unique for the interval [0,#y]. By the same argument it is unique for

t € [10,2t9], [2t9, 3t0], . . ., sO it exists and is unique for all # > 0.
21.14 Show that under Halfin-Whitt heavy traffic staffing, with choose shortest of
logn

d policy, the stationary average sojourn time grows like .
policy. 1 y average sojourn ime grow 2logd

Solution
We use Proposition 21.10 by whichas 1 7 1:

Wd(/ln) ~ IOg Wl (/111)/ logd
and substitute
Wi(4,) =1/(1=2,) = 1/(1 = (1 = B/ n)) = Vn/B

SO
logn

Wa(ta) ~log(Va/B)/ logd ~ 577,

and by E(W™) — W, the proposition follows.
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Parallel Servers with Skill Based Routing

Exercises

22.1 Forstates = (S1,n1,...,S8i ni, Si+1, - . .,Sy) of the PSS system under FCFS-
ALIS, write all the transitions out of state s and their transition rates [[Adan
and Weiss| (2014); Visschers et al. (2012)].
Solution
Denote:

U(SL,...,S;,8) #0,
0 US,....S;,8) =0.
(i) Arrival of customer that joins the queue:
q(s = (St,....Si,ni + 1, Sis1, ... 87)) = Aus,,...s0)

(ii) Arrival of customer of type that activates idle server S; where i < j <
J:

q(s = (St,. .., 86,1, Sk, 0, Sivts o3 Sk=1 Skt s - -557)) = AC(SO\C(Sem

(iii) Completion of service by server §; where 1 < j < i that becomes idle:
q(s = (St,....8j-1,nj_1+nj, Sj1 ..., Sini, Sj, Sivts -, Sy))
= ps; 07 (S -+ 6:(S;)".

(iv) Completion of service by server S;, which immediately starts service
of customer / among the ny customers between S and S, where
J<k<iandl <[ < ng:

q(S - (S], A ,Sj_1,nj_| +n_,~,SA,-+1 .. .,Sk,l - 1,Sj,
ne =1, Skt o5 Sioniy Sj, Sivts .., S7))
= s, 0;(S)" -6 (S)' 71 = 61(8))).

22.2 (continued) For state s = (S, n1,...,S: ni, Si+1,...,S7), write all the pos-
sible transition into this state, and find their transition rates.

229
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Solution
Denote:
Aus,,....s;)
— US1,...,S8;,8) #0,
0;(8) =9 Aus,...s;.9) !
0 U, ....S;,5)=0.
(i) Transition due to a departure, where a server becomes idle, as illustrated

(i)

in Fig.

idley (s)

oo%% ocTo

|

Omoﬁry(xgoioﬁiicii6:5EMImlﬂ

me—1

Figure 22.1 Transition from state idley ;($) to state s

The state from which the transition is made:
idleri(s) = (St,nt, ..., Sk, nk—=0 Sivts L, Skt -+, Sivnin Sivas -0, Sy,

and the transition probability, conditional on service completion by
server Sii1, 1S

Pra(8) = 6k (Six1) 1 (Sixt) ™ .8 (Sex)™, k2 1,1=0,... 1,
P0,0(5) = p1,n, (5).

Transition in which a customer departs, and the server starts a new
service, as illustrated in figure.[22.2]
The originating state is

swapk’l’j(s) = (Sl,nl, .. .,Sk,nk—l,Sj,l,. ..,Sj,l,nj,1+1+nj,Sj+1, .. .,SJ),

and the transition probability, conditional on service completion by
server M, is

.1.j(5) = 6k (S)) Srar (S .. 8,1 ()" (1= 6;-1(5))
=2 <k<jl=0,. .. n,

q0,0,; (%) = q1.n,,5(9),

qo,0,1(s) = 1.
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swapy;(s)
e

---ooo?>o o'o 000 o'

"/1

---onio o'o o'o ooo o' ' '

Figure 22.2 Transition from state swapy ;,;(s) to state s.

(iii) Transition in which an arrival joins the queue. The originating state is
wait(s) = (My,ny,...,...,My,ni —1,Miy,...,My), n; >0,

and the transition rate is Aq/((amr,,...,M;})-
(iv) Transition in which an arrival activates an idle server, as illustrated in
figure [22.3

activatey(s)
nj—1

Figure 22.3 Transition from state activatey (s) to state s.

The originating state is
activater(s) = (St,n1, ..o, Sic1, i1, Sists -+ Sk=1, 86, Sk, .., S7)s

and the transition rate is d¢(s;)\c({Sy.....s,p) for k =i+1,...,J, and
in the case that S is activated, we use the convention that k = J + 1,
and the rate is A¢(s,)-
22.3 (continued) Write down the partial balance equations for the four type of
balanced transitions.
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Solution
Define the sum of all transition rates in which a server completes service and
becomes idle,
i ng
Ps.(5) = D> prals)midler(9)) + piw (s)(idleqo(s)),

k=1 1=0
and the sum of transition rates in which a server completes service and moves
on to become the jth active server.

k

j-l n
ZZQk,l,j(5)7T(Swapk,1,j(5))+
k=1 1=0

Qs; (s) = +q0.0,m(swapoo (s), i US),....S;}) #0,

0, otherwise.

Four types of partial balance need to be verified. In these four categories of

transitions, we have transitions out of state s on the left, balanced against

transitions into state $ on the right.

(1) The total probability flux out of state s due to an arrival that activates
a server equals the total probability flux into state s due to a departure
which idles a server:

/lC({S,-,,, ----- Sy })ﬂ(s) = HSin PSM (%) (22.1)

(ii) The total probability flux out of state s, due to an arrival that joins the
queue, equals the total probability flux into state s, due to a departure
which is followed by another start of service (so that the set of idle servers
is unchanged):

i
A (s...sp7(8) = D s, Qs, (5). (222)
J=1

(iii) The total probability flux out of state s in which n; = 0 due to a
departure, equals the total probability flux into state s, due to an arrival of
a customer which activates server S;:

k=i+1
+Ac(sym(activate j.1(9)), n;=0. (22.3)

(iv) The total probability flux out of state s in which n; > 0 due to a
departure, equals the total probability flux into state s, due to an arrival of
a customer which joins the queue:

sy, ..., Si}n(s) = Adus,..., Si})n(wait(s)), n; >0. (22.4)
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224 (continued) Verify that the proposed stationary distribution (22.2) satisfies
the four partial balance equations.
Solution
We consider the state s = (S1,ny,...,S;, 1, Si+1,...,57), so the permuta-
tion is Sy, ..., Sy, the number busy is i, and we denote a; = Adqs, .., ;)
bj=us,,.., S;»J = I,...,i,and ¢ = /1C(sj s;,J=i+1,...,J. Denote
alsoajs = Adus,,....s;.s), bjs =bj+us.,
Accordingly, the presumed expressions for the various states are:

,,,,,

I

.’
Cj

n(s) =B ﬁ
j=1

1 bk ! ak.S.: !
n(idlekl(s)) = 71'(5) by s (bk s ) ( ‘;k”l )
i+l i+l

i ni+l n;
bj ! aj,Sin ’
l_[ b Ci+l,
7t S aj

J=k+1
by

nj
a.

J
nj+l
b

J

Jj=i+l

n(idleg(s)) = n(idley n, (5))

i+l

1 b\ (aks,
n(swapklr(s)):”(s)bk+#s (bk + s ) ( Ak )

r=1 nj+l n;
(5] () s
r=1,8,
bj+ﬂ5r a;

J=k+1

recall that 6;(S) = CZ—"S, to get that:

Pi1(8) = 0k (Six) Skt (Six)™ ... 6:(Siv1)™

I n;
B ( » ) l_[ ( aj ) j
ak’SiH j=k+l aj,S,'+1

p0,0(5) = pl,nl (5)9
Qi1 (8) = 0k (S) Skt (Sr)™ L. 821 (S,)" (1= 8,-1(S7))

[ r-1 P
- - 5
ak,sr j=k+1 a,],sr ar—l,S,

q0,0,;(8) =qin,j(s), Jj>1, qo,0,1(5) = 1
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so that:

pri(s)n(idley(s)) = n(s)

] ( bk )l ﬁ ( b] )nj+l
= Ci+ls
bk + iuSH-l bk + HSHI j=k+1 b] + /’lSHl

Gk, (8)m(swappir(s)) = n(s)

[ r—1 ni+l
1 bk ) ( bj ) J
—_— (ar-1,5, —ar-1)
Dy + s, (bk + Us, jl:L bj+pus,

We are now ready to verify (i) and (ii):
(i) We need to verify:

AC({SHI ----- Sy })”(5) = HSin PSH—] ().

‘We need to show that:

.....

N (2 )’ i (-2 )‘
=1 1=0 bi+ ps,,, \bi + pis,,, j=k+1 bj+/lSi+1

i nj+1
bj )’
+ _— )
B (bj + s

i+1

This is in fact correct, since we have here the sum of probabilities of a

sequence of Bernoulli trials, with success probabilities Sx = b:fl‘;*g‘ , for the
<S04

nk4+1 attempts, k =i,i — 1,...,1, and in the last attempt we count both the
probability of success and of failure.

(i) We need to show:

J=
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That is:

1= 3" [us, (Ui, ..., Sp) #0)
r=1

r—1 ng

D23 ki ($)n(swapi i, ()

k=1 1=0

- Z1(W(s1,...,sr) #0)
r=1

1

r—1 ng I r- nj+l
IZ(:‘bk+,uS, (bk+,us,) nl(b +HS,)

k=1 j=k+

1

Lr nj+l
+ is, —aret) [ Acs,
Zb1+/.ls (b1+,us ) ,z(b oy ) (ar-1,s, —ar 1)/ C({Sis1sesSs )

The expressions inside the square brackets in the last line add up to 1, as for
(i). What is left to show is:

i
Z 1(U(s1,...,Sr) #0)(a,-1,s, — dr—l)//lC({s,-+l ..... )
r=1
i
= Z L(U(st,....8) #0)(Aays,,....s, — Au(s,....So //1(?({5,-+l ..... )

AC({SirnnnSs )

=1.

(iii)) When n; = 0 we have that

ﬂ'(activatek(s)) = ”(Slynl’ .o 3Si—lyni—19Si+19 s 9Sk—ly Siy Sk, v aSJ)
k-1

. Ac(s;,....8
=71'(5) lusl ,,,,, Y 1—[ ( j )
AC(Sk,osSys) T ACSH\C(SkrensS) it Ac(s;....8,) HAC(SH\C(S;.....87)
We wish to verify:
J
His,,....s)7(8) = Z AC(SHO\C({Sk,....s, W (activater(s))
k=i+1

+A¢ sy m(activateji1(s)),
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So we need to show:

J k=1
1= AC(SO\C({Sko-8s ) AC(S;....51)
151 AC(SkesS) FACSNC(SinSa) iy ACS)nS0) FACSINC(S; e
. 1—1 Acs;.....s))
jmint ACS S0 FACSINC(S)00080)

Denote: [; = A¢(s,,....s;) and I.; = Adcs)\c(s;.....s,)- We rewrite the sum
of products by rearranging the terms and get:

Liv1
Liv1+li41
li+l ( l—\i+2
Liv1+loiv Lisa+loiva
li+2 ( lﬁi+3
Lo+l Liv3tloivs

li+3 (
lia+lois3

Ly ,
L+
Ik
Ry lk+l k (
Ly
Ly+l-y

ly
+l_/+l_/ ))

Itis now seen immediately that the sum within each of the nested parentheses
is 1, verifying the balance equation. (iv) when n; > 0, we have:

n(wait(s) :ﬂ(s)M-
AU(s,,....5)
which verifies:
H(Sy,...57(8) = Ay (ysy,....sip T (wait(s)), > 0.

(continued) Calculate the normalizing constant B given by (22.3).
Solution
We start from

Aq(is,,...s;n™
a(S,n1, ..., 850,81, ... SJ)—B]_[ 1 jnJH l_[/lC({s sop”

j=1 Hisis..s S} J=i+l

For fixed Si,...,S7 and i, we obtain adding over n; = 0,1,... for j =
1,...,i:

i
F(Sl,',.--,Si,~,Si+1,---,SJ)=Bl—[(,usl ..... L= Adus,,..., s,)) l_[/IC({s, sy

Jj=i+l
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and the expression for B follows.

22.6 Use the distributional form of Little’s law to prove Theorem 22.3 [[Visschers
et al. (2012)].
Solution
We note that customers of type c arrive in a Poisson stream, their arrival has
no influence on future arrivals and on service times of previous arrivals, and
they leave in the same order as they arrived. These are exactly the conditions
for the distributional form of Littles’s law. Hence we have that the LST of
the waiting time of type ¢ customers until entry to service can be obtained
from the generating function of the number of waiting customers of type c.
That is E(e 1t We(1-2) = E(ZNe), where A is the arrival rate, W, the waiting
time, and N, the number of type ¢ customers in the system. Equivalently,

Nc
and useful here: E(e=We) = E((ﬂ) ). Note that W, does not include

1o

the actual service time, since N, only counts waiting customers.
The following calculations are done conditionally on the permutation Sy, ..., Sy
with Si41,...,S5; idle. Form the conditional stationary distribution we see
the variables N;, the number of customers between the j and j + 1 server,
are independent, and N; ., those of type ¢, where ¢ € U(Sy,...,S;) are
binomial:
N; ~ Geometricy (l - /m) , N¢,; ~ Binomial (N,-, /l—c) .

HSy.....8; Au(s,,....s))

If N is geometric with parameter «, and M conditional on N is binomial with
parameters (N, 6) then:

_ (20 5
T-a(1-0
E(z") = Za
T Tma(-0)¢
i.e. M is itself a geometric random variable, with parameter #{’_9) (prob-
ability of failure). Substituting we get the parameter for N, ;:
Ac
Ne,j =
Hsy,...8; — AuUsy,...s;) T Ae
and therefore,
i 1= e ;
C,
E(z"V[S1.....8;) = l—[ 1—J
j=1 —MNe,j
ceU{St,.... 5}
We now have for each of the internal waiting times
1_776,/'
N ; ——led
A. — 5 1-— . o c
E(e*SW("j) = E[( ¢ S) ] = nC/,lj_ = ] M.
Ae 1_773»jjl_cs ﬂ/lc+s

Ne.j
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which is an exponential random variable, with parameter:

1 —Ne,j
Ne,j

The theorem follows.
22.7 Use equation (22.4) to obtain expressions for the first and second moment of
the waiting time.
Solution
Recall equation (22.4)

Ae = ps,....s; = AUS,,....s))

ew.(s) =E(e") = Zn(SI, eees Sy Sints oo, Sp)

P(7) i=0
IL[ H(S....S;) — AUUS).....8;))
j= H(S1nS) = AUS 8 T8
ceU{S,..., S;hH

We need to obtain E(W,) = d;S"W (s)] and E(W,) = dvz ow, (s)

However, recall that each of the expressions 1n51de the summation is the LST
of the sum of independent exponential random variables. Hence:

E(We)= ) Zn(sl, voees Sty Sists e S1)

P(J) i=0

1
Z (H(S10eess} = AUS s D)
cE'U({Sl ----- Si})

For the secon moment it is still easier to calculate the second derivative:

E(WZ)—ZZR'(S],,... Siy s Sivls 5 S7)

P(J) i=0
: 2
Z (2 (1151051 = A(51050)
=1
C € W({Sl,.. ,Sj})
-1 -1
+ » (M1 oS} = AUS s D) (S S} — AUS S D))
k#j
ceU|s,..., Sk}
22.8 For the infinite bipartite matching model, show that matching of st
and ¢!, ¢?, ... is unique, and if each type occurs infinitely often it matches

all customers and servers [[Adan and Weiss (2012)].
Solution
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Proposition 22.1. For every M, N there exists a full FCFS matching, and it
is unique

Proof We prove this by inductionon M, N.For (M, N) = (1, 1),if (¢!, s!) €
G,then A = {(1,1)}, else A = 0. Clearly this is a full FCFS (1, 1) matching,
and it is unique.

To prove existence, assume that a unique full FCFS matching exists for
(M, N), denoted by A. We will show how to extend it to (M, N + 1). The
extension to (M + 1, N) is analogous. We consider s™*! and define

ip=argmin{i : 1 <i<M,i¢Ae (c',sN*!) e G},

if the set on the right hand side is not empty, and let A = A U {(io, N + 1)}
Else, if the set is empty, let A = A. It is immediate to see that A is full and
FCFS: it is full, since the added s™¥*! is either matched or has no match, and
to check that it is FCFS, we need to check the condition only for sV*!, but
all ¢! compatible with N+ with i < io are matched to one of s!, ..., sV, so
the condition holds.

To prove uniqueness, assume that for all (M’, N’) with M’ < M, N’ < N
or M' < M, N’ < N there is a unique full FCFS matching, and consider
M, N. Assume that there are two full FCFS (M, N) matchings and denote
them by A, B. Define A by removing sV, and if (i, N) € A for some i, then
A = A\{(i, N)}. It is immediate to see that A is a full FCFS matching on
(M,N - 1): If s was not matched in A, then A and A consist of the same
pairs, so there is nothing to show, and if (i, N) € A, then after removal of
sN, customer ¢ cannot have any match, since it was previously matched to
sV, and so there is no earlier unmatched server that is compatible with it.
Define B analogously. By the induction hypothesis, since both A and B are
(M, N —1) full FCFS matchings, they must coincide, so A = B. It remains to
consider pairs (i, N) € G, and see that the same ones appear in A and B, to
show that A = B, and prove the uniqueness. If s has no match in either A
or B, there is nothing more to show, A = B. Assume that (i}, N) € A. If s’V
has no match in B, then ¢'' is unmatched, which contradicts the fact that B
is full. If (i, N) € B, and i; # i, then we have a contradiction to the FCFS
property. Hence A = B is proved.

That every item is matched if there are infinitely many of each type follows
since if s” is the earliest not matched up to (M, N), let ¢’ be earliest with
m > M that can match it, which exists by assumprion. Then the full match
(m, N) will include the match for s,,. m]

Show that the three conditions of the CRP definition (22.5) are equivalent.
Solution
We wish to show that the following conditions for complete resource pooling
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(CRP)

() Bs(c) > ac, (i) ac(s) > Bs, (i) Bs > au(s),

are equivalent.
These conditions essentially say that there is enough service capacity to
serve every subset of customer types, and enough service demand to keep
each subset of the servers fully occupied. In particular, for every subset of
servers there is enough service capacity to serve the unique customers of this
subset. We now prove the equivalence: Consider any C # 0,C, S # 0, S.
Assume (i). We have S(U(S)) = S,s0 Bs = Bs(wu(s)) > @wu(s) Which proves
that (i)==(iii). Next, assume (iii). 1 - Bs = g > Y3 = Yeis) = I-ac(s),
which proves (iii)==(ii). So we have shown that (i)==(ii). But the roles of
5j» Bs; and of ¢;, @, are completely interchangeable. Hence (i))= (i) follows
from (i)=(ii).

22.10 Write down the first 7 states of the processes Y (n) and Z(n), for the matching
in Figure 22.2.
Solution
We recall the figure:

© €y
g gP‘@-‘Qg

For Y (n):

V(1) = (52,52, 1), Y(2) = (52,52, €1, 1), Y (3) = (52,52, 1, Ca, 52, 1),
?(4) = (82, €1, C4, 52,C1), ?(5) = (s2,¢1), ?(6) =0, ?(7) =0.

For Z(n):

Z(1) = (c1322), Z(2) = (c1,c4352,82), Z(3) = (c4, €13 52, 52, 1)
Zo(4) = (¢, $2; 82, C1, C4), 2(5) = (¢, 52, 825 82), 2(6) =0, Zo(7) =0.

22.11 For the infinite bipartite matching model, show that X (n) = (x1,...,xL)
is a possible state of the process X if and only if: forany 1 < k <[l < L,
if xx = ¢; and x; = §; then (¢;,s;) ¢ G with a similar characterization for
possible states of Y and Z [Adan et al. (2018b)].

Solution

Proof of only if: Assume that 1 < k <1 < L, if x; = ¢; and x; = §; and that
(ci,§;) € G. Then we could have had the earlier match between these two,
which contradicts FCFS.

Proof of if> Assume we have a state X(N) = xi,...,xz. Assume in this
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sequence all the matched and exchanged servers are in positions m; < my <

- < mg, and they are §y,...,5k. Consider the sequences: c!,...,cL,

st,. . 5K, where s/ =5, =1...,K,and ¢ =x;,i ¢ (my,...,mg),
and ¢™ =cj, j=1,...,K, where (§,c;) € G. For this initial state of the
sequences, under server by server scheduling, by the condition of if, s' = 5
is incompatible with x1, ..., X, —1 and will match FCFS with ¢™ = ¢y, etc.
so for this initial sequence, )o((K) =X{,...,XL.

22.12 Show how to construct Z(n) from X (n) and ¥ (n), and show that if Z(n) =
((x15...5xL), Y15+ .,yK)) then (x1,...,xL, Yk, ..., y1) is a possible state
of X(n).
Solution o o
Let X(N) = (X, ...,zN,...,sN), Y(N) = (s&,...,wN,...,éM), Then:
ZN) = ((cX,...,z2Y), (s, ..., w™N)). To see this, note that in server by
server matching up to N, what we do to the original c!,...,c" is that we
match all ¢, n < N that could be matched by servers up to N, but no others,
which gives us (¢, ...,z"), and in customer by customer matching up to
N, what we do to the original st .., s is that we match all s", n < N
that could be matched by customers up to N, but no others, which gives us
(sM, ..., wh).
Consider Z(n) = ((x1,...,x.), (¥1,...,Yk)), then (x1,...,xz) is a begin-
ning of X(N), and (y1, ..., yk) is a beginning of ¥ (N). So for any u < v:
(i) for x,, = ¢;, x, = §; then (¢;, §;) ¢ G, as part of )c((N).
(ii) for y, = s;, y, = C; then (s,¢;) ¢ G, as part of ?(N).
(iii) for xx = ¢;, y1 = s, then (c;, s;) & G, by definition of Z(N).
This implies that in all cases, for any u < v if the u item and the v item
in (x1,...,XL,YK,--.,Y1) are a customer and server respectively, then they
must be incompatible, so it is a possible state of X (N).

22.13 Prove the subadditivity property of FCFS matching, Proposition 22.11.

Solution

We prove first that if in the FCFS matching of A = (c',...,c™) with
B = (sl, oSN ) there are K unmatched customers and L unmatched servers,
then in the FCFS matching of Ael, o eM with s, ..., sV there are no

more than K+ 1 unmatched customers and no more than L unmatched servers.
In the matching of (c(’, A) and B, if ¢Y has no match, then all the other links
in the matching are the same as in the matching of A and B, so the total
number of unmatched customers is K + 1 and unmatched servers is L. If ¢ is
matched to s and s” is unmatched in the matching of A and B, then (co, s™)
is a new link and all the other links in the matching of (c°, A) and B are the
same as in the matching of A, B, so the total number of unmatched customers
is K and unmatched servers is L — 1.

If ¢ is matched to s™ and s was matched to ¢ in the A, B matching,
then (co, s™) is a new link, and the link (s, ¢™) in the A, B matching is
disrupted. We now look for a match for ¢ in the matching of (c?, A) and
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B. Clearly, ¢ is not matched to any of st J < ny, since in the construction
of the A, B matching ¢ was not matched to any of those. So ¢ will either
remain unmatched, or it will be matched to some s"2, where ny > n;. In
the former case, all the links of the A, B matching except (s™', ¢"™') remain
unchanged in the (co, A) and B matching, and so the numbers of unmatched
items remain K + 1 and L. In the latter case, there are again two possibilities:
If s is unmatched in the A, B matching, then the (%, A),B matching will
have disrupted one link and added 2 links retaining all other links of the A, B
matching, so the numbers of unmatched items are K and L — 1. If s™ is
matched to ¢ in the A, B matching, then the link s"2, ¢"* is disrupted, and
we now look for a match for ¢ in the (co, A), B matching. Similar to ¢,
either ¢ remains unmatched, resulting in K + 1 and L unmatched items
in the (¢, A), B matching, or, by the same argument as before, ¢ will be
matched to s"3, where n3 > nj. Repeating these arguments for any additional
disrupted links, we conclude that we either end up with one more link, so the
number of unmatched items are K and L — 1, or we have the same number
of links and the number of unmatched items are K + 1 and L.

We now consider matching of A’ with B’, of A”” with B”, and of A’A”’ with
B’B’”’. Assume in the matching of A’ with B that ¢!,...,cX and s',...,s"
are unmatched. The number of unmatched in A’A”” with B’B”’ is the same
as in the match of (cl, ..., cK), A" with (sl, ...,s%), B”. We now add them
one by one, from last to first, and by the proof above, at each step the number
of unmatched either remains the same, or it decreases by 1 for both customers
and servers.

22.14 Prove the monotonicity result of Proposition 22.12.

Solution

proof: This follows directly from the subadditivity. Consider the blocks of
customers 0 < n < My and the block My+1 < n < M;. The second block is
perfectly matched so it has 0 unmatched. So the union of the two blocks has
no more unmatched than the first block, and thatmeans No > Ny, and by the
same argument N1 > N, etc.

22.15 For an incompatible pair (cO, so), construct (%, ¢!, ..., ¢l s0, st ..., sh),
that are perfectly matched by FCFS, and find a lower bound for the probability
of such a sequence, to prove Proposition 22.13.

Solution

proof: Because the bipartite graph is connected, and there is no direct edge
between ¢?, s0, there exists a simple path (i.e. with no repeated nodes),
> sj >y o sy, > ¢, — s which connects them, with 1 < 7 <
min{/,J} — 1. Clearly, the FCFS matching of ¢%,¢c!,...,¢c", 5% s!, ..., s",
where ¢! = Cifs st = sj, I =1,..., his perfect, with exactly the links of the
path, where ¢ is matched to s, and s is matched to ¢”. Note that FCFS
matching of el e st sh consists of perfectly matched blocks of
length one.
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22.16 Show that the exchange transformation on a perfectly matched block will
retain the same links if we now do FCFS in reversed time, as stated in
Proposition (22.16).

Solution
A necessary and sufficient condition for FCFS perfect matching of a block is
that:
(i) If ¢ = ¢’ and s" = s’ are matched then for all / < n If 5! = s”
is compatible with ¢’ then we cannot have s’ matched with ¢X where
k > m.
(i) If ¢" = ¢’ and s™ = s’ are matched then for all [ < n If ¢! = ¢”
is compatible with s’ then we cannot have ¢! matched with s where
k > m.
But then when we do the exchange transformation we get that these conditions
now hold for the match ¢ = ¢’ with §™ = s’. The proof for condition (i) is
illustrated in the following figure:

m k
szgnch Slzgk:s”
Snzgmzs/ @ @ Ck:EIZC”
I n (c',s"eG (c',s"eg

22.17 Prove the uniqueness theorem, 22.18 for the ridesharing model [Adan et al.
(2018a)].
Solution
The proof is very similar to the proof of Theorem 22.5 for the symmet-
ric bipartite matching system. There is subadditivity, monotonicity, forward
coupling and backward coupling. Details are in|Adan et al.|(2018a)

22.18 Prove the time reversal theorem, 22.19 for the ridesharing model.
Solution
The proof is very similar to the proof of Theorem 22.7, for the symmetric
bipartite matching system. The somewhat surprising part of the theorem is
that time reversal leaves unmatched servers in their place, unmatched. For
the proof one shows that the exchange transformation of a perfectly matched
block gives the same links for directed FCFS in the reversed time direction,
and that the probability of a perfectly matched block equals that of the
reversed block. Next one regards the conditional process, conditioned on
being empty at time 0. One then has that this process of perfectly matched
blocks has the reversal property. Therefore, by uniqueness of Palm measure
the reversal theorem also holds for the unconditional system. Details are in
Adan et al.|(2018a).
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22.19 Verify the Bernoulli type stationary distributions, Theorem 22.20 for the
ridesharing model [Weiss|(2020)].
Solution
The proof is similar to the proof of Theorem 22.9, for the symmetric bipar-
tite matching system. One defines the detailed matching Markov chain that
includes the list of unmatched and of matched and exchanged items in the
sequence. By the reversal theorem we then have both the forward and the
backward transition rates, and on can then use Kelly’s Lemma to verify that
the stationary distribution is multi-Bernoulli. An important part in the proof
is the characterization of the possible states. Details are in Weiss| (2020).

22.20 Prove the ergodicity condition of (22.21) and verify equations (22.14)—
(22.17) [Weiss| (2020)].
Solution
For details for these calculations see [Weiss (2020).

22.21 The following table has data for a system with 3 types of customers and 3
types of servers. Calculate matching rates, and provide designs for ED with
W =1, for QD with T = 0.5, and for QED, for 4 = 20, 50, 100, 200 and
simulate the systems to evaluate the performance [Adan et al.[(2019)].

Example — System and Data

24 514 32

@@

&) & ®

Patience time distributions Service time distributions

H; GCi,Sj c1 2 c3
cl Exp(0.1) S Pareto(2,3)  Exp(0.125)
c) U(0,10) 57 Exp(0.2) U2, 6)
c3 Exp(0.2) 53 Pareto(3, 3) U, 5)

Only the mean service times are used by the design algorithms. The full
distributions are used in the simulations.

Resource allocation design parameters are: B, = 0.3, 5, = 0.3, 85, =0.4.
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